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ABSTRACT 

Rosda Latipa Mangindalat 

03212320017 

rosda.mangindalat@uiii.ac.id  

Economics 

Universitas Islam International Indonesia 

 

The accelerated shift toward digital finance in Southeast Asia has placed mobile 

wallets at the forefront of financial innovation. In Philippines, however, mobile payment 

adoption remains inconsistent due to infrastructure, socio-economic, and behavioral 

factors. This study investigates the determinants influencing Filipino student’s adoption of 

mobile wallet payments, using the Unified Theory of Acceptance and Use of Technology 

(UTAUT) as the primary framework. The research employed a quantitative design using a 

structure survey distributed to 171 Filipino student, with a majority residing in region 12 

(SOCCSKSARGEN). Data was analyzed using Partial Least Squares Structural Equation 

Modeling (PLS-SEM) to test the relationships among six main constructs: Performance 

Expectancy, Effort Expectancy, Social Influence, Facilitating Conditions, Intention to Use, 

and Use Behavior. Findings revealed that Performance Expectancy and Effort Expectancy 

significantly influenced students’ intention to use mobile wallets. Notably, Social Influence 

also showed a statistically significant effect, suggesting that continued relevance of peer 

and social norms in technology adoption among youth. Facilitating Conditions strongly 

predicted actual Use Behavior, indicating that access to digital infrastructure, device 

compatibility, and app usability are critical enablers of sustained adoption. The study also 

found that financial autonomy through allowance, scholarships, or part-time work 

moderated usage behavior. Most students had been using wallets for 6 to 12 months, and 

the majority preferred GCash, underscoring brand dominance and platforms loyalty. 

Practically, the results support the need for stake holders’ specific intervention such as 

region sensitive infrastructure planning, digital literacy initiatives, and platforms designs 

tailored to student needs. Policy makers, educators, fintech developers, and digital 

inclusion advocates can benefit from this study’s insights. Ultimately, this research 

contributes to the evolving discourse on digital finance by offering a nuanced view of 

mobile adoption among a digital savvy yet economically diverse youth population in the 

Philippines.  

Keywords: Mobile Wallet adoption, UTAUT, Filipino Students, Technology 

Acceptance, Digital Finance 
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CHAPTER I 

INTRODUCTION 

1.1 Background 

The rapid growth of digital payments across Southeast Asia has been driven largely 

by improvements in internet infrastructure, government initiatives, and increasing digital 

literacy. Countries such as Singapore, Malaysia, and Thailand have seen widespread 

adoption of mobile payment systems, supported by robust internet penetrations rates 

ranging from 94% to nearly 98%5 as of 2024. The development of digital payments in the 

Philippines has lagged behind its ASEAN counterparts. With an internet penetration rate 

of approximately 73.6%, the Philippines falls into the mid-tier range among Southeast 

Asian nations. While this figure is comparable to countries like Vietnam and Indonesia, it 

does not reflect the broader infrastructural challenges that 

Persist within the country, particularly in terms of internet speed, reliability, and 

accessibility in rural areas. According to Clarete (2029), underdeveloped infrastructure and 

limited internet connectivity have significantly hindered the growth of digital financial 

services in the Philippines. These challenges are especially relevant when viewed through 

the lens of the Unified Theory of Acceptance which identifies “Facilitating Conditions” as 

a key determinant of technology adoption. Without reliable and consistent access to the 

internet, individuals may perceive digital wallets as inaccessible or impractical. 

Furthermore, poor connectivity can negatively influence “Performance Expectancy” and 

Effort Expectancy.” Two other core constructs of the UTAUT model, as users may find 

mobile wallets less useful or more difficult to operate under unreliable network conditions. 

Cruz and Alcantara (2021) emphasized that internet reliability significantly affects mobile 

payment adoption among Filipino youth, suggesting that improving digital infrastructure 

is essential for increasing usage rates. This context underscores the importance of 

investigating the specific factors that influence mobile wallet adoption among Filipino 

students, particularly in relation to their access to internet services and the broader digital 

ecosystems in which they operate. 
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Figure 1.1 Internet Penetration Rates in ASEAN Country (2024) 

Source: DataReportal: Global overview report 

Despite these challenges, the Philippines has shown rapid growth in digital 

financial services in recent years, especially with the surge in mobile wallet usage among 

younger populations. Cash has served as a core medium of exchange for over 3,000 years. 

However, with advances in digital technology, traditional cash transactions are being 

increasingly replaced by electronic payment systems. According to Almeida and Inacio 

(2018), a shift towards a cashless society where physical money is replaced by digital 

record-is becoming more evident worldwide. 
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Figure 1.2 Digital Connectivity in the Philippines (2023-2025) 

Source: DataReportal, 2024 

In the Philippines, digital transformation is accelerating. As of 2020, 63 million 

Filipinos over half of the population were internet users, with the average user spending 

over 10 hours online daily (Cuchapinjp, 2023). By 2024, this figure increased significantly 

to 86.98 million internet users, and by 2025, further rose to 97.5 million, representing over 

83% of the population (DataReportal, 2024). Mobile connectivity also remains high, with 

117.44 million connections recorded in 2024, nearly matching the national population. 

