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ABSTRACT

Fitri Amalia
04212310005
fitri.amalia@uiii.ac.id
MA in Education
Universitas Islam Internasional Indonesia

Self-assessment as a learning strategy offers many benefits, particularly for
university students. However, the accuracy of student self-assessment is often debated,
which in turn makes peer and teacher assessments often used as comparison tools and
standards in determining the accuracy aspect of self-assessment. However, peer and teacher
assessments are not immune to bias and inaccuracy. In addition, the forms of rating
behavior that arise from students when evaluating self-assessment, as well as the tendency
of the practices they adopt, are not well explored, especially in the Indonesian context.
Therefore, employing non-experimental quantitative research with a cross-sectional
design, this study aims to investigate the practice of self-assessment performed by
undergraduate students, explore the forms of rating behavior that arise from self-, peer, and
teacher assessments, and explore trends in self-assessment practices implemented by
students. Through the Many-Facet Rasch Model (MFRM) approach, the study also aimed
to evaluate the psychometric properties of the Self-Assessment Practice Scale (SaPS)
instrument adapted to meet the needs of peer and teacher assessors. A total of 2057
responses were collected from the participants, consisting of 31 students from the English
Education Program who enrolled in the English Literature course, and a lecturer who taught
the course. The data were analyzed using the FACETS computer software program. The
results of this study showed that the SaPS had good psychometric properties after being
adapted for use by peers and teachers. Then, the analysis found that most students are
biased towards underestimating their own abilities. Furthermore, lecturer ratings were
found to be more lenient than self- and peer-ratings. In addition, the study showed that
items from the SEFI (Seeking External Feedback through Inquiry) dimension were most
difficult to agree with, indicating that students tend to be reluctant to seek external
feedback. This research highlights the importance of improving students' feedback literacy
to maximize the benefits of self-assessment practices, which in turn affect self-regulation
and ultimately impact lifelong learning.

Keywords: self-assessment, higher education, many-facet Rasch measurement,
rater factors, self-assessment practice scale (SaPS), feedback literacy.
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CHAPTER ONE
INTRODUCTION

“Assessment can contribute to learning, or it can hinder the learning, depending on
how the assessment is designed and implemented in a particular learning environment.
[...] Making assessment act as leverage to facilitate student learning is not only a desirable
practice in classrooms but also an important goal of global assessment reforms.” (Yan &

Yang, 2022, p.1)

1.1 Background

“Why bother with students’ self-assessment when it is the teacher’s role to evaluate
them?” This is a common question that may arise upon first encountering the term
“self-assessment”. Such a reaction reflects the traditional paradigm of educational
assessment, where assessment is associated with a summative task that serves a
specific function, namely to test students' knowledge at the end of the learning
(Schuwirth & Van Der Vleuten, 2011). However, studies have shown that assessment
no longer serves as a mere testing purpose; it has become an internal part of the
learning process itself (Alemdag & Narciss, 2025; Yan & Yang, 2022). Therefore, just
as assessment plays an important role in examining the extent to which students learn,
it is believed to also act as a learning strategy for students themselves.

Until recently, the most popular form of examination practice in higher education
is assessment of learning (AoL) (Zulfikar, 2018). In this approach, students'
knowledge is assessed after the learning process concludes, typically at the end of a
course or module, using summative instead of formative feedback. Although AoL can,
in principle, target either knowledge or competence, in practice, it often prioritizes
knowledge recall over skill development. Consequently, it provides limited impact on
students’ motivation and few opportunities to improve their performance, rendering it
inadequate for equipping students with future-relevant lifelong learning (Boud &
Falchikov, 2007; Ehlers, 2013).

Further, the assessment for learning (AfL) approach began to gain recognition.
The Assessment for Learning (AfL) approach offers a more advanced view by making
assessment an integral part of the learning process itself (Ehlers, 2013). Here, teachers
are at the center point of implementing interventions through assessments, where
students are not only the subject of assessment, but also the direct beneficiaries of the
assessment (Schuwirth & Van Der Vleuten, 2011; Wiliam, 2011). Rather than simply

measuring the knowledge, the aim is to increase students' motivation to learn and



support the development of their overall competencies and performance (Stiggins,
2008). However, with the shift towards more self-directed learning (Ehlers, 2020;
Ehlers & Eigbrecht, 2024), there is a need to go beyond AfL as the standard practice
of assessment in higher education and start adopting the Assessment as Learning
(AaL) approach.

In contrast to traditional assessment approaches, through direct engagement in
assessment tasks, Aal. encourages students to acquire new knowledge or further
develop their competencies (Yan & Boud, 2022). Instead of being considered just an
evaluation method, Yan and Yang (2022) define AaL as a learning strategy. In this
approach, student learning emerges from direct interaction with assessment tasks and
the accompanying activities. Tasks in Aal are designed to create learning
opportunities that go beyond recalling old knowledge, but also encourage the
development of metacognitive skills and self-regulation so that students can monitor
their own performance and meet their ongoing learning needs (Yan & Yang, 2022).
Besides, since active engagement is required in this approach, which in turn will equip
students with self-regulation skills essential for lifelong learning (Lee et al., 2019).

In addition, the emergence of Aal. aims to complement the implementation of
AfL and AoL, which in practice have several issues to address—first, the issue of
limitations experienced by teachers. There is a demand to closely monitor the
development of each student while at the same time carrying out various
administrative tasks and other 'teacher' responsibilities (Boud & Molloy, 2013).
Moreover, the OECD TALIS 2018 report also found that teachers spend less than half
of their time teaching, with the rest consumed by administrative matters, grading, and
classroom management (OECD, 2019). In addition, a large class of students with
different needs often makes personalized feedback challenging (Gunawardena et al.,
2024; Yan & Brown, 2021). Therefore, integrating Aal as a learning process is
increasingly viewed as a pedagogical necessity to complement teachers’ limited
capacity and to better accommodate diverse student learning needs.

Secondly, the education system has not optimally prepared students for life after
completing formal education (Earl, 2013). Traditional assessment tends to put the
entire evaluation process on the teacher's shoulders, resulting in shallow feedback and
impacting students' opportunities for personal growth, and becomes more complicated
when it has a bigger class size (Black & Wiliam, 2009). Similarly, in higher education,
the primary goal is to equip students with the foundations for lifelong learning, so that

they are able to continue to learn and evaluate themselves independently as they enter



the world of work after graduation (Boud & Falchikov, 2006). However, in previous
research, Boud identified a fundamental flaw in existing assessment practices in higher
education, which is that conventional assessments fail to prepare students for the
challenges of lifelong learning (Boud & Soler, 2016). For example, grading-oriented
assessment often ignores students' ability to be critical of their performance. This
ability is very important to support independent learning in the future. Therefore, AalL
can be seen as the foundation of AoL and AfL, as it inspires students to learn and

strengthens the learning process itself (Yan & Boud, 2022).

Assessment of Learning (AoL)
Assessment for Learning (AfL) Learning

Assessment
as
Learning

Assessment as Learning (AaL)

Figure 1.1 Relationship between learning and assessment in the concepts AoL, AfL, and AsL
(Yan & Boud, 2022, p. 15)

Boud suggested that assessing the effectiveness of assessment should be based
on its contribution to students' capacity for self-directed learning. The concept of
sustainable assessment was then emerged as to present solution (Boud, 2000). It is
identified as an assessment that meets current needs in terms of formative and
summative assessment demands, but also prepares students to meet their future
learning needs. This means that assessment activities should not only focus on
certification or short-term feedback, but should also encourage reflection and
independent learning into the future.

One concrete example of sustainable assessment is self-assessment. Self-
assessment and self-grading are two distinct concepts and practices, although often
misunderstood as the same thing, self-assessment encompasses a broader process
(Andrade, 2019). Yan and Brown (2017) proposed self-assessment as a four-stage
cyclical process: setting assessment criteria, where students determine their
performance standards; self-directed feedback seeking, where students actively seek

external and internal feedback; and self-reflection, where students evaluate



weaknesses and strengths based on decided criteria; and calibration, where students
readjust the initial criteria based on the judgement from accumulation of feedback
(Yan, 2022). The process is dynamic in that the assessment is continually recalibrated
as feedback is obtained or criteria change over time.

Although it is called self-assessment, this practice not only involves oneself but
also it can involve others too. According to Yan and Carless (2022), one of the most
important stages in conducting self-assessment is seeking external feedback, whether
from friends, teachers, or parents. This interaction can help students identify blind
spots that are not visible through introspection alone (Panadero et al., 2016, 2019).
Furthermore, reflective self-assessment can increase students' sense of autonomy,
commitment to learning, and self-efficacy (Brown & Harris, 2013). Thus, if
implemented properly and consistently, self-assessment can reduce dependence on
teachers and increase intrinsic motivation for lifelong learning.

Despite its recognition as an effective approach in promoting students' self-
regulated learning (Andersson & Palm, 2017; Andrade & Brookhart, 2020; Panadero
et al., 2016; Yan, 2022), many studies criticize its accuracy. Based on meta-analysis
studies, the accuracy of self-assessment results is the most frequently scrutinized topic
among self-assessment studies (Andrade, 2019). To address the issue of accuracy, the
most common practice is to compare the self-assessment with an expert assessment
(e.g., teachers or tutors) as the gold standard to assess the construct validity of the self-
assessment (Aryadoust, 2015; Brown et al., 2015). Some studies even compare self-
assessments with teacher and peer assessments to evaluate their validity (Alias et al.,
2015; Chang et al., 2012; Salehi & Masoule, 2017). Based on these standards, self-
assessment has been widely criticized for its inaccuracy (Lew et al., 2010) and lack of
correlation with competency (Yates et al., 2022).

However, looking back, this never-ending quest for accurate self-assessment is
the result of a misunderstanding of the original conception that self-assessment can
replace teacher assessment. As a result, accuracy continues to be a concern in this
topic. Yan (2016, 2022) argued that the greatest benefit of self-assessment comes from
students' active and reflective engagement in self-assessment to develop
metacognition, not from accuracy per se, where the focus is on whether students can
assess correctly and in accordance with reality. Therefore, the way the accuracy of
self-assessment is perceived needs to be refined (Yan, 2022). Instead of a summative
assessment method, self-assessment should be seen as a learning process or a learning

strategy.



Nevertheless, accuracy remains an essential goal, as students will be more
focused on determining areas of improvement when they know exactly what they have
and have not mastered (Boud et al., 2013). It will also help them determine the optimal
strategies to improve their learning performance (Yan, 2022). Therefore, the self-
assessment approach should not only focus on aligning assessment results with
teachers' or experts' judgments. Instead, utilizing external judgment should aim to help
students exercise their thoroughness and inform them of areas that can only be spotted
from the external. By shifting the focus from judging the accuracy to providing insight,
it is acknowledged that external assessors themselves are not entirely free from
subjectivity (Alemdag & Narciss, 2025; Aryadoust, 2015; Tandiono & Limijaya,
2025; YesiL¢inar & Sata, 2021), and thus their role is better understood as offering
complementary perspectives rather than definitive judgements.

In this regard, peer assessment and teacher assessment are frequently used as
benchmarks for validating self-assessment (Alemdag & Narciss, 2025). Peer
assessment is considered to be contributing in providing relevant alternative
viewpoints because students are in similar learning situations, while teacher
assessment is considered to offer a professional point of view based on pedagogical
experiences that tend to be more extensive. The integration of the three perspectives
(self, peer, and teacher) is expected to yield a more comprehensive understanding of
self-assessment. Nevertheless, the innate characteristics of the assessors, such as
subjective perception factors, differences in judgment standards, personal
relationships, or tendencies for leniency and severity in judgment, may affect the
objectivity of their assessments. Therefore, it is vital to address these issues with
appropriate analytical tools that are able to account for biases.

Thus, in this context, the Many-Facet Rasch Model (MFRM) approach offers an
appropriate analytical framework for the needs. MFRM allows the breakdown of
influences from various facets in the assessment system, such as differences in severity
levels between raters (Aryadoust, 2015), variation in item difficulty levels (Azizah et
al., 2021), and individual student characteristics (Aryadoust, 2016), among others.
Therefore, MFRM not only increases the validity of the assessment results but also
provides diagnostic information on which aspects of each facet that potentially
contribute to the accuracy of self-assessment (Engelhard & Wang, 2024). This
approach becomes particularly relevant in research involving multiple raters situation

in self-assessment involving peer and teacher assessment.



Additionally, the use of the Many-Facet Rasch Model (MFRM) in this study
helps overcome methodological limitations that commonly occur in research on multi-
rater assessment, where comparisons between raters are usually presented in
descriptive or correlational terms without the judging behavior being represented
(Riznanda, 2024; Susanti et al., 2023; Wulandari et al., 2020). Although descriptive
statistics can deliver surface-level evidence regarding the variances between self-,
peer, and teacher ratings, they do not recognize how these variances arise, especially
when judging behavior, item difficulty, and student ability interact in complex ways.
MFRM facilitates greater insights into these aspects because it tests them concurrently,
enabling the researcher to identify systematic trends in scoring behavior and adjust to
distortion due to the subjectivity of the rater (Engelhard & Wang, 2024; Linacre &
Wright, 2002). The use of MFRM provides a methodological improvement in areas
where multi-rater assessments are applied with limited levels of interpretation.

Furthermore, to attain theoretical coherence and level of analysis of self-
assessment practices, this paper uses the Cyclical Self-Assessment Model (Yan &
Brown, 2017) to view the self-assessment as an integrated, dynamic process of
learning. The cyclical model focuses on four stages, i.e., setting criteria, soliciting
feedback, self-reflection, and calibration, which are interrelated with each other
(Pastore et al., 2025). The stages are linked to each other, and require one stage to add
onto the next to increase the level of metacognitive awareness and self-regulation.
More specifically, the feedback-seeking stage has been taken to the center of the
updated Assessment-as-Learning (AalL) framework (Yan & Boud, 2022), which has
put the issue of feedback at the pedagogical center of learning. The applicability of
this theoretical underpinning is especially due to learners at the higher education level,
who must acquire the skill of learning in autonomous ways as well as critically assess
feedback provided by a variety of sources. The cyclical model, therefore, provides a
thorough framework in which the practice and its implications can be examined.

In line with this theoretical orientation, this study utilized the Self-Assessment
Practices Scale (SaPS), which is directly based on the Cyclical Self-Assessment Model
(Yan, 2018). The SaPS is one of the few validated instruments specifically designed
to capture student engagement across all four stages of the self-assessment process.
SaPS focuses on actual practices as well as beliefs or attitudes, making it particularly
suitable for investigating the behavioral aspects of self-assessment. Its structure allows
researchers to analyze the extent to which students apply each phase of the self-

assessment cycle, while allowing adaptation for use by peer and teacher assessors.



This alignment between the theoretical model and the measurement instrument
increased construct validity and interpretability in this study.

Therefore, this study intends to fill the gap of previous research related to the
practice of students' self-assessment. By positioning self-assessment as a learning
strategy, the use of teacher and peer assessment aims to identify raters’ rating behavior
that potentially threatens the fairness of self-assessment. Finally, this study introduces
MFRM as an alternative of methodological tool that can disentangle complexities as
well as identify biases in multi-rater assessments. By implementing this model, not
only are the biases of each group of raters revealed, but the tendencies of raters and
the implications from the items used in assessment are also analyzed and discussed in
the findings. Furthermore, the implications of linking self-assessment as Aal. with

lifelong learning and sustainable learning are discussed.

1.2 Research Objectives

Drawing on the background of the study, this research explores self-assessment in

Indonesian higher education, where assessment remains largely summative and

teacher-guided. Despite the increasing popularity of more formative and student-

centred forms of learning, the use of self-assessment as a learning strategy remains

underdeveloped and little understood. Therefore, the objectives of the study are

written as follows:

1) To examine the Self-assessment Practice Scale (SaPS) psychometric quality when
used to assess university students’ self-assessment practice.

2) To explore how students, peers, and teachers differ in the ways they assess
students’ self-assessment practice.

3) To identify patterns of rating behavior, such as severity, leniency, or bias, across
different groups of assessors.

4) To examine the role of self-assessment as a learning strategy.

1.3 Research Questions
In line with the research objective, this study developed research questions to
determine the area of exploration and to guide the analysis systematically. Thus, the
questions of the study are formulated as follows:
1) How does the Self-assessment Practice Scale (SaPS) perform in terms of its
psychometric quality and unidimensionality when used to assess university

students’ self-assessment practice?



2) How do self, peer, and teacher assessments differ in the way they reflect students’
self-assessment practices?

3) What kind of judging behaviors or rating patterns exist among raters?

4) In what ways do students’ self-assessments reveal opportunities or challenges for

using self-assessment as a learning strategy?

1.4 The Significance of the Study

Theoretically, this study contributes to the development of self-assessment studies in
higher education within the Indonesian context. Specifically, empirical evidence
regarding the accuracy of Indonesian students' self-assessment and the potential biases
that affect it are discussed in this study. By applying the Many-Facet Rasch Model
(MFRM), this study also expands the understanding of how judging behavior can be
identified and accommodated quantitatively, thus contributing to the literature on
alternative measurement and validity of assessment in education.

Practically, the results of this study can provide insights for educational
practitioners in designing and implementing more valid and fair self-assessment
practices. By understanding the potential biases in self-assessment and comparing
them with peer and teacher assessment results, educators can develop more effective
self-assessment training strategies. In addition, the findings of this study can also be
utilized to improve the formative assessment system in higher education to better
support the development of students' learning independence and self-regulated

learning.



CHAPTER TWO
THEORETICAL FOUNDATIONS

This chapter serves as a theoretical foundation for researchers conducting this

study. The main focus of this section is divided into two parts: literature review and

theoretical framework. The former part discusses how self-assessment has evolved until

recently and contains previous research related to self-assessment, both in and outside the

Indonesian context. This aims to identify gaps and novelty within the self-assessment topic

in the body of knowledge. Moreover, the theoretical framework section contains an

explanation of the theories employed as a reference in this research. This section outlines

the definitions used in the research and the conceptual framework that guides this research.

2.1.

2.1.1

Literature Review

In education, assessment is an important factor since it determines what students
consider important, influences their motivation levels to learning activities, and
future learning orientation (Boud & Falchikov, 2006; Gibbs & Simpson, 2004;
Jimaa, 2011). Conventional thinking behind assessment is on examining the student's
progress every so often, which is referred to as assessment of learning (AoL). In turn,
the modern strategy lays stress on the regular and constant evaluation, which is built
into the everyday classroom activities and teacher-led, known as assessment for
learning (AfL) (Murchan, 2017; Wiliam, 2011).

Taking this further, assessment as learning (AaL) places students in control of
the assessment process, whereby students continue to monitor, reflect, and control
their own learning (Earl, 2013; Yan & Yang, 2022). The shift to bring Assessment
of Learning (AoL) to Assessment as Learning (AalL) is an attempt to encourage
students to become more active participants in the learning process and to control
their self-designed lifelong learning strategies. Nonetheless, this transformation
requires a core shift in higher education assessment (and the Indonesian education
in particular), where the purpose of assessing immediate knowledge would be

replaced with the positive support of a lifelong development process of the students.

Self-Assessment Definition and Core Concepts

Yan and Brown (2017) define self-assessment as a process where students collect
information about their performance actively, evaluate it against explicit criteria, and
reflect on their strengths and weaknesses to enhance learning. In addition, it is

viewed as a reflective and active process that requires students to take initiative,
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2.1.2

engage with the purpose of their study, and apply evaluative skills to identify aspects
of their work that fall short of expected standards (Andrade & Brown, 2016; Brown
& Harris, 2013). In other words, self-assessment is a learning strategy where students
use feedback to reflect on their performance in learning against specific criteria.
Practically, there are a lot of ways and strategies by which self-assessment
could be applied. In the early stages, self-assessment was more likely to be provided
in the form of a static activity (e.g., guessing, scoring one's own work) (Boud &
Falchikov, 1989). But this method was not found to have a major effect on learning.
The recent trends have changed the orientation of self-assessment into a more
dynamic and integrated process in learning through the active participation of
students in reflective thinking and decision-making based on their own
comprehension about the quality of their own learning (Panadero et al., 2019; Yan,
2022; Yan & Carless, 2022). Within this context, self-assessment no longer functions
as a method of assessment but, rather, as an operating method of learning that

promotes the formation of metacognition and learning accountability.

Self-Assessment as Assessment as Learning

In the developing world of education, self-assessment is increasingly recognized as
a crucial component of an approach known as Assessment as Learning (AaL). This
concept sees assessment not merely as an evaluation tool at the end of learning, but
as an integral part of the learning process itself (Earl, 2013). Fundamentally, this
approach emphasizes the active role of students in constructing understanding
through continuous critical reflection. In line with Mendoza and Yan (2021), the
essence of self-assessment as an Aal. strategy lies in the quality of its
implementation, which should extend beyond mere scoring.

Furthermore, Mendoza and Yan (2021) emphatically state that the depth of
the reflective process and the active involvement of students in determining
assessment criteria are aspects that greatly affect the effectiveness of self-assessment
as AalL. Meaning that superficial self-assessment, which only stops at giving grades,
without being followed by an in-depth evaluation process of learning outcomes, is
no longer considered relevant. On the contrary, meaningful self-assessment should
include a series of systematic actions starting from setting evaluation standards by
learners, seeking feedback from various sources, to critical reflection on learning

progress.
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In line with Yan and Brown's (2017) views and findings regarding the
cyclical nature of effective self-assessment, ideally, learner should evaluate their
positions in the learning journey on an ongoing basis. They assess how far and to
what extent goals have been achieved, evaluate the strategies used, and adjust the
results for the next step. This dynamic process distinguishes AaL self-assessment
from traditional summative approaches.

In higher education settings, the Self-assessment Practice Scale (SaPS) by
Yan (2018) is one such instrument that attempts to make self-assessment more of a
systematic and theory-based activity rather than an incidental and unplanned one.
Through a series of specific behavioral indicators that develop in SaPS, the students
are guided not only to analyze the outcomes but also to conduct reflective practices
at various levels of the learning process (Yan, 2022).

However, it is important to note that the SaPS is not the only instrument
relevant to self-assessment practices. Previous research has leveraged related
instruments such as the Self-Report Self-Regulatory Strategies Inventory (Cleary,
2006), the Feedback Seeking Scale (Williams & Johnson, 2000), the Motivated
Strategies for Learning Questionnaire (Pintrich, 1991), the Self-Directed Learning
Scale (Mok et al., 2006), and the Inventory of Learning Approaches and Skills for
Students (Entwistle et al., 2013). These instruments have subscales for secking
feedback, self-monitoring, or self-reflection components that overlap with aspects of
self-assessment. However, their limitations lie in their development outside of a
consistent self-assessment framework, which often involves general statements such
as “I evaluate my performance in learning” without elaborating on the detailed
actions of self-assessment.

In response to this gap, the SaPS was developed in accordance with the
Cyclical Self-assessment Model (Yan & Brown, 2017), making it one of the few
theory-based instruments specifically tailored to understanding self-assessment as a
holistic and dynamic process. Unlike previous approaches that bring together
unrelated subscales, the SaPS provides a unified framework by focusing on three
interrelated actions: seeking external feedback (through monitoring and inquiry),
seeking internal feedback, and self-reflecting. This theoretical consistency makes
SaPS particularly suitable for research that aims to analyze self-assessment as a

learning strategy and not just as a performance evaluation (Yan, 2022).
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2.1.3 Self-assessment Accuracy

The issue of accuracy is one of the problems that remain prominent in self-
assessment discussions. The problem of having difficulties in establishing valid
comparison criteria is one of the primary issues concerning this discussion.
Typically, the most frequently used method to get quantitative evidence of
assessment alignment is associated with comparing the outcomes of the self-
assessment process carried out by students with assessments formed by external
actors, e.g., teachers or additional experts (Brown et al., 2015). In this way, the self-
assessment concept is condemned to be inaccurate and regarded as of low correlation
to the actual performance (Baxter & Norman, 2011; Lew et al., 2010; Yates et al.,
2022).

These criticisms, however, are underpinned by a misconception that self-
assessment was to be used to replace an expert assessment. Pedagogically, the core
advantage of assessment is associated with the emergence of metacognition and the
active participation of the student in the educational course, not necessarily with the
correspondence of the assessment outcomes to external norms (Andrade & Cizek,
2010; Yan, 2016). Therefore, self-assessment cannot be judged purely on accuracy.
What matters more is that it is necessary to consider how far self-evaluation can help
develop adaptive and reactive learning skills among students (Tan, 2012; Yan &
Brown, 2017).

However, accuracy is still also an essential attribute when it comes to
learning, since it enables more specific learning choices by giving students
perceptions of self-performance (Boud et al., 2013). The students will be able to pay
more attention to areas that they should improve when they can also realistically
assess their accomplishments. Thus, accuracy as the goal to be reached completely
in each self-assessment activity is not a necessary requirement. Still, the
development of accuracy can be regarded as the relevant goal that is to be pursued,
as well as the development of students’ metacognitive skills and self-directed
learning.

Multiple factors have been singled out as determinants of self-assessment
precision. Accuracy is affected by individual characteristic factors, including age,
level of skill, and experience in the area of performing (Brown & Harris, 2013;
Topping, 2003; Yan et al., 2023). More accurate self-assessment is produced by
students whose level of proficiency is higher. There is also the bias caused by the

design and implementation of self-assessment. Self-assessment accuracy has been
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seen to be enhanced by the provision of support through appropriate training (Li &
Zhang, 2021), defined evaluation parameters (Kostons et al., 2012), and attention to
specific process components (Panadero et al., 2016).

Several studies consistently demonstrate that self-assessment can generate
bias. For instance, Tucker (2017) found that in group work, students tend to overrate
their contribution to the task by scoring their self-assessment higher than their peers.
Similarly, Johnston and Miles (2004) reported that students tend to rate higher on
self-assessment compared to their peers, especially when the score influences the
final grade, and this is reinforced by Sridharan et al. (2019) study, that peer
assessment shows significant bias, particularly when it is used as the summative
purpose. On the other hand, a study by Tandiono and Limijaya (2025) reveals that
culture influences the bias in students’ assessment, displaying a tendency to
downplay their real academic achievements and be lenient towards friends due to
social expectations and to maintain relationships.

Some other studies have also explored the link between the presence of bias
in self-assessment and the level of students’ academic performance. Sridharan et al.
(2019) reported that students with lower academic achievement were likely to
overrate themselves, while the high-performing students showed a more humble
attitude in their self-assessment. This pattern is believed to be associated with
students’ position on the course grade, which influences how they perceive
themselves in the context of assessment (Leach, 2012). High-achieving students can
also experience greater levels of anxiety, which arises from a fear of failure and
encourages them to underestimate their own abilities as a form of unconscious
internal motivation to keep improving (DeLong, 2011). In addition, their humble
attitude and concern that their self-assessment might not be consistent with that of

their friends or lecturers also contribute to their lower scores (Aryadoust, 2015).

Self-assessment Calibration through Peer and Teacher Assessment

Effective learning requires an accurate assessment, and often, students struggle to
apply objective assessment to themselves. Panadero et al. (2016) point out the
importance of calibration, which can be defined as a match between self-assessment
and external reference, such as peer or instructor feedback, which is crucial in
improving the accuracy of self-assessment. Without these reference points, students
can miss their own mistakes in those self-evaluations, which can lead to misleading

cognitive beliefs. As an example, lower-ability students tend to overestimate their
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work, whereas higher-ability students may underestimate their abilities (Boud &
Falchikov, 1989; Brown & Harris, 2013). Students are thus able to recognize these
biases and enhance their evaluations through the use of objective standards given by
others through the calibration process.

An important influencing factor of calibration determination is the degree of
student mastery. Novices also tend to think their skills are higher because they have
more cognitive loads and less knowledge at their disposal (Khonamri et al., 2021).
Conversely, better-equipped students who have a better understanding of what is to
be done tend to make better self-examinations. To help novices, they should adopt
scaffolding in a structured manner, e.g., simplified rubrics or division of tasks into
smaller components, which will reduce cognitive burden on an individual and
improve their calibration (Kostons et al., 2012). Moreover, when educators use self-
assessment tools, it is possible to enhance the recognition of strengths and
weaknesses in the students by explicitly training them in the use of these tools (Yan
et al., 2020).

Also, calibration depends on contextual and cultural differences because it
determines its effectiveness. As an example, students in Indonesia claimed to be
more uncomfortable and stressed when evaluating themselves rather than their
classmates (Nawas, 2020). Meanwhile, in Malaysia, students emphasize the
importance of face-saving actions, the suppression of negative evaluations, heaping
scores as a strategy to minimize ambiguity, and relationship-enhancing scales
(Cheah et al., 2018). This reveals the necessity of both a contextually and culturally
distinct self-assessment practice.

In addition, calibration itself is not an activity that appears only once; it is a
skill that is refined over time (Panadero et al., 2016; Yan, 2022). Prolonged studies
like those done on medical students show that a cyclic process of self-determination
and appraisal by peers or educators in conjunction would eventually increase
calibration significantly (Khoiriyah & Roberts, 2025). As argued by Panadero et al.
(2013), the accuracy of self-evaluation is a type of construct validation. What this
means is that more accurate or realistic student self-ratings result in higher construct
validity. This kind of precision shows that the students are able to criticize

themselves adequately.
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2.1.5 Many-Facet Rasch Model in Rasch Measurement

To analyze assessment data and evaluate the quality of instruments used to measure
assessment, the Rasch model is an approach that has been widely used in educational
measurement. Developed by Georg Rasch (1960), this model is based on
fundamentally on the concept of comparison (Engelhard & Wang, 2021). This
approach assumes that there are two things that affect a person's performance in
answering an item, namely the difficulty level of the item itself and the ability of the
individual concerned (Boone et al., 2014). In other words, it is based on a simple
idea about what happens when a single person encounter a single item (Rasch,
1960/1980). In its most basic form, the Rasch model works by calculating the
probability of a person answering an item correctly or incorrectly, based on a certain
level of ability (Andrich & Marais, 2019; Sumintono, 2015). The main advantage of
this model is that, on the same linear scale, it is able to place the individual ability of
each participant and the item difficulty of each item, making it easier to interpret the
results.

However, in the world of education itself, the form or model of assessment has
several variations, not merely about how smart someone is or how hard someone has
to work in order to be able to answer questions and get a good score. In many
situations, there is a need for objective assessment, such as self-assessment, peer
assessment, and lecturer assessment. In these assessment situations, there will be
some additional factors that can affect the assessment score. For example, if there
are multiple raters, then each individual rater may have different tendencies in giving
scores (Eckes, 2015; Linacre & Wright, 2002). Some raters tend to be stricter in
giving scores, while others are more generous (i.e. lenient rater). In such cases, the
basic Rasch model is not able to capture these additional variations as it only
considers individual ability and item difficulty.

Therefore, Linacre (1999) extended the basic Rasch model by developing the
Many-Facet Rasch Model (MFRM), which has more facets than the traditional
assessment situation that only involves two facets, namely individuals and items.
The word 'facet' in MFRM refers to any element that can systematically affect
assessment results, such as the rater, rating scale, task conditions, or other relevant
factors. By including these facets, MFRM can estimate the influence of each facet
on the assessment score simultaneously (Boone et al., 2014; Eckes, 2015; Engelhard
& Wang, 2024). As in the context of this study, self-assessment involving peer

assessment and lecturer assessment can be estimated by MFRM. Not only student
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ability and item difficulty, but also the level of strictness or looseness of assessment
from each group of assessors can also be estimated.

In MFRM analysis, the output or result obtained will be a logit measure (log
odds unit) for each input facet, such as item difficulty measurement (first facet),
individual participant ability (second facet), and rater severity or leniency (third
facet). These three measures are placed on the same linear scale to allow for
meaningful comparisons, called as Logit (logarithm odd probability unit) (Engelhard
& Wind, 2018). For example, a rater who produces a high logit severity score can be
interpreted as having a tendency to be more strict in giving scores; conversely, a rater
who produces a lower logit score means that they tend to be more lenient in giving
scores. In addition, to see the extent to which each element matches the expectations
of the model, MFRM also produces fit statistics. If there is a misfit to the value of
this statistic, it means that there are inconsistencies in the scoring behavior or there
are unexpected response patterns detected (Bond et al., 2021). Through this analysis,
MFRM provides a more detailed picture of the interaction between the three facets
(individual, item, and rater), where it is compared to the ideal model (which is, in
this case, MFRM of the Rasch model).

Therefore, the Many-Facet Rasch Model is very relevant to be used in this
study, because the data being analyzed involves multiple raters (self, peers, and
lecturers), each of whom may have different tendencies in making judgments. In
addition, MFRM allows researchers to control for possible bias and inconsistency
between raters, resulting in a more accurate estimate of student ability (Engelhard &
Wang, 2024). Also, the model is able to identify patterns such as the degree of
leniency, severity, inconsistency, and bias of each of these raters. This is crucial for
answering the research questions related to self-assessment accuracy, inter-rater
differences, and factors that may affect assessment accuracy in this study.