Moreover, smartphone adoption continues to grow, with around 64.7 million users in 2023, 

and Filipinos now spend nearly 9 hours online daily, including over 5 hours via mobile 

devices. These updated statistics, visualized in figure confirm a robust and expanding 

digital ecosystems, strengthening the conditions necessary for widespread adoption of 

mobile banking and digital payment technologies, especially among tech-savvy youth. 

At the same time, mobile phone penetration in the country exceeds 100%, and 75% 

of mobile phone users owned smartphones. These developments create a favorable 

environment for mobile banking and digital payments. Data from Bangko Sentral ng 

Pilipinas (BSP) indicates that e-money accounts increased significantly from just 5.7 

million in 2019 to 27.5 million by the end of 2021. This surge was driven by middle- and 

low-income users, particularly those aged 15 to 49, and among residents of Mindanao and 

the ABC socioeconomic classes (Lee, 2022). E-money accounts have now surpassed 
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traditional bank accounts, which totaled 18 million in 2021, making mobile wallets the 

dominant financial tool in the country (BSP, 2021). 

The COVID-19 pandemic further accelerated the shift toward digital payments by 

encouraging contactless transactions. Many Filipinos turned to platform like GCash and 

PayMaya for paying bills, sending money, shopping online, and other financial services. 

As a result, digital transactions became more integrated into daily life, with consumers 

citing convenience, speed, and accessibility as their primary motivators (Anico, 2025; 

Acopiado et al., 2022). However, adoption still faces barriers. Issues such as security 

concerns, lack of trust, inconsistent internet access, and limited digital literacy hinder the 

full integration of mobile wallet systems. Compared to more advanced ASEAN countries 

like Singapore, Malaysia, and Thailand, the Philippines continues to trail in terms of 

cashless readiness (Hinayon, 2020). 

 

Figure 1.3 Digital Literacy in Philippines 

Source: NICTHS 2019; EPRA IJMR 2024 (PSA data) 

The data above reveals persistent structural and educational challenges. Notably, 

61% of Filipino households still lack internet access, which hinders widespread 

engagement with mobile financial services. Furthermore, only 40% of individuals report 

having basic ICT skills, and an even smaller 30% possess general digital skills, indicating 

a considerable portion of the population may lack the confidence or competence to use 

digital platforms effectively. These limitations reflect not only a digital divide but also a 

broader issue of digital exclusion, particularly affecting those in rural or low-income areas. 
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Compared to ASEAN neighbors like Singapore, Malaysia, and Thailand countries that 

boast stronger ICT infrastructure and digital education programs the Philippines continues 

to lag in cashless readiness (Hinayon, 2020). This digital skills gap and lack of 

infrastructure directly impact the adoption of mobile wallets. Despite their growing 

popularity and potential to enhance financial inclusion. 

The widespread use of mobile wallets presents both opportunities and challenges. 

On one hand, these platforms provide efficient, contactless, and accessible alternatives to 

cash, especially for the unbanked population. On the other hand, their adoption remains 

uneven due to technological, economic, and psychological factors. Understanding these 

factors particularly among Filipino students, a key demographic in digital consumption is 

critical for advancing financial inclusion and achieving a more robust digital economy. The 

statistics from 2020 show that 63 million Filipino citizens used the internet which 

represented more than half of the 105 million population. The Philippines has 105 million 

people in its population with 63 million using the internet primarily among adults over 16 

years old.  Meaning that half of the population in the Philippine internet users are above 16 

years old. The country leads Asian internet usage averages because Filipinos spend 10 

hours and 2 minutes daily on the internet stated by Cuchapinjp, 2023. 

The recent 2019 Financial Inclusion Survey (FIS) Report produced identical 

survey results. A mobile phone exists in the possession of 69% of adult participants and 

among those who own mobile phones 75% possess smartphones. The percentage reaches 

52% when looking at the total adult population. Population with smartphones is 

significantly higher than 38% in 2017 according to Cuchapinjp, 2023. 
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Table 1.1 E-money ownership 

E-Money 20172 2018 2019 Growth Rate 

2018-2019 

Total amount of 

transactions (Inflow 

+outflow) (in billion PH) 

963 1,090.1 1,485.3 36% 

Active e-money accounts 

(in millions) 

2.2 5.02 8.8 76% 

Prepaid cards linked to 

E-money 

25.21 28.2 20.6 -27% 

Source: Cuchapinjp, (2023) 

Mobile phones have established themselves as a practical means for mobile 

banking as well as electronic payment transactions. E-money transactions have increased 

both in quantity and value because of recent substantial growth (Cuchapinjp, 2023). A 

growing number of people are adopting digital payments according to this data table which 

indicates a permanent change in payment methods. 