The mathematical model equation of the Many-Facet Rasch Model for the
rating scale version in this study is presented as follows:

Log (Puijk / Puijk-1y) = Bn— Di— Cj— Fx

where
Pijk is the probability of ratee n being rated, on item i by rater j, a rating
of category k
Puijk- is the probability of ratee n being rated, on item i by rater j, a rating

1 of category k-1
Ba is the Ability of ratee n, where n = 1,N

16



2.2

Dy is the Difficulty of item i, where i =1,L

G is the Severity of rater j, where j = 1,J

Fy is the Height of step k, where k = 1,K
(Linacre & Wright, 2002)

In this Facets model, every item test is characterized by a difficulty (D;), every
ratee is characterized by ability (B.), and every rater is characterized by a level of
severity (C;). The log odds formulation of (1) puts these parameters on a common
scale of log odds units or commonly referred to as “logits” (Linacre & Wright, 2002).
Raters use a rating scale to assess the ratee's performance on each item. Each level
on the scale shows a clear performance improvement. The symbol Fy has just one
subscript, which means that the rating scale works the same way for all tasks and

judges.

Theoretical Framework

This research is based on two main theoretical frameworks that serve as a conceptual
foundation in understanding the self-assessment process conducted by students. The
two theories are the Self-Assessment Process Model by Yan and Brown (2017) and
the Assessment-as-Learning (AalL) concept, which is an advanced framework
developed by Yan and Boud (2022). In the context of accuracy and rater bias, which
is the focus of this study, these two theoretical frameworks provide a complementary
conceptual foundation for understanding the student self-assessment process.

The Self-Assessment Process Model developed by Yan and Brown (2017) sees
self-assessment as a series of cyclical processes involving a number of cognitive and
metacognitive stages. The establishment of assessment criteria by students is the
initial stage of this process, where students must have clear standards to use in
assessing their performance. Next, students engage in feedback seeking, both from
internal and external sources. Internal feedback involves reflecting on the student's
own emotions, motivation, and condition, while external feedback can be input from
teachers, classmates, or other learning resources. This process then continues into
the self-reflection stage, where students reflect on the information gathered to assess
their learning progress. Referring to the results of reflection and feedback that has
been obtained, students finally make a self-assessment judgment. Thus, this model
emphasizes students' active involvement in the whole process and underlines the role
of feedback as a calibration mechanism that can improve the accuracy of their self-

assessment.

17



Sell-directed
Feodback Secki | Scl-reflection —p
H/L\ 2
g Seek
7 T
External Source Internal Source
Inguiry Emations
Moniioring Motives
Physical Sensationg
Internal States

Figure 2.1. Self-Assessment Process Model (Yan & Brown, 2017)
._.:"".l.vFeedback Seekin.g-..""a__v

Monitoring
Inquiring

G, .
Enerat,'ng internal feedba(l\g

Determining
and Applying
Assessment
Criteria

Self-assessment

Self-reflection |we——
Judgement

Calibration

Figure 2.2. Assessment-as-Learning Model (Yan & Boud, 2022)

Meanwhile, the Assessment-as-Learning (AalL) framework, further developed
by Yan and Boud (2022), integrates the concept of feedback literacy in the self-
assessment process. In this framework, self-assessment is not only about the activity
of assessing learning outcomes, but also as a core part of the learning process itself.
Students are required to be able to utilize the feedback effectively, to regulate
learning, build self-awareness of weaknesses and strengths, and develop sustainable
reflective skills. The concept of feedback literacy emphasized in this model demands
the ability of students to understand, evaluate, and apply feedback in the context of
their learning (Yan & Carless, 2022).

Therefore, both theoretical frameworks were used to understand how students
engaged in the self-assessment process in this study, which took place naturally in
their learning environment. Although this study used a design that did not involve
any intervention during the data collection period, the instrument used covered the
various dimensions of the self-assessment process mentioned by Yan and brown

(2017). As such, this study allows for the measurement of the extent to which
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university students have independently engaged in the self-assessment process, as
well as how such engagement relates to the accuracy and bias in their self-
assessments.

In addition, to explore the fairness and rating behavior in student self-
assessment, a comparison of assessment results from three sources of self, peers, and
teachers was conducted. By using the Many-Facet Rasch Model analysis approach,
it is possible to detect the accuracy and bias of the assessment. By integrating these
two theoretical frameworks, it is hoped that this research can provide a
comprehensive understanding of the dynamics of the self-assessment process in the

context of learning in higher education.

Conceptual Framework

This study employed the theories of the Self-Assessment Process Model and the
Assessment-as-Learning Model to systematically investigate and understand how
students conduct self-assessment and how they utilize feedback in the context of
learning. This framework allows the researcher to analyze how university students
engage in self-assessment, as well as what steps they take in evaluating their
learning. In addition, this framework became the foundation for the Self-assessment
Practice Scale (SaPS), the self-assessment instrument developed by Yan (2018). In
this instrument, there are four dimensions that measure the process of self-
assessment, which focus on feedback seeking and self-reflection done by students:
seeking external feedback through monitoring (SEFM), seeking external feedback
through inquiry (SEFI), seeking internal feedback (SIF), and self-reflection (SR).
With this instrument, the researcher tested the accuracy of the self-assessment
conducted by university students by calibrating it with external assessors, including
peers and lecturers.

e R
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Figure 2.3. Self-Produce Conceptual Framework
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The conceptual framework illustrated in Figure 2.3 explains the flow of this
research. The two theories served as a foundation, then became the basis for
examining the self-assessment practices of university students. Adhering to these
theories, SaPS was used to obtain self-assessment information from related students,
peers, and the course lecturer. Then, the assessment data from these three groups of
assessors were analyzed using the Many-Facet Rasch Model (MFRM), the analytical
framework used in this study to analyze the findings. Thus, this conceptual
framework not only guides the process of operationalizing theory into research
design but also serves as a conceptual map that connects the theories, instruments,
and analytical methods used in this study to answer the research questions in a

systematic and directed manner.
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CHAPTER THREE
METHODOLOGY

This chapter describes the methodology used in collecting data and selecting
samples to answer the research questions. The explanation in this section includes the
research paradigm that forms the basis for how this research was designed and
implemented, including data collection procedures, instruments, and data analysis methods,
which use Many-Facet Rasch Measurement (MFRM). Efforts have been made to ensure

that the methods employed are appropriate, robust, and easy to follow.

3.1. Research Paradigm

The positivist paradigm serves as the foundation of this research. This paradigm
believes that human behavior and its traits can be observed, measured, and analyzed
systematically. Positivism is characterized by its way of utilizing empirical
observation, logical deduction, and objective pursuit of knowledge (Ali, 2024).
Therefore, the researcher’s position in this study is as an observer of a phenomenon.

Under this paradigm, the study employs Many-Facet Rasch Measurement
(MFRM) approach in analyzing the data. Rasch measurement is grounded on a
philosophical idea that latent traits, such as ability, judgement accuracy, as well as
attitudes, could be meaningfully and precisely evaluated (Engelhard & Wang, 2024).
Furthermore, it is possible to construct fair and consistent measures that focus on
individuals. In this case, measuring how individuals interact with different elements
of assessment, such as tasks or raters.

This is in line with the research objectives, which are to examine students’ self-
assessment practices seen from different raters (peer and teacher) evaluations, and
whether any of the rater groups (self, peers, teacher) are more lenient or severe in
terms of assessment compared to the others. This approach allows the researcher to be
concerned with underlying patterns or tendencies in the data, not just the scores seen

on the surface.

3.2. Research Design

This study applies a quantitative, non-experimental, cross-sectional design. Each
component of this design was chosen to fit the purpose of the study and the nature of
the data. First and foremost, quantitative research is an approach that tests theories by

examining the relationship between variables using instruments to measure
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information numerically by utilizing statistical procedures (Creswell & Creswell,
2018). In this study, a statistical tool is being used in analyzing the facets, where the
information should be transformed into numbers to be processed by the specific
software program, also called FACETS.

Then, a non-experimental design is carried out in the absence of manipulation from
the researcher and lack of random and the lack of random group assignment (Johnson
& Christensen, 2025). Participants were asked to provide self, peer, and teacher ratings
using the SaPS instrument in a natural classroom setting without any interference
before or after the data collection process.

Finally, the study followed a cross-sectional design, with data collected at a single
point in time during the final weeks of the mid-semester in a higher education
institution in Indonesia. A cross-sectional design is the opposite of a longitudinal study,
which does data collection over an extended period of time (Mills et al., 2010). A total
of one class of students participated by rating themselves and their peers, along with
one lecturer who rated the students using the adapted SaPS items. All data were
collected simultaneously over a one-week period, thus providing a snapshot of
participants' self-assessment practices and rater behaviors. This design allowed the
researcher to explore whether students' self-assessments with those of their peers and
teachers were fair in terms of their judging behavior, and whether rater characteristics

(e.g., severity or bias) influenced the assessments.

3.3. Research Participant and Data Collection Methods

The study is located at a public university in Banten Province, Indonesia. The
participants are drawn from a single class of undergraduate-level English education
department students enrolled in the English Literature course in their second year of
study. The course was chosen according to its appropriateness and suitability for
assessment activities that involve multiple assignments and presentations. The more
assignments students have, the more chances they have to reflect on their performance.
This situation is ideal to examine their self-assessment behavior.

As for the rater participants, there will be three different groups of raters, each
addressed as self-group, peer-group, and teacher-group. The first group of raters, the
self-group, consists of students who performed the self-assessment. This group
comprises 31 students, or the total of the class members. The second group of raters
includes students who rate their peers' performance, the self-group students. This peer-

group student comprises the same 31 students from the exact class who, after rating
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34.

themselves, then proceed to rate two different friends each. That made up two peers
assigned to rate each student. Lastly, the teacher involved is a lecturer who teaches the
students in the literature course. This teacher rater assessed 10 students in the self-
group. The detailed demographic information of the student participants is displayed
in Table 1 below.

Table 3.1. Demographics of students

Demographic Frequency Percentage
Gender
Male 7 22.6%
Female 24 77.4%
Parents job
Government sector 7 22.6%
Private sector 10 32.3%
Informal sector 11 35.5%
Domestic work 3 9.7%

Parents Education Level

Secondary High 10 32.3%
Diploma 2 6.5%
Undergraduate 18 58.1%
Masters 1 3.2%

In addition, one female lecturer who has been teaching the student participants
for two semesters was involved in the study. With a background in a Master's degree
in English Education, and 2 years of teaching experience, the lecturer gave insights
from the teacher rater perspective. Hence, all assessments done by the raters used the
same core instrument, the self-assessment practice scale instrument (SaPS), which was
slightly modified in language to facilitate clarity for each of the rater groups (self,
peer, and teacher). In addition, ratings were collected via paper forms to avoid

confusion, particularly for the teacher.

Research Instrument

This study utilized the Self-assessment Practice Scale (SaPS) developed by Yan
(2018). The original version of SaPS is rooted in the Cyclical Self-assessment

Framework by Yan and Brown (2017). The modification was done to the instrument
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only at the wording adjustment so that it is appropriate for peer- and teacher-raters. In
addition, using the same instrument with slight wording modification facilitates
comparison and supports the data analysis purpose. Since the study uses Many-Facet
Rasch Measurement (MFRM) to analyze information, there is a need to use the same
measurement tools to fairly examine the raters' performance.

The instrument consists of 20 items that measure specific self-assessment-related
practice across four dimensions: seeking external feedback through monitoring
(SEFM), seeking external feedback through inquiry (SEFI), seeking internal feedback
(SIF), and self-reflection (SR). With 5 items, the SEFM dimension includes items that
measure students' practices and strategies in monitoring their learning using external
evidence, such as past tests, reference books, and the internet against legitimate
standards. Furthermore, with 4 items, the SEFI dimension measures students' practices
and strategies in monitoring their learning by looking at subjective evidence from
others, such as teachers, friends, and parents. The SIF dimension, with 4 items, focuses
on evaluating students' internal feedback. The four items in this dimension emphasize
aspects such as feelings, emotions, physical conditions, and subjective internal
conditions that can affect students' assessment and learning experience. Finally, the
SR dimension, with seven items, evaluates students' actions in reviewing and
reflecting on their performance and learning outcomes.

In the pilot study, all items were rated using the original format, a 6-point Likert
scale, where 1 = strongly disagree and 6 = strongly agree. The use of this scale is
intended to test how respondents respond to items in their original form without any
initial modification. The results of this initial pilot became the basis for consideration
to maintain or readjust the scale for the next stage based on empirical findings from
the pilot data. Although there are three different instruments for each rater group, each
version maintained identical item structure (e.g., “Saya” became “Mahasiswa ini” or
“Teman ini”’). Examples of the adapted items across rater groups are displayed in Table

2 below:

Table 3.2. Examples of Instrument Items.

Construct Original Self- Peer- Teacher-
version assessment assessment assessment
SEFM 1 I check whether  Saya Teman ini Mahasiswa ini
I have mastered mengerjakan mengerjakan mengerjakan
the course latihan latihan latihan
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SEFFI 1

SIF 1

SR1

content by
doing extra

exercises.

I ask my
teachers to give
me feedback
about my

performance.

My gut feelings
tell me whether
my work is

good or bad.

I seek out the
reasons for
mistakes [ made
after getting
back marked

work.

tambahan untuk
mengecek
apakah saya
telah menguasai
materi

perkuliahan

Saya meminta
feedback dari

dosen mengenai

performa belajar

saya.

Saya
mengandalkan
firasat untuk
memberitahu
apakah saya
telah
mengerjakan
tugas dengan

baik atau tidak.

Saya mencari
tahu sebab dari
kesalahan yang
saya buat
setelah
menerima hasil

koreksi.

tambahan
untuk
mengecek
apakah dia
telah
menguasai
materi
perkuliahan
Teman ini
meminta
feedback dari
dosen
mengenai
performa

belajarnya.

Teman ini
mengandalkan
firasat untuk
memberitahu
apakabh ia telah
mengerjakan
tugas dengan
baik atau

tidak.

Teman ini
mencari tahu
sebab dari
kesalahan
yang ia buat
setelah
menerima

hasil koreksi.

tambahan
untuk
mengecek
apakah dia
telah
menguasai
materi
perkuliahan
Mahasiswa ini
meminta
feedback dari
dosen
mengenai
performa

belajarnya .

Mahasiswa ini
mengandalkan
firasat untuk
memberitahu
apakah ia
telah
mengerjakan
tugas dengan
baik atau
tidak.
Mabhasiswa ini
mencari tahu
sebab dari
kesalahan
yang ia buat
setelah
menerima

hasil koreksi.
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3.5.

To ensure the validity of the adapted instrument, the study follows a cross-
cultural validation approach (Hambleton & Lee, 2013). The instrument was originally
adopted in English and then translated into Bahasa Indonesia following a forward-
translation design, following the updated procedure by Hambleton and Patsula (1099).
Furthermore, terminology was refined to keep the items suitable for participants’
backgrounds. The instruments were piloted before the full data collection process with
a small sample of students (n = 25) to check clarity, reliability, and item fit, as well as

the adaptation results.

Pilot Testing

To test the validity and reliability of the instrument, a pilot study was conducted. Pilot
testing is a test conducted before the main data collection on a small number of
samples, which aims to assess whether there are deficiencies or problems that need to
be corrected in the test instrument (Mat Roni et al., 2020). At the initial stage, the
translated instrument's question items were validated by two experts, then readability
tests were conducted on samples with similar characteristics to the target participants.
After going through this process, the instrument was then checked again by the
academic advisor, and finally, the pilot test was conducted.

First, the index of the item separation results is checked. The value of this
index tells information about the distribution of items, or the grouping of item
difficulty levels, that can measure participants' abilities (Boone, 2020). The results of
the item separation value of this test showed a value of 1.55 with a strata value of 2.40.
This result indicates that the test items on the instrument have two levels of difficulty.
In other words, this test can measure students with both high and low abilities.

Next, the fit statistics of each item were checked to see if the data fit the model.
Table 1 illustrates the summary statistics of each item. The acceptable value of infit
and outfit MnSq is close to 1.00 (Engelhard, Jr. & Wang, 2024). Therefore, the values
ranging from 0.5 to 1.5 are considered fit to the model. Meanwhile, for the ZStd, the
acceptable range is between -2 to 2. Thus, according to the table below, five items are
considered misfit (SEFI1, SIF2, SIF3, SR5, and SR7). Each of these items are written
as “Saya meminta feedback dari dosen mengenai performa belajar saya” (1 ask my
teachers to give me feedback about my performance), “Emosi saya memengaruhi
penilaian saya terhadap kinerja belajar” (My emotions influence my evaluation on
my learning performance), “Kondisi fisik saya mencerminkan seberapa baik saya

belajar” (How my body feels tells me how well I am doing), “Ketika melakukan
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latihan, saya fokus kepada jawaban saya yang salah untuk membantu menentukan
apa yang harus dipelajari selanjutnya” (When 1 do exercise, I look at what I got
wrong or did poorly on to guide me as to what I should learn next), and “Saya
merenungkan kembali kelemahan saya (dalam belajar) ketika berdiskusi mengenai
studi dengan teman sekelas” (I reflect on my weaknesses when I discuss study related

issues with my classmates) respectively.

Table 3.3. Item Fit Statistics

Item Infit Infit Outfit Outfit
MnSq ZStd MnSq ZStd
SEFM1 0.87 -0.3 0.85 -0.4
SEFM2 0.74 -0.8 0.72 -0.9
SEFM3 0.60 -1.6 0.63 -1.3
SEFM4 0.57 -1.5 0.63 -1.3
SEFM5 0.58 -1.5 0.60 -1.5
SEFI1 2.80 43 3.25 5.1
SEFI2 0.78 -0.7 0.78 -0.7
SEFI3 1.32 1.0 1.36 1.2
SEFI4 0.96 0.0 0.90 -0.2
SIF1 1.00 0.1 0.94 -0.1
SIF2 1.92 2.5 1.92 2.5
SIF3 2.43 3.5 2.33 33
SIF4 0.63 -1.3 0.63 -1.4
SR1 1.06 0.2 0.95 0.0
SR2 0.63 -1.3 0.65 -1.2
SR3 0.91 -0.2 0.76 -0.7
SR4 0.87 -0.3 0.86 -0.4
SRS 0.40 -2.5 0.42 2.4
SR6 0.75 -0.8 0.70 -1.0
SR7 0.33 -3.1 0.35 2.9

Furthermore, to see whether participants can understand the rating scale
categories used, a rating scale analysis was conducted. First, the value of the average
measure should show a monotonous increase as the category increases (Bond & Fox,
2012). Based on the information provided in Table 3.3, the data fulfill this criterion
except for rating scale number 1 (Strongly disagree), indicating an underused
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category. Next, the fit of the rating scale to the Rasch model was tested. Based on the
recommendation by Linacre (1999), as an indication of acceptable model-with-data fit
for rating scales, the value of the Outfit mean square statistic should be less than 2.00.

As shown in Table 3.4, category 1 (Strongly disagree) indicates a poor fit.

Table 3.4. Rating scale analysis

Rating Usage Average Expected Outfit Andrich Labels
Scale Measure  Measure MNSQ Thresholds

1 2% -0.12 -1.30 3.0 Strongly disagree
2 5% -0.67 -0.69 1.1 -2.27 Disagree
3 15% -0.14 0.06 0.9 -1.37 Slightly disagree
4 29% 0.84 0.86 0.6 -0.18 Slightly agree
5 32% 1.63 1.61 1.0 1.15 Agree
6 17% 2.52 245 1.0 2.66 Strongly agree

3.6.

Finally, the values of the Andrich thresholds should increase sequentially
(Engelhard & Wind, 2018), which indicates that the categories can be clearly
distinguished by the participants. Based on the analysis, all values of the thresholds
increased progressively from -2.27 to 2.66, indicating that the categories functioned
as expected.

Overall, the results of the pilot test showed good item discrimination,
characterized by item separation that can distinguish between 2 levels of difficulty on
the items. On the other hand, the analysis of item fit showed several items that required
revision. Finally, the results of the rating scale analysis indicated categories whose use
was not optimal. Therefore, revisions were made based on the results of this pilot,
including improvements to items SEFI1, SIF2, SIF3, SR5, and SR7, as well as a

reduction in the rating scale categories to five categories.

Ethical Considerations

This study received ethical approval from the Research Ethics Committee,
Faculty of Education with reference number 211/Dek.FIP/UIII/UM.02/6/2025, and
official permission to conduct the research was received from the English Education
Study Program at the target university (see Appendix). Moreover, the researcher
received written consent through an email message from the designer of the original
instrument to allow the use and adaptation of the Self-assessment Practice Scale
(SaPS) in order to facilitate the purposes of the current investigation.
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3.7.

All the participants gave their informed consent, which was obtained through
both verbal and in writing formats. The participants were thoroughly informed
regarding the intention of the study, the essence of their participation, and their rights,
including the right to decline to participate and even withdraw their participation at
any time without any consequences.

Names and other identifying information of the participants were not stored
and did not appear in any section of the reporting of the data, with the aim of ensuring
that their confidentiality is maintained. Instead, each of the participants was assigned
different codes, and the reporting in the manuscript was anonymous. All digital and
non-digital records were saved safely, and access to them is available only to the
researcher. There were no known risks to the participants in this study, and all
procedures were planned to meet the ethical requirements of conducting research on

human participants.

Data Analysis Methods

Through the distribution of printed questionnaire, the data were collected from the
participants. After collection, the responses were entered into Microsoft Excel, where
participants’ identities were coded to ensure anonymity. The data were then organized
and saved in a .txt format, as it is the requirement of the FACETS computer program
for it to read the data. Subsequently, a data script was formulated and processed using
the FACETS computer program for analysis.

The data is analyzed using MFRM to examine rater judging behavior, such as
the severity, consistency, and bias interaction that occurred in the rating process. The
good thing about this model is that it can show the participant's ability, the item
difficulty, and rater severity simultaneously in one single continuum (Boone, 2020;
Linacre & Wright, 2002). There are several types of the Facets model, divided by the
utilization of the rating scale (Linacre & Wright, 2002). The one used in this study is
the model that utilizes the same rating scale across raters and items.

In the analysis, first, the researcher checked the reliability index of the data. It
was done to ensure that the instrument is measuring what it intends to measure and is
reliable. The acceptable reliability value is above 0.65 (Bond & Fox, 2012). The result
from the unidimensionality test was also conducted to ensure that the index value falls
within the minimum requirement of 20% of raw variance explained by the measures,
which indicates a close-enough unidimensionality to support the interpretation of the

results from the Rasch model (Wind & Hua, 2022).
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In addition, the separation index value was calculated for all three facets:
students, raters, and items. The value from this specific analysis tells the estimation of
how many groups of respondents emerged based on the ability level of the variable
measured (Mohamat et al., 2022). Good separation indicated by more than 2 groups
emerged (Linacre, 2002). Meaning that, for the person separation, if there are 3 groups
of ability level participants, it can be categorized into low, medium, and high-level
ability groups, and the same goes for items and raters.

Furthermore, the fit statistics of raters and items were measured next. This fit
statistic is essential to evaluate because it tells the extent to which the data fits the
Rasch model specification (Mohamat et al., 2022). Infit statistics are sensitive to
unexpected patterns that are close to one's ability level; meanwhile, Outfit statistics
are sensitive to outliers or extreme unexpected responses (Engelhard, Jr. & Wang,
2024). In other words, Infit statistics look for unusual responses on items that should
match one's ability level, and Outfit statistics look for unusual responses at the two
extreme ends (very easy or very difficult items). The value of MnSq = 1 shows that
the data is in the most ideal condition for the Rasch model specification. Therefore,
the value should fall within the acceptable range of the model, which ranges between
0.5 to 1.5 (Bond & Fox, 2012). Finally, the analysis of bias interaction between rater
and ratee, as well as the unexpected responses, was examined to further confirm the

results of the overall performance of each facet.

3.8. Validity and Reliability

The summary statistics from the analysis, as shown in Table 4.1, provide a
comprehensive overview of the performance and interactions among the three key
facets involved in the assessment process: raters, students, and items. Each facet plays
a distinct role in shaping the outcomes, and these statistics assist in interpreting the
quality and characteristics of the measurement system. Moreover, all three facets are
combined into a single construct within a single continuum, making the comparison

meaningful and helpful (Wilson, 2005, 2023).

Table 3.5. Rasch summary statistics

Statistics Rater Student Item
N 32 31 20
Mean of logit -0.87 0.00 0.00
Standard deviation (SD) 0.16 0.34 0.43
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Standard error (SE) 0.44 0.15 0.12

Separation 2.85 2.24 3.55
Strata 4.13 3.32 5.07
Reliability 0.89 0.83 0.93
Significance (probability) (p) 0.00 0.00 0.00
Observed Exact Agreement (%) 36.9%
Expected Agreement (%) 32.7%
Variance explained by Rasch measures (%) 26.69%

The number of raters involved in the analysis was 32 in total, consisting of 31
students and 1 lecturer. They provided evaluations for 31 students across 20 items.
The logit scale, which informs the measures in log-odds units (logit), serves as the
common metric for estimating the severity of raters, the ability of students, and the
difficulty of items (Engelhard, 2013; Engelhard & Wang, 2024). According to the
results, the mean logit of student and item measures is centered at zero logit (0.00) as
the starting point of measurement. However, the rater facet had a mean logit below
zero (-0.87). This indicates that, on average, the instruments are able to detect the
trends in rater judgements, which is that raters tend to be more lenient than the model
expected; overall, they tended to give higher ratings than predicted.

Furthermore, the standard deviation (SD) values provide insight into the
distribution of the measures within each facet. Items exhibited the greatest variability,
with a standard deviation of 0.43 logits. This indicates a relatively wide range of item
difficulty levels. Conversely, students demonstrated a moderate standard deviation of
0.34, signifying some variation in their abilities. In contrast, raters displayed the least
variability, with a standard deviation of 0.16. This value reflects a more consistent or
similar severity level among raters. However, this consistency in ratings was
accompanied by a relatively high standard error for the rater facet at 0.44, which
signals greater uncertainty in estimating individual rater severity, though this is still
acceptable because the value is below 0.5 logit. This uncertainty is likely due to the
limited number of ratings from each rater or the uneven distribution of ratings.
Students and items had lower standard errors of 0.15 and 0.12, respectively, suggesting
more precise estimations of their measures.

The separation values help to determine how well the model can distinguish
between different levels of performance or severity. All three facets demonstrate an

acceptable to strong separation, with items having the highest separation index at 3.55.
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This high value indicates that the model was capable of differentiating around multiple
groups of item difficulty. In addition, students and raters also endorsed good
separation value at 2.24 and 2.85, respectively, indicating that the model can
distinguish between students’ abilities and raters’ severity meaningfully. These values
from separation translate into distinct strata, or statistically distinguishable levels. In
more specific, the model identified approximately five distinct levels of item difficulty
(5.07), four levels of rater severity (4.13), and over three levels of student ability
estimate (3.32).

The reliability index further supports the instruments’ quality. For all three facets,
the reliability was high, with the highest observed measure for items (0.93), followed
by raters (0.89), and students (0.83). These values reflect the consistency with which
the model can estimate the relative positions of elements within each facet. In addition,
the statistical significance of the variance in measures was confirmed, as all facets had
p-values of 0.00, meaning that the observed differences were highly statistically
significant, not due to chance.

The inter-rater reliability was determined by the observed exact agreement
between raters, and the model percentage, which showed 36.9%. Notably, this
observed agreement was slightly higher than the model’s expected agreement
percentage of 32.7%. This suggests that raters have a good agreement with each other.
Finally, the model accounted for 26.69% of the variance in the data through Rasch
measures. According to Wind and Hua (2022), a value of about 20% of the variance
is evidence of “close enough” unidimensionality. While this may seem modest, the
proportion is reasonable in the context of complex human ratings, where factors such
as individual interpretation, contextual variability, and subjective judgement often
contribute to unexpected variance.

Overall, these summary statistics indicate the good reliability and validity of the
instrument, as well as the effective functioning of the MFRM model in accounting for
and adjusting the inherent variability among raters, students, and items. The model’s
estimates were statistically significant and showed high reliability and meaningful

separation, suggesting that the data can be interpreted fairly and meaningfully.
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CHAPTER 1V
FINDINGS AND DISCUSSIONS

This chapter presents the findings derived from the Many-Facets Rasch analysis. The
discussion begins with a comprehensive examination of the summary statistics, including
measures such as means, reliability, standard deviation, and separation indices, among
others. The initial reports of descriptive statistics are intended to establish the fundamental
properties of the dataset, thereby ensuring its adequacy for subsequent interpretation.
Following this, the analysis of variable maps, fit statistics, bias, and unexpected responses
was discussed. In addition, the interpretation of the results is guided by the research
questions in the discussion section. Each answer to the research question will be presented
through the lens of the Cyclical Self-assessment and Assessment-as-Learning model,

respectively. Finally, relevant academic literature enriches the discussion.

4.1. Findings
4.1.1 Summary Statistics
Table 4.1 presents the overview of the statistical analysis of the Many-Facet Rasch Model
(MFRM), including three facets of raters, students, and items. The Item facet consists of
four dimensions of the self-assessment practice scale (SaPS): SEFM (seeking external
feedback through monitoring), SEFI (seeking external feedback through inquiry), SIF
(seeking internal feedback), and SR (self-reflection).

Table 4.1. The statistical overview of the MFRM analysis.

Statistics Raters Student SEFM SEFI SIF SR
Measure

Mean -0.87 0.00 0.00 0.00 0.00 0.00

SD 0.47 0.38 0.45 0.69 0.05 0.47
FAM

Mean 3.81 3.82 3.78 3.53 3.82 4.10

SD 0.31 0.26 0.25 0.48 0.03 0.17
SE 0.16 0.34 0.13 0.12 0.13 0.16
Outfit MNSQ

Mean 0.99 1.00 1.03 1.00 1.00 1.03

SD 0.45 0.37 0.17 0.15 0.12 0.15
Infit MNSQ

Mean 0.99 1.00 1.02 0.99 0.99 1.00
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SD 0.45 0.39 0.24 0.19 0.14 0.13

Outfit ZSTD

Mean -0.4 -0.2 0.2 0.0 0.0 0.3

SD 2.5 22 1.1 1.1 0.9 0.8
Infit ZSTD

Mean -0.3 -0.2 0.0 -0.1 -0.1 0.0

SD 2.5 2.3 1.5 1.4 1.0 0.8
Strata 4.13 3.32 4.65 7.66 0.33 4.00
Separation 2.85 2.24 3.24 5.49 0.00 2.75
Reliability 0.89 0.83 0.91 0.97 0.00  0.88
Inter-rater reliability

Observed Exact Agreement 36.9%

Expected % 32.7%

SD = Standard deviation, SE = Standard error, FAM = Fair average measure.

The total number of raters involved in the analysis was 32, comprising of 31
students and 1 lecturer. They provided evaluations for 31 students across 20 items.
The measure values of raters -0.87 (0.47) and students 0.00 (0.38) both indicate that,
on average, raters tended to be slightly more severe in their scoring compared to the
expected mean of zero. The fit statistics of Infit and Outfit MNSQ remain close to 1.00
(0.99 — 1.03), showing that both raters and students conformed well to the Rasch
model expectations. Furthermore, the mean value of ZSTD in Infit and Outfit
measures is close to zero (ranging from -0.4 to 0.3), which further confirms the
absence of substantial misfit. In addition, reliability indices are high for both raters
and students, which are 0.89 and 0.83, respectively. With separation and strata indices
for both raters and students being 2.85 (4.13) and 2.24 (3.32), respectively, it is
suggested that the model was able to reliably distinguish between levels of severity
among raters and performance among students.

Furthermore, across four dimensions of the items (SEFM, SEFI, SIF, SR), the
mean of Fair Average Measure (FAM) values ranged from 3.53 to 4.10. This value
indicates a relatively high endorsement of self-assessment practice among
participants, with the SR dimension (M =4.10, SD = 0.17) demonstrating the strongest
presence. The fit statistics of Infit and Outfit MNSQ for all dimensions remain close
to 1.00, with standard deviations below 0.25. This suggests that the items within each
dimension fit well with the Rasch model expectation and function consistently (Eckes,

2015). Similarly, the Infit and Outfit ZSTD values fall close to 0, further confirming
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the validity of the measurement across dimensions (Eckes, 2015; Engelhard & Wang,
2021).

The Separation indices that ranged from 0.00 (SIF) to 5.49 (SEFI), together with
their corresponding reliability values from 0.00 in SIF to 0.97 in SEFI, indicate
variability in the instrument’s ability to distinguish among different levels of students'
performance across dimensions. Notably, SEFI demonstrates the highest reliability
(0.97), suggesting strong discriminating power, while SIF, on the other hand, shows
no effective separation, indicating limited variability among participants in this
dimension. This is an understandable and reasonable result, as the items in the SIF
dimension prompt participants to reflect on their self-assessment based on internal
feedback, which is inherently personal. This helps explain the uniform answers that
emerged from participants, why they may struggle to evaluate these items, particularly
when the task involves judging others whose internal feedback processes cannot be
directly accessed by peers and teachers (Yan, 2022). Moreover, the inter-rater
agreement shows 36.9% observed exact agreement and 32.7% expected agreement.
The close percentage ranges between these values showed enough level of agreement
between the raters, where raters have a common perspective for assessing the quality

of assessment.

4.1.2 Variable Map and Person Fit

In the FACETS software result, the variable map (i.e., Wright map) illustrates the logit
value of students’ ability level, the discrimination of item difficulty, and the severity
or leniency tendency of raters, on the same measurement construct. Wright’s map
provides a comprehensive view of the data distribution, which is very helpful for
seeing a snapshot of the overall data and immediate comparison among each rater's
assessment tendencies, as well as direct comparison between the facets (Boone, 2020;
Eckes, 2015).

In the FACETS program, to obtain a comprehensive picture of the characteristics
of each rater group, the analysis was conducted in two stages: a combined analysis
and a separate analysis of each facet. The combined analysis contains overall data that
includes all raters in one model (self, peer, teacher). On the other hand, the separate
analysis utilizes the Self dataset, which includes only data from self-ratings, and the
Other-raters dataset, which comprises data from peer and lecturer ratings. This
separation was made to observe the characteristics and tendencies of each group of

raters in further depth. Figure 4.1 displays the variable map of the combined analysis.
35



Figure 4.1. Variable Map (Combine)
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Three facets were calibrated, and the first column of Figure 4.1 illustrates the
logit scale that emerged from the data, which ranges from -2 to 2 logits. The logit scale
indicated the position of each facet (student, item, rater). The second column shows
the location of the ratee (students) on the map, which informs the estimated
proficiency level of their self-assessment performance. Each students were rated by 3-
4 raters, including the teacher. Students' abilities ranged from those of high-achieving
students at the top to those of low-achieving students at the bottom (Linacre, 2025).
From the map, the most able students are students’ identity of 11s, 12s, and S5s,
respectively. Meanwhile, in the lowest position of the ratee distribution is student 31s,
who stands as the least able student.

The item column shows the distribution of item difficulty. The higher the item is
positioned on the map the more difficult it is, according to participants. Conversely,
the lower the item is positioned, the less difficult it is. Item SEFI1 (Seeking External
Feedback through Inquiry number 1) is the most difficult item to agree with, according
to participants. Followed by item SR3 (Self Reflection number 3), which stands as the
easiest one.

The next column displays the rater location, ranging from the most severe rater
to the most lenient rater. At the top (rater 5) is the most severe rater compared to the
raters at the lowest end of the map (raters 14, 22, and 32), being the most lenient. As
seen from the map, the center position of the raters’ severity distribution is around the
-1 logit. When the data is in (-) logits, it represents leniency or overestimation in rating.
On the other hand, when the data is positioned in (+) logits, it indicates the severity or
underestimation in rating (Eckes, 2015; Engelhard & Wang, 2024). Thus, the majority
of raters demonstrate generosity in terms of judging the students’ self-assessment

behavior.
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Figure 4.2. Variable Map (Self)
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Moving on to Figure 4.2, a variable map derived from the Self-raters dataset is
presented. The logit scale column reveals that the data ranges from -2 to 2 logits. Next,
the ratee column reflects the students' ability levels, with three students ranked at the
top (14, 15, 26) and three students at the bottom of the map (19, 21, 25). When
compared to the combined data, there is a difference in the ranking position of student
ability on self-rating. Meanwhile, in the rater column, rater 25 is identified as the most
severe rater, while rater 14 is the most lenient one. This makes sense when rater 25 is
harsh toward herself, her position in the ability estimate is the lowest, as she is the most
severe rater among the others. The same applies to rater 14. She is very generous in
rating herself, which makes her stay at the top in the ability estimate. Both extreme
raters in this dataset are female, each from a different province, and have distinct
socioeconomic backgrounds. Thus, it can be said that diverse demographic
characteristics among raters suggest no specific identity.

Furthermore, for the item column, the map indicates that item SEFI1 (Seeking
External Feedback through Inquiry number 1) remains the most challenging item to
agree with, followed by items SR2 and SR3 (Self Reflection number 2 and 3), which
are the easiest. Thus, except for student 25, who showed underestimation in her rating,
and students 19 and 21 (who showed the average rating on themselves), the rest of the
students assessed themselves showed overestimation in their ratings, as indicated on

the Wright map.

Figure 4.3. Variable Map (Others)
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Lastly, Figure 4.3 displays a variable map from students that is being rated by
others (peers and a teacher). In this figure, the logit scale is still ranging from -2 to 2
logits, just as in the two previous figures. However, there is a change in students' ability
estimates, with student 9 being at the top and student 31 at the bottom. The same goes
for the rater severity estimates. At the top, rater 31 is the most severe, while rater 32 is
the most lenient one. Since this map displays assessments done by others, there is no
self-assessment data in this section. Therefore, student 31, being the most severe rater,
has nothing to do with his own ability in the ratee column. Student 31 is very severe in
terms of rating his peers. At the same time, he is rated severely by his peers, which
places him at the lowest in terms of ability estimates. Meanwhile, rater 32, the most
lenient one, is the lecturer. This showed that the lecturer is very lenient in assessing
students’ self-assessment practice compared to their peers.

Meanwhile, for item difficulty level, SEFII (Seeking External Feedback through
inquiry number 1) is the most challenging item, followed by SR3 (Self Reflection
number 3) as the easiest item. Interestingly, SEFI 1 is consistently staying at the top
for the most challenging item across all three datasets. Turns out every rater disagree
towards this statement “saya/ teman ini/ mahasiswa ini meminta feedback dari dosen
mengenai performa belajar” (1 ask my teachers to give me feedback about my
performance). Similarly, item SR3 also consistently stayed at the bottom as the easiest
item to agree with. The item is from SR (Self Reflection) dimension that says ‘jika ada
bagian yang membuat saya/teman ini/mahasiswa ini ragu setelah menyelesaikan
tugas, saya akan memeriksanya kembali” (any areas | am unsure of after finishing my
work, I go over again). This might indicate that students are more familiar with internal
self-checking as a learning habit rather than asking external feedback, as indicated by

the previous item.
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Interestingly, among self-raters, item SR2 is also being the easiest item to agree
with. The item is “saya mempertimbangkan apakah komentar dari orang lain (dosen,
keluarga, atau teman) tentang tugas yang saya kerjakan masuk akal dan bermanfaat
bagi saya (I think about how much sense the comments of other people (e.g., teachers,
family members, friends) regarding my work make to me). This item sounds almost
general, and there is a possibility that participants may not understand the item
specifically within the self-assessment context. Moreover, considering the Indonesian
collectivist culture, where people tend to act upon maintaining social harmony, it is
natural that the item is easily agreed upon by participants.

From the analysis of these variable maps, it can be concluded that each group of
assessors has varying assessment tendencies. Table 4.2 summarizes the
severity/leniency tendencies of raters from the three variable maps. The distribution of
the severity level of the Self group is 1.14 logits, ranging from 0.52 (rater 14) to -0.62
(rater 25), In comparison, the distribution of the severity level of the Others group is
2.13 logits, twice as much as the distribution of the Self group, ranging from 0.17 (rater
31) to -1.96 (rater 32). With a mean Logit measure of -1.04, the Others group (peers
and teachers) is more generous than the Self group, with a mean Logit measure of 0.00.
Meaning that, students are more generous when judging their friends compared to

themselves. In addition, the lecturer is most lenient in judging students' performance.

Table 4.2 Rater severity measure across groups.

Rater Measure Measure Measure
(Combine) (Self) (Peers & teacher)
1 -1.62 0.34 -1.65
2 -0.87 -0.17 -1.38
3 -0.56 -0.14 -0.72
4 -0.56 -0.03 -0.85
5 -0.04 -0.17 -0.67
6 -1.26 -0.14 -1.85
7 -0.62 0.04 -0.41
8 -0.77 0.30 -0.91
9 -1.22 0.21 -1.60
10 -0.86 -0.07 -0.57
11 -0.47 0.08 -0.52
12 -0.49 -0.10 -1.20
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13 -0.29 0.12 -0.08

14 -1.75 0.52 -1.80
15 -1.55 0.44 -1.45
16 -0.94 -0.03 -1.56
17 -0.60 -0.07 -0.15
18 -1.28 0.25 -1.69
19 -0.51 -0.40 -0.82
20 -0.75 -0.03 -1.13
21 -0.78 -0.47 -1.37
22 -0.51 -0.37 -0.49
23 -0.97 0.08 -1.31
24 -0.89 0.01 -0.77
25 -1.47 -0.62 -1.14
26 -1.56 0.39 -1.76
27 -1.84 0.30 -1.85
28 -0.66 -0.24 -0.59
29 -0.66 0.30 -0.51
30 -0.48 -0.21 -0.74
31 -0.32 -0.14 0.17
32 -1.69 - -1.96
Mean -0.87 0.00 -1.04

Moreover, fit analysis describes how well the data align with the expectations of
the model. The Infit and Outfit statistics of MNSQ are usually used to inform about
data that does not fit the expectation of the model, either from individuals or from
items. However, for reporting purposes, only the Outfit statistic values need to be
presented (Boone et al., 2014; J. M. Linacre, 2025). Therefore, using these statistics as
a guide, a fit analysis of the model data was conducted.

Table 4.2 presents a summary of the rater misfit, which indicates Outfit MnSq
values outside the ideal limits. The first column displays the information of the raters,
who identified that seven out of 32 raters indicated that they were unfit. Of the seven
identified, five indicated misfit (R31, R29, R3, R30, and R1) and two indicated overfit
(R7 and R13). Misfit indicates an unexpected pattern of response resulting from
inconsistency in answers. In addition, overfit indicates too predictable answers,

commonly caused by less variety in scoring or overly consistent responses in a certain
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category (Aryadoust, 2016). The demographics of the participants consisted of four
males and three females, representing different cities and having diverse
socioeconomic backgrounds. It can be concluded that demographics did not determine

the participants' scoring tendencies in this matter.

Table 4.3. Person Fit Statistics

Rater Infit MnSq Outfit MnSq PtMea
R7 0.23 0.23 0.40
R13 0.41 0.42 0.38
R31 1.52 1.52 0.09
R29 1.75 1.74 0.30
R3 1.91 1.84 0.44
R30 1.87 1.99 0.45
R1 2.01 1.97 0.43

The findings from misfit and overfit among some raters suggest that not all raters
or students understand and respond to the items in a consistent manner (Engelhard &
Wind, 2018). This reflects the variations in individual appraisal habits that may be
influenced by understanding of the instrument, self-reflection keenness, or appraisal
tendencies. By understanding these tendencies, students can determine their next steps
more specifically, and institutions can design interventions that suit these needs.

All in all, the trend of the three variable maps analysis indicated that there was a
difference in scoring patterns among rater groups, each in the estimates of the ability
of the students, the difficulty of the items, and rater severity or leniency. Self-raters
were excessive in rating themselves, whereas others (peers and teachers) gave slightly
varied judgments, although conservative in their approach. Additionally, fit analysis
shows that most of the raters fit the model reasonably well, even though some of the
raters fall slightly above and below the acceptable range (Engelhard & Wang, 2024).
Overall, the model makes an important contribution by helping to systematically

identify individual assessment tendencies.

4.1.3 Item Measurement Report
Table 4.4 displays the difficulty measures, fair average measure (FAM), standard error
(SE), and MNSQ infit and outfit indices of the scoring criteria. The difficulty level of
the assessment criteria shows a distribution of 2.01 logits, which is 0.43 logits wider

than the distribution of student ability. The separation statistic has a value of 3.55 with
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a strata of 5.07, or equivalent to 5 groups of item difficulty levels. Then, the standard
error value of the difficulty level estimation falls within the range of 0.10 to 0.14,
indicating a relatively high level of precision (Aryadoust, 2016). Furthermore, the
differences in values between the observed average and the fair average measure for

each item are relatively small for the majority of items, indicating stability.

Table 4.4 Item Measurement Report

Item Observed FAM Measure SE Infit Outfit
average (Logits) MnSq MnSq
SEFM1 3.57 3.57 0.37 0.11 0.86 0.85
SEFM2 3.61 1.61 0.32 0.11 0.73 0.71
SEFM3 3.51 3.51 0.44 0.11 1.16 1.17
SEFM4 4.05 4.05 -0.33 0.13 0.98 0.99
SEFM5 4.09 4.09 -0.39 0.13 1.39 1.31
SEFI1 2.86 2.81 1.19 0.10 0.72 0.76
SEFI2 3.41 3.39 0.57 0.11 1.46 1.47
SEFI3 4.07 4.07 -0.36 0.13 0.82 0.88
SEFI4 3.80 3.79 0.06 0.12 1.22 1.24
SIF1 3.76 3.75 0.12 0.12 1.11 1.16
SIF2 3.78 3.77 0.09 0.12 1.44 1.45
SIF3 3.73 3.73 0.16 0.12 1.56 1.61
SIF4 3.80 3.79 0.06 0.12 0.89 0.92
SR1 4.13 4.13 -0.46 0.13 0.79 0.77
SR2 4.19 4.20 -0.59 0.14 0.91 0.90
SR3 4.31 4.32 -0.82 0.14 0.68 0.71
SR4 3.97 3.97 -0.20 0.12 0.73 0.78
SRS 3.72 3.71 0.17 0.12 0.72 0.74
SR6 3.91 3.91 -0.11 0.12 1.04 0.99
SR7 4.03 4.03 -0.29 0.13 0.64 0.65

Note. FAM = Fair average measure

Meanwhile, for item fit statistics, only one item was detected to have a misfit,
which is item SIF3 with an Infit MnSq of 1.56 and an Outfit MnSq of 1.61, exceeding
the threshold of 1.5 (Engelhard & Wind, 2018). This item is part of Seeking Internal
Feedback dimension which written as “kondisi fisik saya/teman ini mencerminkan

seberapa baik dia belajar.” This indicates that the pattern of responses to this item is
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inconsistent and deviates from the model predictions. Given the fact that the SIF
dimension is a very personal and internal aspect, when this reflective effort is assessed
by others, it is very likely that there will be a discrepancy in perception (Yan, 2022).
This item requires the rater to make a judgment regarding a person's internal cognitive
process only through external observations. Therefore, the misfit of this item reflects
the natural limitation of evaluating internal aspects through external observation.
Table 4.5 displays the statistics related to rating scale categories, which ranged
from category 1 (strongly disagree) to category 5 (strongly agree). The average
measure for each category is showing a gradual increase from -0.02 to 1.42, indicating
a consistent improvement (Bond et al., 2021; B. D. Wright, 1994). For the Outfit
MNSQ values, each category has a value close to 1, ranging from 0.9 to 1.1 value. This
indicates that the five categories have a good fit validity (Boone et al., 2014; Linacre,
2025). Moreover, the Rasch-Andrich thresholds also displayed a consistent
improvement from low to 1.72. This indicates that the raters had a clear understanding
of the rating scale categories. In addition, the probability curve in Figure 4.4 showed a
slight overlap between category 1 (strongly disagree) and category 2 (disagree).

However, it most likely happened due to limited usage of the category.

Table 4.5. Rating scale category statistics.

Rating scale Total Percent  Average Expected Outfit Rasch-

category measure  measure MNSQ  Andrich
Thresholds

1 (strongly disagree) 42 2% -0.02 -0.12 1.1 low

2 (disagree) 153 7% 0.33 0.25 1.1 -1.22

3 (neutral) 468 23% 0.55 0.62 0.9 -0.68

4 (agree) 875 43% 1.01 1.00 1.0 0.18

5 (Strongly agree) 519 25% 1.42 1.41 1.0 1.72

43



Figure 4.4. Rating scale probability curve
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4.1.4 Bias Interaction Analysis Report
To examine the interaction between students and raters under the Many-Facet Rasch
Model, a bias analysis was performed. This analysis informs whether particular raters
are biased against or toward particular students (Aryadoust, 2015; Eckes, 2015;
Engelhard & Wang, 2021). This discrimination is partisan and does not necessarily
imply that the overall estimate of the rater is an invalid judgment. Bias can be generally
detected by referring to the Bias/Interaction report, where the interaction value should
be marked as notable when the ¢ value is greater than 2.00 and the probability index is
less than 0.05 (Boone, 2020; Boone et al., 2014). Table 4.6 shows only the bias
interactions that occur between raters and ratees, determined by the ¢ value, probability

index, bias size, and outfit MNSQ value (Myford & Wolfe, 2003, 2004).

Table 4.6. Bias Interaction between Rater and Ratee

Rater Ratee tvalue P value Bias Outfit Interpretation

Measure MnSq

32 31s -3.86 0.00 -0.91 0.6 severe/underestimation
31 29s -3.34 0.00 -0.77 1.8 severe/underestimation
29 30s -2.70 0.01 -0.63 1.3 severe/underestimation
32 17s -2.59 0.01 -0.71 0.8 severe/underestimation
21 21s -2.36 0.03 -0.55 1.3 severe/underestimation
12 12s -2.18 0.04 -0.56 0.6 severe/underestimation
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16 17s 2.02 0.05 0.64 0.6 lenient/overestimation

32 12s 2.05 0.05 3.59 0.0 lenient/overestimation
32 16s 2.05 0.05 0.92 1.3 lenient/overestimation
12 11s 2.23 0.03 0.79 1.0 lenient/overestimation
32 30s 2.60 0.01 1.09 0.8 lenient/overestimation
29 29s 2.94 0.00 0.87 1.1 lenient/overestimation
31 31s 3.68 0.00 0.93 1.3 lenient/overestimation

Thirteen interactions demonstrate bias, both positive bias (lenient/overestimation)
and negative bias (severe/underestimation). A t-value > 2.00 and p < 0.05 indicates
that the interaction is statistically significant. Of the 13 bias interactions, surprisingly,
five of them came from rater R32, who is a lecturer. Of the five interactions, it was
detected that the lecturer rated severely twice to ratee 31s and 17s, and three times
rated leniently to ratee 12s, 16s, and 30s. Particularly for ratee 12s (see Figure 4.5), the
bias measure of 3.59 is a very extreme value, which indicates guessing or a fixed rating
(always give a 5 rating) given by the rater. This shows that the lecturer might use
students’ general performance to determine their self-assessment behavior practice
instead of direct observation.

Figure 4.5 Bias interaction graph.

Bias interaction:Rater & Ratee

RATEE
NN RS PN A A
1
0
-1
& -2
E -3
-4
-5
-6
—_12 16 e———21 29 3] —32

Furthermore, three student raters exhibited bias twice each (R31, R29,
and R12), and two raters showed interaction bias towards one ratee each (R16 and
R21). Interestingly, raters R31, R21, R29, and R12 showed self-bias, which means
they tend to evaluate themselves harshly or generously. Raters R31 and R29 are male
raters, and they demonstrate an overestimation bias in their judgments. Meanwhile,

raters R21 and R12, both female, demonstrate underestimation in their self-
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4.1.5

judgments. This phenomenon shows the existence of variations in self-assessment
patterns that may be influenced by individual or cultural factors (Tandiono &
Limijaya, 2025).

The findings of bias indicate that neither lecturers nor students are completely free
from subjective tendencies when conducting assessments. Moreover, the presence of
self-bias, both in the form of underestimation and overestimation, suggests that self-
assessment practices are not always carried out objectively, however, it can be
developed over time (Boud et al., 2013). Both of these reflect that the process of self-
assessment, when evaluated by others in a higher education environment, can be
influenced by many factors, and the goal is to manage these factors so that they can

bring good to the enhancement of future learning.

Unexpected Responses

In Rasch analysis, participant responses that deviate from model predictions are termed
unexpected responses. When there are unexpected patterns of answers, such as when
the same rater, ratee, or item appears multiple times on the list, this is an indication of
local discrepancies that should be carefully investigated (Eckes, 2015; Engelhard &
Wang, 2024). From the analysis, out of a total of 2057 responses, 85 responses (4.1%)
were classified as having unexpected responses (Bond & Fox, 2012). Among them, 12
responses (0.5%) were associated with absolute standardized residuals > 3, and 73
responses (3.5%) were associated with absolute standardized residuals > 2 (refer to
Appendix 4).

In addition, the majority of the responses (74 cases) fall under the under-value
category, which means the rater assigned a lower score than the model expected.
Meanwhile, the rest of the response (11 cases) falls under the category of over-value,
meaning the rater assigned a higher score than the model expected. This explains the
rater's tendency to give a lower score than expected is more dominant than the other
way around. However, the detected percentage of the unexpected responses was too
small, under 5%. Thus, it indicates that all raters had made a detailed and careful
assessment (Mohamat et al., 2022).

Table 4.7 summarizes some of the most frequent responses of the unexpected for
the three facets (rater, item, and ratee). This information also adds to the understanding
of rater consistency and item quality. First, the rater column shows that there are six
raters (R3, R29, R30, R1, R19, and RS) who showed the frequency of unexpected
responses more than or equal to five times (> 5). On the other hand, raters R32 and

R31 demonstrated the most striking unexpected responses, with a frequency of more
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than or equal to ten times (> 10). This is consistent with the previous findings in the

bias analysis, where the lecturer (R32) showed extreme judgment patterns.

Table 4.7. Summary of Unexpected Response

Rater Item Ratee
Rater Frequency Item Frequency Ratee Frequency
R3, R29, >5 SIF3, >3 3s, 30s, 8s, >5
R30, RI19, SEFMS, 29s, Ss,
R1,RS5 SEFI2, 31s, 20s
SEFM3,
SEFI4,
SIF1, SIF2,
SEFM4
R32, R31 >10

Furthermore, eight items (SIF3, SEFMS5, SEFI3, SEFI4, SIF1, SIF2, and SEFM4)
showed a high frequency of unexpected responses. Five of these items are part of the
Seeking External Feedback dimension, and the other three are part of the Seeking
Internal Feedback dimension. This indicates that unexpected responses are more
common in indicators that require the action of seeking feedback or reflective
processes.

Finally, in the case of ratee, there were seven students who received a number of
unexpected responses (3s, 30s, 8s, 29s, 5s, 31s, and 20s). The frequency of unexpected
response patterns received by these seven ratees is quite high, about more than or equal
to five times (> 5). This finding suggests that there are considerable perceptual
differences between raters, which might be due to the profile or performance of the
ratee.

The emergence of these findings reinforces previous interpretations that in the
context of assessing self-assessment practices involving external assessors, there is a
variation in responses that cannot be fully explained by the model. The fact that
dimensions emphasizing both internal and external feedback seeking elicited more
unexpected responses is a sign that it is likely that these dimensions have not yet
become a part of study habits by the majority of the students involved. This can be an
indication of passive action in learning habits demonstrated by university students

within this context.
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In general, this section of the results demonstrated that the SaPS instrument and
the Many-Facet Rasch Model analysis manage to disclose the intricate nature of self-
assessment practice in higher education. The technical results of reliability levels,
ability distributions, model fits, and the existence of bias and unanticipated reactions
have given a descriptive view of how students, colleagues, and lecturers respond to the
assessment activities. Nevertheless, most importantly, these results create an opening
for reflection that self-assessment cannot simply be a matter of using valid assessment
instruments, but is also a question of personal willingness to reflect sincerely, to master
the assessment indicators, and to receive and provide feedback constructively. The
remainder of the next section will therefore be devoted to answering the four research
questions based on these findings, thereby enhancing the understanding of the practice

of self-assessment by different assessors.

4.2. Discussions

RQ1: How does SaPS perform psychometrically and unidimensionally when used
by three distinct rater groups to assess students’ SA practices?

To address this question, the analysis focused on three major psychometric indicators,
which are reliability, separation indices, and unidimensionality. The analysis results
based on the Many-Facet Rasch Model (MFRM) demonstrate that the Self-assessment
Practice Scale (SaPS) instrument can be described as having good psychometric
properties. It functions unidimensionally when used to assess self-assessment practice
by the three rater groups. Several important measures are calculated in the foundation
of this evaluation, which are reliability, separation for each facet, and
unidimensionality tendency of the instrument.

First, regarding reliability, the index values that have been obtained on the
three main facets of the assessment system, namely, raters, students, and items, are
high. Evidenced by the value of Item reliability reached 0.93, rater reliability reached
0.89, and student reliability reached 0.83. These figures indicate that the instrument is
relatively stable for measuring variance between individuals and between items
(Eckes, 2015; B. Wright & Stone, 1999). To simplify, the model can distinguish well
which students perform higher or lower in terms of self-assessment practice, which
raters are more or less strict, and which items are more or less enjoyable.

Secondly, the separation ability is also relatively good in the instrument. The
item differentiability values were 3.55, student 2.24, and rater 2.85. These values can

be interpreted in terms of the number of strata (statistically distinguishable levels of
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difference), which correspond to approximately five levels of item difficulty (5.07
strata), more than three levels of student ability (3.32 strata), and four groups of rater
strictness (4.13 strata), respectively. This implies that the instrument not only has a low
level of inconsistency but is also sensitive enough to detect true differences between
the groups (B. Wright & Stone, 1999).

Third, the Rasch model successfully explained 26.69 percent of the total
variance of the data, which is quite good in the context of complex human-based
assessments. Wind and Hua (2022) noted that a threshold of 20 percent of the explained
variance qualifies as initial evidence of unidimensionality - that is, most items in the
instrument were related to the same construct, self-assessment practices. While this
value is not perfect unidimensionality, this finding suggests that the SaPS construct is
relatively precise and consistent in measuring one key dimension in total. For instance,
the variable map shows that the item that presented the greatest challenge for
participants to agree with was SEFI1 (Seeking External Feedback through Inquiry 1),
while items SR3 and SR2 (Self-Reflection number 3 and 2) were the most agreeable
among participants. This indicates a difference in difficulty between the items and is a
characteristic of a psychometrically sound instrument. Moreover, rating scale statistics
also shows that the categories are easily understood by raters.

Taken together, these results indicate that the instruments produce stable
measures across raters, students, and items; also, they function unidimensionally when
applied across self, peer, and teacher assessment. Even though the rater measurements
are somewhat more uncertain (this is evidenced by the large standard error values), this
can be attributed to the fact that there is a limited number of observations per rater (the
rater does not assess all students in the class). However, the value 0.44 of SE is still
within the acceptable range. Thus, the overall results suggest that the SaPS can be

viewed as a good and valid instrument for assessing students' self-assessment practices.

RQ2: How do self, peer, and teacher assessments differ in the way they assess
students’ self-assessment practice?

Building on evidence that SaPS functions reliably across rater groups, the next step is
to examine how assessment differs in their scoring patterns among self, peer, and
teacher. The findings of this study reveal that there are diverse scoring patterns
between the self-, peer-, and teacher-assessments, respectively. This is reflected in the
logit distribution of the combined map variable which shows that although all three
rater groups tend to give higher scores than the model predicted (lenient), the logit

mean of the others (peer and teacher) rater group is lower (-1.04) than that of the self-
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group (-0.89). This explains that within the construct of the logit, external raters are
more generous than students themselves in evaluating their self-assessment practices.
Furthermore, from the Wright map visualization, it is observed that teachers (R32)
often give higher ratings to students more frequently than peers. This is evidenced by
the lowest logit value owned by the teacher, which is -1.96 logit. This finding suggests
that in the context of practical self-assessment, students actually show a relatively
stricter action in examining their own performance.

Based on the Cyclical Self-assessment theory, there are four steps in the self-
assessment cycle: determine the criteria of success, seek feedback (both internally and
externally), self-reflection, judgment, and calibration (repeat the cycle after the
judgment process) (Yan & Brown, 2017). Therefore, the fact that students are severe
toward themselves in self-assessment might indicate the high standard of success
criteria they set for themselves. This high standard might be caused by too specific
criteria or too general criteria; thus, further investigation should be conducted to verify
this. Furthermore, the process of actively seeking feedback and self-reflection is a core
part of the self-assessment cycle. Therefore, the finding that students were stricter in
their self-assessment could be interpreted that students are not yet fully accustomed to
making adjustments between internal perceptions and external standards, or the
calibration process. In this context, students may face difficulties in understanding
their own performance indices. This resonates with the findings of Panadero et al.
(2016), who emphasized the importance of metacognitive skills in this process.

In addition, this difference was also seen in the tendency of answers for certain
items. For example, item SEFI1 (Seeking External Feedback through Inquiry) was
consistently awarded as the most difficult item in the eyes of all rater groups, including
self, peers, and teachers. However, despite this, the level of agreement from each rater
group remained different. For example, teachers tended to agree more with the item
than students. In contrast, students and peers tended to disagree more with this item.
This means that students' and teachers' perceptions of feedback seeking are likely to
differ. Teachers may feel that students have demonstrated this behavior, but students
feel otherwise. Another interpretation is that teachers might use students' general
performance to assess this item, which does not necessarily reflect a particular
behavior. This means that it is important for both students and teachers to have good
feedback literacy to achieve alignment of understanding (Dawson et al., 2024; Yang

et al., 2025). Thus, this kind of information tells us which area to improve.
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The differences in perceptions and interpretations of self-assessment behavior
by the three groups of assessors reflect variations in expectations, understanding, and
experiences of this practice (Yan et al., 2023). This makes a strong argument that by
looking at the practice of self-assessment from multiple perspectives, factors that are
thought to influence student motivation and perceptions of this learning strategy can
be carefully addressed. If it is felt that students have no experience in this practice,
interventions can be designed around their needs. At the same time, if there are
indications of misalignment in understanding, then this may indicate that one group
needs further intervention to maximize certain practices and understandings. From the
findings, it can be concluded that all three types of raters, self, peer, and teacher raters,
are equally prone to subjectivity. This reinforces the notion that accuracy in self-
assessment should not be understood in terms of replacing teacher assessment (Boud
& Falchikov, 2006; Yan, 2022), but rather as a learning strategy that requires structural
and pedagogical support from others. Under the Assessment-as-Learning dynamic,
productive self-assessment needs metacognitive awareness, an awareness of criteria,

and the ability to seek and use feedback constructively (Yan & Carless, 2022).

RQ3: What kind of judging behaviors or rating patterns exist among raters?

To understand the rating behaviors underlying self, peer, and teacher assessments, this
study examined the bias interaction, fit statistics, and unexpected responses. These
analyses suggest that perceptual differences between rater groups arise not only from
differences in judgment levels but also from different patterns of judgment behavior
and biases. There is clear evidence that both self-raters and other-raters exhibit various
types of inconsistencies and personal tendencies, which indicate the way they make
judgments.

For instance, rater 32 (the teacher) showed five significant cases of interaction
bias, both in the form of overestimation and underestimation towards some students.
Moreover, the teacher shows an extreme leniency towards some students, which
indicates a superficial evaluation based on the general performance. This shows that
even teachers, who are often considered the gold standard in assessment (Panadero et
al., 2016), are also prone to bias. Limited involvement, particularly when the teacher’s
role is to provide generative feedback is contributes to the misalignment of the criteria
understanding. In addition, inaccuracies in teacher assessment can occur due to limited
involvement in this process. This finding resonates with the study of Van Zundert et
al. (2010), which shows that the quality of student and teacher assessments depends

heavily on a shared understanding of the criteria used. Limited involvement,
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particularly when the teacher’s role is to provide generative feedback, contributes to
the misalignment of the criteria understanding between the two.

On the other hand, some students also exhibited self-bias, both in the form of
underestimation or overestimation, indicating notable differences in their evaluation.
If referred to the self-assessment cycle, the bias that emerged from some students
indicates the suboptimal implementation of the overall stages within the cycle. This
could be due to the absence of clear assessment criteria from students, a lack of effort
in seeking feedback, superficial self-reflection, or a lack of reflective judgment and
calibration by the end of the process. Every stage plays a pivotal role in
complementing the overall cycle. Thus, further investigation within these areas might
be necessary.

For instance, raters 31 and 29 appeared consistently in three categories of
indicators: interaction bias, statistical fit, and unexpected responses. Yet, both appear
more than five times in the unexpected responses, showing that they rate some ratees
unexpectedly and rate some items unexpectedly (see Table 4.5). The fact that both
raters perform uniquely towards some items in every dimension (SEFM, SEFI, SIF,
SR) shows that there is irregular behavior in the way they seek feedback and use it to
reflect (see Appendix 2). From the Assessment-as-Learning perspective, actively
seeking feedback is the core of learning (Yan & Carless, 2022). Inconsistencies in this
area may reflect gaps in students’ feedback literacy, a skill Yan and Charless (2022)
identify as pivotal for effective self-assessment.

In addition, student raters also show unexpected behavior when rating their
peers as shown by the unexpected rating scores. This suggests that they might have
understood feedback seeking action differently, or probably the same as the teacher,
they might evaluate their peers primarily on their general performance rather than
specific criteria (Myford & Wolfe, 2003). Interestingly, gender also appeared to
influence rating patterns, this is evidenced by two male raters tended toward self-
overestimation, while two female raters leaned toward underestimation. Although this
is not the central finding, this suggests that judgment-making may be shaped by
personal and cultural identities (Carless & Boud, 2018; Tandiono & Limijaya, 2025),
an important consideration in a cross-cultural education context.

In summary, the findings reveal how the process of judgment is carried out by
various parties (self, peer, teacher). Showing that not only do the results of the
assessment differ, but the way of judging also contains certain tendencies and patterns.

Recognizing and addressing these patterns is essential for students, as it can enhance
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the effectiveness of the self-assessment as a learning strategy, while for lecturers, it

can improve the fairness and pedagogical value of assessments.

RQ4: In what ways do students’ self-assessments reveal opportunities or challenges
for using self-assessment as a learning strategy?

An analysis of university students’ response patterns provided important insights into
the opportunities and challenges of using self-assessment as a learning strategy.
Evidence from the variable map, fit statistics, and unexpected responses revealed that
there were consistent trends in the way students assessed themselves through certain
items. This analysis of students' responses is a reflection of students' understanding,
comfort, or even resistance to the learning reflection process.

One of the most notable findings was the position of item SEFI1 (Saya
meminta feedback dari dosen mengenai performa belajar saya/ I ask feedback from
the teachers), which appeared consistently across all three variable maps as the most
difficult item to agree with, each by students, peers, and lecturers. This pattern
indicates that most students are not yet fully engaged in the practice of seeking
feedback from teachers. Compared to the other item in the same dimension, for
instance, item SEFI 2 (Saya meminta saran dari anggota keluarga mengenai tugas
kuliah saya/ I ask my family members to give me advice on my work), which is the
second hardest item to agree with, it can be seen that students are genuinely find asking
for feedback from teachers is more challenging than having them from family
members. This highlights a specific discomfort or hesitation associated with teacher-
student feedback interactions, potentially linked to cultural or institutional dynamics.

As noted by Chong (2021), student engagement with feedback is determined
by the interaction of contextual and individual factors from ecological standpoints.
Contextual factors in the traditional feedback environment include limited access to
the teacher, large class size, power imbalance between students and teachers,
insufficient details in comments, the lack of chances to resubmit the work, and the
heavy workload of the teacher (Carless, 2023; Winstone & Boud, 2022). While
individual factors include feedback literacy, learning motivation, prior experiences
with feedback, and maturity, these are what influence feedback engagement in
students (Shen & Chong, 2023). These findings imply that without addressing these
factors, student engagement with feedback remains limited. Thus, these factors need
to be addressed in order to promote students' engagement with feedback, which in turn

will result in more meaningful self-assessment practice.
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Within the Cyclical Self-Assessment framework (Yan & Brown, 2017),
seeking feedback is a crucial stage before self-reflection and judgment calibration (see
Figure 2.1). The weak agreement with item SEFII1 reflects that the learners have not
invested in the process of seeking feedback. Such obstacles may be psychological in
nature (embarrassment, fear of disrupting the lecturer), structural (no time or
mechanism exists), or epistemic (the student does not see the value of seeking
feedback). According to the study conducted by Carless and Winstone (2023), the
effectiveness of self-assessment practice hinges on the availability of a learning
environment that supports openness, psychological safety, and feedback literacy.

Coversely, item SR3 (jika ada bagian yang membuat saya/teman
ini/mahasiswa ini ragu setelah menyelesaikan tugas, saya akan memeriksanya
kembali/ any areas I am unsure of after finishing my work, I go over again) and item
SR2 (saya mempertimbangkan apakah komentar dari orang lain (dosen, keluarga,
atau teman) tentang tugas yang saya kerjakan masuk akal dan bermanfaat bagi saya/
1 think about how much sense the comments of other people (e.g., teachers, family
members, friends)), consistently ranked as the easiest item to agree with. Even though
these items are intended to address and assess self-assessment practice, there is a high
chance that participants interpret the items as in general social judgments. While these
responses indicate that students are comfortable with self-reflection, they may also
reflect general tendencies of social judgment rather than metacognitive practice.

Considering Indonesian collectivist culture, where maintaining social
harmony is heavily valued, agreement with those items may stem from conformity
and modesty norms. This finding resonates with Tandiono and Limijaya (2025), who
argued that students exhibit leniency towards friends and show modesty towards self-
assessment, driven by the need to conform to social expectations and to maintain good
relationships. This cultural dimension helps explain why students appear more willing
to engage in reflective practices that do not directly challenge hierarchical structures.
However, Gonzalez-Betancor et al. (2019) argued that in the case where self-
assessment affects final grade, students often overestimate their contribution to the
groupwork by giving themselves higher scores than peers. This illustrates the
complexity of aligning reflective habits with authentic evaluation.

Furthermore, the data presented in the results of the unexpected responses
supported findings of the earlier item analysis. It was discovered that the majority of
the unexpected responses were represented by those items in two primary dimensions:

Seeking External Feedback (both SEFI and SEFM), and Seeking Internal Feedback
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(SIF). What this implies is that the aspects of self-assessment, which demand high
metacognition and reflective awareness, have not been done accordingly by the
students. In contrast to dimensions like Self Reflection (SR), it is seen as easier to
examine, probably because of how objective and measurable it is according to the
students. This follows the findings of Yan et al. (2020) that the effectiveness of SA as
a learning strategy largely depends on how much students are engaged in meaningful
and repeated assessment processes. These dimensions, therefore, require specific
consideration when implementing such learning programs that would like to integrate
self-assessment as a significant element in learning strategies.

Taken together, the contrasting patterns between the most difficult and easiest
items to agree with reveal significant cultural and pedagogical implications. The
reluctance to seek feedback from teachers (SEFI1), despite its central role in the self-
assessment cycle, underscores a deeper issue tied to hierarchical norms, limited access,
and psychological safety, factors that are particularly relevant in the Indonesian
collectivist context. In such a culture, respect for authority and avoidance of
confrontation may discourage students from actively requesting feedback, as it can be
perceived as overstepping traditional roles between students and teachers. On the other
hand, strong agreement with self-reflection items (SR2, SR3) may reflect not just
metacognitive engagement, but also conformity and modesty norms commonly
observed in collectivist societies. These tendencies suggest that students are more
comfortable engaging in reflective behaviors that do not disrupt social harmony or
hierarchy. Consequently, to implement self-assessment meaningfully in this context,
educational programs must address both cultural values and structural limitations by
creating feedback environments that foster openness, reduce power distance, and
develop students’ feedback literacy and metacognitive awareness.

Finally, reinforcing the idea that self-assessment is not a substitute for lecturer
assessment, but a complementary strategy within Assessment-as-Learning (Yan &
Boud, 2022) is important. When fully implemented, self-assessment can equip
students not only to evaluate themselves more effectively but also to become
autonomous, reflective, and responsible lifelong learners (Boud & Soler, 2016;

Panadero et al., 2019).
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CHAPTER V
CONCLUSION

This chapter provides an overview of the research topic and the results from the

research. The discussion in this section includes five parts, namely (1) summary, (2)

conclusion, (3) study limitations, (4) suggestions, and (5) future directions.

5.1

Summary

The current study examines the application of self-assessment in the Indonesian
higher education sector by utilizing both the lenses of Assessment-as-Learning
(AaL) and Cyclical Self-Assessment Theory (Yan & Brown, 2017), using the Self-
assessment Practice Scale (SaPS) and Many-Facet Rasch Model (MFRM) for
analysis. Through self-rating, peer rating, and lecturer rating, the research presents
an empirical report of the psychometric quality of SaPS, the judgment behaviour
of various groups of raters, and possibilities of self as a viable and sustainable
learning strategy at university settings. The results showed that, although the SaPS
displayed adequate levels of reliability and unidimensionality, notable scoring
tendencies emerged. It was particularly noted that the students were highly
dependent on inner reflection and endorsed less external feedback in its pursuit.
These patterns indicate that the aspects of culture and context, i.e., the values of
social harmony in Indonesian classrooms, determine the self-assessment practices.
As argued by Boud and Soler (2016), assessment design cannot be disjointed from
its social context, as the interpretations and behaviors of learners are strongly
rooted in the cultural norms.

Unlike the self-assessment research that has been consistently studied within
Western contexts, which often emphasizes critical self-judgement and peer
dialogue (Andraden & Brown, 2016; Dawson et al., 2024; Gonzalez-Betancor et
al., 2019; Panadero et al., 2019), Indonesian students seem more comfortable with
self-introspection and less likely to engage in a more dialogical feedback process.
Similarly, in Confucian heritage contexts, studies have shown both a strong
acceptance of teacher authority and challenges in fostering student autonomy
(Aryadoust, 2015; Yan et al., 2023; Yan & Yang, 2022). Nonetheless, unlike
Confucian students who might regard teacher feedback as authoritative, Indonesian
students in the study were also reluctant to seek teacher feedback (i.e., SEFI1

emerged as the most challenging question), which may signal problems related to
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5.2

psychological safety, power distance, or a limited institutional structure for
dialogic feedback (Carless, 2023; Winstone & Boud, 2022).

This discrepancy evokes the crucial contextual issue which is that, although
the Cyclical Self-Assessment model states that seeking third-party evaluation is a
matter of the utmost importance before proceeding with the self-reflection and
calibration (Yan & Brown, 2017), the reported low practice of it in Indonesia
indicates that this cycle has yet to be fully used in practice. Rather, on the contrary,
reflection becomes the stage that the students mostly perform, and it fits into what
Panadero et al. (2019) call the common misconceptions of self-assessment as
retrospective self-reflection instead of the active feedback-seeking process. Thus,
the study showed how the preparedness of Indonesian students in reflective self-
evaluation needs to be transformed further to the communicative and feedback-
seeking constructs that should underline the regulation of metacognition and
feedback literacy (Carless & Winstone, 2023; Yan & Carless, 2022). These
findings support the idea of pedagogical interventions that create a safe feedback-
rich learning environment and directly scaffold the feedback literacy skills. Filling
these gaps, self-assessment will be a long-term learning process that helps students
to acquire independence and critical consciousness needed to engage in lifelong

learning (Boud, 2000; Boud & Soler, 2016)

Conclusion

The study underscores the importance of conceptualizing self-assessment not only
as a grading tool but as a learning strategy. Findings indicate that students in
Indonesian higher education are not accustomed to either requesting feedback
actively or proactively, while in addition, lecturer demonstrate a certain tendency
to evaluate the students rather globally, without focusing on particular behaviors.
This suggests a limited understanding of the basic principles of self-assessment,
both from students and lecturers.

This condition shows the importance of feedback literacy by both students
and lecturers in supporting the implementation of self-assessment. Students need
to be equipped with the understanding and skills to explore, request, and utilize
feedback reflectively. On the other hand, lecturers need to support this process by
providing formative and descriptive feedback, not just summative grades. The
epistemic understanding that self-assessment is a process of building knowledge

through feedback and reflection, as well as pedagogical improvements on how to
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5.3

apply self-assessment in learning practices by lecturers, needs to be strengthened
so that lecturers can assist students in this practice consciously and purposefully.

Additionally, it is further indicated in the results that self-assessment and
peer-assessment practice in the Indonesian higher education system cannot be
dissociated from collectivistic culture. In a culture where relationships between
people are important and where social harmony is reinforced, students would grade
themselves poorly to show humility, and they would grade their friends generously,
as a means of solidarity. Such an attitude is not just a personal bias, but it indicates
the dominant social values. Interpersonal relationships, unlike objectivity of
judgment, are commonly valued by Indonesian university students. In that regard,
outspoken criticism is regarded to be disrespectful, and strong self-evaluation can
be noted as arrogant. Therefore, educators should create an assessment approach
that takes into account this social process, such as ensuring that self- and peer-
assessment is not the only source of final evaluation, but rather a guiding reflection.
Through awareness of this cultural dimension, the university can lower the social
pressure created by assessment practices whilst enabling the cultivation of
metacognitive skills among students.

Finally, the use of MFRM in this study allowed for a more in-depth
analysis of the assessment behavior of each group of raters. Surprisingly, students
tend to be harsher in their self-assessment compared to the judgments of their peers
and lecturers. This finding is consistent with previous studies that explain that
cultural factors in Indonesia influence these student assessment tendencies.
Altogether, this research highlights the significance of the paradigm shift in

assessment, which should be moving towards formative and dialogical.

Study Limitation

Although this study has been systematically designed and produced some
considerable results, several limitations remain to be considered as part of the
research interpretation of results and further implications. These limitations relate
to the scope of the research context, the distribution of participants, the instrument
design, and the analytical approach used. First, the study was restricted to only one
class within one of the study programs in a public university in Banten, Indonesia.
This affects the representativeness of the data, especially in representing variations
in student characteristics in other higher education institutions that have different
geographical, social, and cultural backgrounds. Thus, the findings of this study

cannot be widely generalized to the entire context of higher education in Indonesia,
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particularly in institutions with different learning dynamics from the context where
this study was conducted.

Secondly, the ratio of representation amongst the raters group presents
another concern. In this study, all student subjects conducted self-assessment and
peer assessment, so the group of raters from among students was relatively
complete and evenly distributed. However, the involvement of only one lecturer
from the teachers’ side limits the diversity of pedagogical perspectives. Thus, it
may affect the interpretation of the lecturer's assessment data, as it does not reflect
the variety of perspectives among lecturers in assessing students' self-assessment
practices.

Third, rater training before data collection was not included in this study,
which may also be found as one reason explaining the relatively low percentage of
raw variance explained by Rasch. Although the Self-assessment Practice Scale
(SaPS) was well translated to self, peer, and lecturer assessment, there were no
formal calibration sessions, so raters began assessment using the instrument
without a common frame of reference regarding the criteria. Such a degree of
misalignment could have contributed to a lack of judging consistency between rater
group which resulting in a weaker representation of the Rasch analysis. To reduce
the risk of idiosyncratic behavior and maximize construct validity in Many-Facet
Rasch Model study, a systematic training of raters is necessary. Thus, special
attention should be paid in future research to give prior training to the raters.

Fourth, the interpretative component of cultural factor analysis is also
limited. This paper shows that students are likely to use internal reflection and
inhibit the use of external feedback, which is believed to be connected to the culture
of academics in Indonesia. Yet, this finding has not been supported with overt
qualitative evidence like interviews or reflective notes that would describe student
motivations and perceptions in greater detail. Therefore, the cultural interpretation
in this study remains tentative and is to be proved empirically through further
exploration. Overall, the limitations do not invalidate the research contribution, but
serve as an important basis for directing future studies to be more comprehensive
in developing an understanding of the dynamics of self-assessment within the

context of the Indonesian higher education environment.
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5.4

5.5

Suggestions

The findings and limitations discussed in the previous section lead to several
suggestions that can be taken into account to enhance the efficacy of the self-
assessment implementation as a learning strategy in the environment of Indonesian
higher education. First, it is important to explicitly build feedback literacy early on
in the learning process. The tendency to avoid seeking external feedback,
particularly from the lecturers, is evident in many students participating in this
study, which is most likely to be affected by negative attitudes about the meaning
of criticism. As such, lecturers and institutions must create learning opportunities
that can systematically prepare students with the basic skills of providing, taking,
seeking, and using feedback.

Moreover, it is also important to establish a classroom culture that
encourages the act of actively seeking feedback. In many cases, the unwillingness
of students to seek feedback might be based on their fear of being taken as ignorant,
undermining the authority of the lecturer, or being humiliated in the presence of
peers. Hence, lecturers should demonstrate that seeking feedback is a learning
exercise, rather than a sign of weakness. Lastly, the learning process must include
the full self-assessment cycle. In this regard, lecturers must not only request
students to evaluate the end product of their task, but also encourage them with
criteria setting, process monitoring, external feedback seeking, and reviewing the
learning process.

Hence, effective self-assessment does not only concern the degree to
which students can self-assess correctly, but also the degree to which they can
become responsible learners in a conscious, reflective, and sustainable way. Self-
assessment, with the active participation of students, lecturers, and institutions, can
be made a practice that is not only academically meaningful but also personally

relevant in the creation of lifelong learners.

Future Direction

The implications of the study findings have opened up various opportunities to
expand the knowledge of self-assessment practices in higher education,
particularly within the Indonesian context. Therefore, future studies can consider
the following direction. First, the next researcher may broaden the research by

carrying out a comparative study among the local cultures in different parts of
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Indonesia. Being a country that is highly diverse in its socio-cultural domain,
learning norms and traditions in each region might vary.

Secondly, a mixed-methods design can be a rather efficient method to
investigate the aspects that cannot be touched by quantitative data. The interviews,
written reflections, or the use of focus groups may provide the qualitative
information needed by the researchers who want to better comprehend how
students perceive self-assessment, what emotional or social barriers to this strategy
they have to overcome, and how the learning process influences their attitudes
towards feedback. Third, longitudinal studies are also possible and can be used to
monitor the growth of the self-assessment practices among students over longer
intervals of time. Monitoring students over time will allow the researchers to
notice trends in how students set criteria, request feedback, and evaluate their
progress in the learning process.

Moreover, it may also be valuable to introduce the distal aspects (gender,
student demographical characteristics such as socioeconomic status, urban or rural
upbringing, and teacher educational level) in future studies. These variables might
have subtle yet meaningful interplays with the behaviors of self-assessment in
students. For instance, the background of the teacher may have an impact on the
nature and quality of feedback. By integrating these aspects into the analysis, one
may allegedly give more detailed accounts of the rating behaviors, allowing for to
retrieval of the culturally ingrained patterns, and, eventually, resulting in the more
enriched and context-sensitive implications.

Altogether, the identified trends in research demonstrate that the practice
of self-assessment can potentially be strengthened in the Indonesian higher
education environment. Its development, however, should be done hand-in-hand
with a thorough knowledge of the cultural, emotional, and social dynamics that
guide the way students evaluate themselves. It is anticipated that through the
extension of the methodology, context, and time coverage, subsequent studies will
stimulate the practice of self-assessment that is more contextualized, inclusive, and

transformative to students as lifelong learners.
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Seeking External Feedback through Monitoring (SEFM)

I checked whether I have mastered the course content by doing extra exercises.

I checked whether I have fully understood the course content by doing past exam
papers.

I keep track of my progress by recording my performance.

I ask myself questions in my head to check whether I have understood the course
content.

I check my performance against the answers in the textbook or on a website.

Seeking External Feedback through Inquiry (SEFI)

I ask my teachers to give me feedback about my performance.

I ask my family members to give me advice on my work.

I ask my friends to tell me how to improve my learning.

I ask my fellow group members to evaluate my contributions to group work tasks.

Seeking Internal Feedback (SIF)

My gut feelings tell me whether my work is good or bad

My emotions influence my evaluation on my learning performance.
How my body feels tells me how well I am doing.

My intuition tells me if [ am doing a good job or not.

Self-Reflection (SR)

I seek out the reasons for mistakes I made after getting back marked work.

I think about how much sense the comments of the other people (e.g., teachers, family
members, friends) regarding my work to me.

Any areas | am unsure of after finishing my work, I go over again.

As I study, I think about whether the way [ am studying is really helping me learn.
When I do exercise, I look at what I got wrong or did poorly on to guide me as to what
I should learn next.

I pay attention to my assessment results in order to identify what I can do better next
time.

I reflect on my weaknesses when I discuss study-related issues with my classmates.
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APPENDIX 1. Research Instruments

Nama Pekerjaan ayah/ibu

Asal kota Pendidikan terakhir
ayah/ibu

Anak ke-

KUISIONER PENELITIAN (Self)

Jenis kelamin

Petunjuk pengisian:

Jawablah sesuai pengalaman Anda. Tidak ada jawaban benar atau salah. Kuesioner ini
dirancang untuk membantu Anda merefleksikan bagaimana Anda biasanya melakukan
penilaian terhadap pembelajaran Anda sendiri. Bacalah setiap pernyataan dengan seksama,
lalu beri nilai seberapa setuju Anda dengan pernyataan yang diberikan berdasarkan skala

berikut:

1 = Sangat Tidak Setuju 3 = Netral 5 = Sangat Setuju

2 =Tidak Setuju 4 = Setuju

No | Items STS | TS SS

1 Saya mengerjakan latihan tambahan untuk
mengecek apakah saya telah menguasai materi
perkuliahan.

2 | Saya mengerjakan soal-soal dari ujian sebelumnya
untuk mengecek apakah saya sudah sepenuhnya
memahami materi perkuliahan.

3 Saya mencatat nilai atau hasil tugas kuliah saya
secara rutin untuk memantau perkembangan saya.

4 | Saya bertanya-tanya pada diri sendiri untuk
mengecek apakah saya telah memahami materi
perkuliahan.

5 | Saya mengecek tugas/pekerjaan saya dengan
membandingkannya dengan jawaban dari
catatan/ppt/buku/internet.

6 | Saya meminta feedback dari dosen mengenai
performa belajar saya.

7 | Saya meminta saran dari anggota keluarga
(orangtua/saudara) mengenai tugas kuliah saya.
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Saya meminta saran dari teman-teman untuk
meningkatkan pembelajaran saya.

(Ketika dalam tugas kelompok) Saya meminta
evaluasi dari para anggota tim terhadap kontribusi
saya dalam tugas kelompok.

10

Firasat saya mengatakan/memberitahu apakah tugas
yang saya kerjakan bagus atau tidak.

11

Emosi saya mempengaruhi penilaian saya terhadap
performa belajar.

12

Kondisi fisik saya mencerminkan seberapa baik saya
belajar.

13

Intuisi saya memberitahu apakah saya telah
mengerjakan tugas dengan baik atau tidak.

14

Saya mencari tahu sebab dari kesalahan yang saya
buat setelah mendapatkan kembali/menerima hasil
koreksi.

15

Saya mempertimbangkan apakah komentar dari
orang lain (dosen, keluarga, atau teman) tentang
tugas yang saya kerjakan masuk akal dan
bermanfaat bagi saya.

16

Jika ada bagian yang membuat saya ragu setelah
menyelesaikan tugas, saya akan memeriksanya
kembali.

17

Selama saya belajar, saya memikirkan apakah cara
belajar ini benar-benar membantu saya belajar.

18

Ketika saya melakukan latihan, saya fokus kepada
jawaban yang salah untuk membantu saya
menentukan apa yang harus dipelajari selanjutnya.

19

Saya memperhatikan hasil penilaian/hasil ujian
untuk mengidentifikasi apa yang bisa saya
tingkatkan di kesempatan berikutnya.

20

Saya merenungkan kembali kelemahan saya (dalam
belajar) ketika berdiskusi mengenai studi dengan
teman sekelas.
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KUISIONER PENELITIAN (Peer)

Nama : Nama teman yang di nilai
Asal kota : Jenis kelamin (teman)
Anak ke- : Berapa lama mengenal (teman ini)

Jenis kelamin

Petunjuk pengisian:

Jawablah sesuai pengamatan Anda. Tidak ada jawaban benar atau salah. Kuesioner ini
meminta Anda untuk menilai praktik penilaian diri dari salah satu teman sekelas Anda,
berdasarkan interaksi atau pengamatan langsung (misalnya saat kerja kelompok, diskusi,
atau belajar bersama). Beri nilai seberapa setuju Anda dengan pernyataan yang diberikan
berdasarkan skala berikut:

1 =Sangat Tidak Setuju = 3 = Netral 5 = Sangat Setuju
2 =Tidak Setuju 4 = Setuju
No | Items STS|TS |N |S |SS

1 | Teman ini mengerjakan latihan tambahan untuk
mengecek apakah dia telah menguasai materi
perkuliahan.

2 | Teman ini mengerjakan soal-soal dari ujian
sebelumnya untuk mengecek apakah dia sudah
sepenuhnya memahami materi perkuliahan.

3 | Teman ini mencatat nilai atau hasil tugas kuliahnya
secara rutin untuk memantau perkembangan
belajarnya.

4 | Teman ini bertanya-tanya pada diri sendiri untuk
mengecek apakah dia telah memahami materi
perkuliahan.

5 | Teman ini mengecek tugas kuliah dengan cara
membandingkannya dengan jawaban dari
catatan/ppt/buku/internet.

6 | Teman ini meminta feedback dari dosen mengenai
performa belajarnya.

7 | Teman ini meminta saran dari anggota keluarganya
(orangtua/saudara) mengenai tugas perkuliah.
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Teman ini meminta saran dari saya atau teman-
teman lain mengenai cara meningkatkan
pembelajaran.

(Ketika dalam tugas kelompok) Teman ini meminta
evaluasi/masukan dari anggotanya terhadap
kontribusinya dalam tugas kelompok.

10

Teman ini mengandalkan Firasat untuk
memberitahu apakah tugas yang dia kerjakan bagus
atau tidak.

11

Emosi teman ini mempengaruhi penilaiannya
terhadap performa belajar.

12

Kondisi fisik Teman ini mencerminkan seberapa
baik dia belajar.

13

Teman ini mengandalkan Intuisinya untuk
memberitahu apakah dia telah mengerjakan tugas
dengan baik atau tidak.

14

Teman ini mencari tahu sebab dari kesalahan yang
ia buat setelah mendapatkan kembali/menerima
hasil koreksi.

15

Teman ini mempertimbangkan apakah komentar
dari orang lain (dosen, keluarga, atau teman) tentang
tugas yang ia kerjakan masuk akal dan bermanfaat
bagi dirinya.

16

Jika ada bagian yang membuatnya ragu setelah
menyelesaikan tugas, dia akan memeriksanya
kembali.

17

Selama dia belajar, teman ini memikirkan apakah
cara belajarnya benar-benar membantunya belajar.

18

Ketika dia melakukan latihan, teman ini fokus
kepada jawaban yang salah untuk membantunya
menentukan apa yang harus dipelajari selanjutnya.

19

Teman ini memperhatikan hasil penilaian/hasil ujian
untuk mengidentifikasi apa yang bisa ia tingkatkan
di kesempatan berikutnya.

20

Teman ini merenungkan kembali kelemahannya
(dalam belajar) ketika berdiskusi mengenai studi
dengan teman sekelas.
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KUISIONER PENELITIAN (Teacher)

Nama dosen : Mahasiswa yang dinilai
Lama mengajar : Lama mengajar siswa
Mengajar di semester  : Matakuliah yg di ajar

Jenis kelamin

Petunjuk pengisian:

Jawablah sesuai pengamatan Anda. Kuesioner ini bertujuan mengumpulkan penilaian
Anda sebagai dosen terhadap praktik penilaian diri seorang mahasiswa, berdasarkan
pengamatan profesional Anda (misalnya saat pembelajaran, tugas yang dikumpulkan, atau
saat siswa meminta umpan balik). Beri nilai seberapa setuju Anda dengan pernyataan yang
diberikan berdasarkan skala berikut:

1 = Sangat Tidak Setuju 3 = Netral 5 = Sangat Setuju
2 =Tidak Setuju 4 = Setuju
No | Items STS|TS |N |S |SS

1 | Mahasiswa ini mengerjakan latihan tambahan untuk
mengecek apakah ia telah menguasai materi
perkuliahan.

2 | Mahasiswa ini mengerjakan soal-soal dari ujian
sebelumnya untuk mengecek apakah ia sudah
sepenuhnya memahami materi perkuliahan.

3 | Mahasiswa ini mencatat nilai atau hasil tugas
kuliahnya secara rutin untuk memantau
perkembangan belajarnya.

4 | Mahasiswa ini bertanya-tanya pada diri sendiri
(merenung) untuk mengecek apakah dia telah
memahami materi perkuliahan.

5 | Mahasiswa ini mengecek tugas kuliah dengan cara
membandingkannya dengan jawaban dari
catatan/ppt/buku/internet.

6 | Mahasiswa ini meminta feedback dari dosen
mengenai performa belajarnya.

7 | Mahasiswa ini meminta saran dari anggota
keluarganya (orantua/saudara) mengenai tugas
perkuliah.

80



Mahasiswa ini meminta saran dari teman-temannya
terkait cara meningkatkan pembelajaran.

(Ketika dalam tugas kelompok) Mahasiswa ini
meminta evaluasi dari rekan satu timnya terhadap
kontribusinya dalam tugas kelompok.

10

Mahasiswa ini mengandalkan Firasat untuk
memberitahu apakah tugas yang dia kerjakan bagus
atau tidak.

11

Emosi mahasiswa ini mempengaruhi penilaiannya
terhadap performa belajar.

12

Kondisi fisik mahasiswa ini mencerminkan seberapa
baik dia belajar.

13

Mabhasiswa ini mengandalkan Intuisinya untuk
memberitahu apakah dia telah mengerjakan tugas
dengan baik atau tidak.

14

Mahasiswa ini mencari tahu sebab dari kesalahan
yang ia buat setelah mendapatkan
kembali/menerima hasil koreksi.

15

Mabhasiswa ini mempertimbangkan apakah komentar
dari orang lain (dosen, keluarga, atau teman) tentang
tugas yang ia kerjakan masuk akal dan bermanfaat
bagi dirinya.

16

Jika ada bagian yang membuatnya ragu setelah
menyelesaikan tugas, dia akan memeriksanya
kembali.

17

Selama ia belajar, mahasiswa ini memikirkan
apakah cara belajarnya benar-benar membantunya
belajar.

18

Ketika dia melakukan latihan, mahasiswa ini fokus
kepada jawaban yang salah untuk membantunya
menentukan apa yang harus dipelajari selanjutnya.

19

Mabhasiswa ini memperhatikan hasil penilaian/hasil
ujian untuk mengidentifikasi apa yang bisa ia
tingkatkan di kesempatan berikutnya.

20

Mabhasiswa ini merenungkan kembali kelemahannya
(dalam belajar) ketika berdiskusi mengenai studi
dengan teman sekelas.
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APPENDIX 2. Unexpected Responses

| Cat Score Exp Resd StRes|
| mm +
| 1 1 4.0 -3.0 -3.8 |
| 1 1 4.0 -3.0 -3.8 |
|1 1 3.9 -2.9 -3.6 |
| 2 2 4.3 -2.3 -3.4 |
| 1 1 3.8 -2.8 =-3.4 |
| 2 2 4.3 -2.3 -3.3 |
|1 1 3.8 -2.8 =-3.3 |
|1 1 3.8 -2.8 =-3.3 |
| 2 2 4.3 -2.3 -3.2 |
| 1 1 3.7 =2.7 =-3.2 |
| 1 1 3.8 -2.8 -3.2 |
|1 1 3.7 =2.7 =-3.1 |
|1 1 3.6 -2.6 -3.0 |
| 2 2 4.2 =-2.2 -3.0 |
| 2 2 4.2 =-2.2 -2.9 |
| 2 2 4.2 =-2.2 -2.9 |
|1 1 3.6 -2.6 -2.9 |
| 3 3 4.6 -1.6 -2.9 |
| 2 2 4.1 -2.1 -2.8 |
| 2 2 4.1 -2.1 -2.8 |
| 2 2 4.1 -2.1 -2.8 |
|1 1 3.5 -2.5 -2.8 |
|1 1 3.5 -2.5 -2.8 |
| 2 2 4.1 -2.1 -2.8 |
| 2 2 4.1 -2.1 -2.7 |
| 1 1 3.5 =-2.5 -2.7 |
| 3 3 4.6 -1.6 -2.7 |
| 2 2 4.0 -2.0 -2.6 |
|1 1 3.4 -2.4 -2.6 |
| 2 2 4.0 -2.0 -2.6 |
| 3 3 4.5 -1.5 -2.5 |
|1 1 3.4 -2.4 -2.5 |
|1 1 3.4 -2.4 -2.5 |
| 2 2 3.9 -1.9 -2.4 |
| 1 1 3.3 -2.3 -2.4 |
| 2 2 4.0 -2.0 -2.4 |
| 2 2 3.9 -1.9 -2.4 |
| 2 2 3.9 -1.9 -2.4 |
| 2 2 4.0 -2.0 -2.4 |
| 2 2 3.9 -1.9 -2.4 |
| 2 2 3.9 -1.9 -2.4 |
| 5 5 2.6 2.4 2.4 |
| 5 5 2.6 2.4 2.4 |
| 3 3 4.5 -1.5 -2.4 |
| 3 3 4.5 -1.5 -2.4 |
| 2 2 3.9 -1.9 -2.3 |
| 2 2 3.9 -1.9 -2.3 |
| 2 2 3.9 -1.9 -2.3 |
| 5 5 2.7 2.3 2.3 |
| 3 3 4.5 -1.5 -2.3 |
| 3 3 4.4 -1.4 -2.3 |
| 3 3 4.5 -1.5 -2.3 |
| 2 2 3.8 -1.8 -2.2 |
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| 2 2 3.8 -1.8 -2.2 | 55 26
| 5 5 2.8 2.2 2.2 | 22 22 21
| 4 4 2.0 2.0 2.2 | 28 28 6
|1 1 3.2 -2.2 -2.2 | 28 28 28
|1 1 3.2 -2.2 -2.2 | 29 29 31
|1 1 3.1 -2.1 -2.2 | 30 30 27
| 3 3 4.4 -1.4 -2.2 | 32 32 17
| 2 2 3.8 -1.8 -2.2 | 32 32 31
| 5 5 3.0 2.0 2.1 ] 55 3
| 3 3 4.4 -1.4 -2.1 1| 9 9 9
| 2 2 3.8 -1.8 -2.1 | 11 11 11
| 2 2 3.8 -1.8 -2.1 | 16 16 16
|1 1 3.0 -2.0 -2.1 | 19 19 19
| 2 2 3.8 -1.8 -2.1 | 19 19 19
| 2 2 3.8 -1.8 -2.1 | 21 21 21
|1 1 3.1 -2.1 -2.1 | 29 29 30
| 5 5 2.9 2.1 2.1 | 29 29 31
| 5 5 3.0 2.0 2.1 | 29 29 31
| 5 5 2.9 2.1 2.1 | 29 29 31
|1 1 3.0 -2.0 -2.1 | 30 30 30
|4 4 4.8 -.8 -2.1 | 32 32 5
| 3 3 4.4 -1.4 -2.1 | 32 32 29
| 3 3 4.4 -1.4 -2.1 | 32 32 29
| 2 2 3.7 -1.7 -2.0 | 2 2 15
| 2 2 3.7 -1.7 -2.0 | 5 5 5
| 2 2 3.7 -1.7 -2.0 | 20 20 20
| 2 2 3.7 -1.7 -2.0 | 20 20 20
|1 1 3.0 -2.0 -2.0 | 22 22 22
| 2 2 3.7 -1.7 -2.0 | 28 28 28
| 5 5 3.0 2.0 2.0 | 29 29 29
| 5 5 3.0 2.0 2.0 | 29 29 31
| 2 2 3.7 -1.7 -2.0 | 31 31 29
| mm e +

| Cat Score Exp. Resd StRes| Nu Ra Nu
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Appendix 3. Bias Interaction Graphs

Bias/Interaction: 1. Rater, 2. Ratee
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