 

 

Figure 1.4 E-money ownership 

Source: BSP (Bangko Sentral ng Pilipinas) 
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E-money accounts now outnumber traditional bank accounts since they have gained 27.5 

million users compared to 18 million bank users. As the most owned account in 2021. Since 

2019 when only 8% of Filipinos held e-money accounts the number has increased by four 

times to reach 36% in 2021 (BSP). ASEAN nations advance toward cashless economies, 

but the Philippines stands as an imitator of credit and debit cards adoption behind Singapore 

Malaysia and Thailand (Hinayon 2020). The digital transformation has generated positive 

effects on banking performance in ASEAN-5 countries while digital banking 

implementation produces substantial impacts on organizational profitability (Malik et al., 

2020). The COVID-19 pandemic has quickened ASEAN’s digital financial inclusion 

program so the region now leads other regions regarding digital account ownership and 

mobile money adoption. The digital progress occurs due to pre-existing digital 

infrastructure combined with previous digital development initiatives. Digital payment 

adoption within ASEAN progresses at a quicker rate than other regions as woman showed 

faster adoption than men (George & Xie, 2023). 

The term "digital cash payments" refers to a wide range of payment methods, 

including contactless cards, debit cards, credit cards, charge cards, and plastic money. It 

also includes mobile payments conducted using mobile applications and phones, as well as 

conventional bank transfers and purchase orders. Conversely, the online transaction system 

is a regular, authorized way to conduct financial transactions over the internet. An online 

payment is one made electronically to a service provider or online merchant (Md Arif 

Hassan et al., 2020). 

The demand for new payment systems is greater than that of traditional payment 

methods, which were only gradually growing. As a result, new digital payment 

technologies are becoming more prevalent (Hammond, 2021). Individuals have become 

habituated to online trade-in Digital marketing to sell and acquire goods and services due 

to the web's widespread engagement in our daily lives.  

Individuals are electronically paying for goods and services over the Internet. Additionally, 

the growth of web-based commerce has resulted in the emergence of new financial 

requirements that, for the most part, cannot be addressed by traditional payment methods. 

As transactions between various business partners 2 continue to occur on the e-commerce 

platform, the old cash-based payment method has been gradually phased out and replaced 

with electronic payment systems (Khan B et al., 2017).  As per the 2019 Mobile Payments 

Market – Growth, Trends, and Forecast (2020-2025) study by Mordor Intelligence, debit 

cards will persist as the most favored mode of payment in 2020. The most widely used 
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payment method will become the least widely used by 2022 when mobile wallets surpass 

it. A cashless economy might be closer than we think, as evidenced by the declining desire 

for cash (Rolfe, 2020). Only a few nations are seeing a rise in the use of mobile wallets as 

a form of payment, due to considerations like ease, perceived utility, and social influence, 

mobile wallets have become more and more popular in recent years, especially in 

developing countries (Mohamed Elgazouly et al., 2022).  

As smartphone and high-speed data are significantly used among the people in India, digital 

wallets are relatively preferred (Ms. Ritu & P. Chawla, 2022). However, it means that 

although mobile payments could increase financial inclusion, these services are still 

popular only in a few countries (E. Dinz et al., 2011). Such requirements include technical 

characteristics of the mobile application such as perceived security and ease of use, social 

factors and contextual factors which include enabling and regulatory conditions (Mohamed 

Elgazouly et al., 2022). Knowledge of these processes is essential to the formulation of 

strategies to advance cashless societies and mobile wallet adoption (Mohamed Elgazouly 

et al., 2022; Amoroso, & Remy Magnier-Watanabe, 2012). 

 

The advantages of mobile wallets over conventional cashless methods are greater. 

Additionally, some mobile wallets come with a physical card that may be used to make 

cash withdrawals.  Even with all the capabilities that mobile wallets offer, their uptake is 

still erratic, with only a small number of nations eager to accept this mode of payment. 

There are several detrimental effects, such as the potential for people to become criminals 

who conduct IT crimes, and the challenges faced by networks and organized crime who 

take advantage of laws and restrictions. Government-instituted infrastructures that reduce 

the value of mobile wallet systems (Apau et al., 2019). Recent studies on digital payment 

adoption in the Philippines reveal a mixed landscape. Several studies demonstrate that 

people tend to use cash for their payments (Abrazado et al., 2024) but digital payments 

demonstrate growth particularly during the Covid-19 pandemic (Acopiado et al., 2022).  

GCash stands as the leading digital payment platform in the market (Anico, 2025). People 

under thirty years old and those earning higher incomes and living in urban settings 

demonstrate more willingness to use digital payments according to Anico (2025) as well 

as Acopiado et al. (2022). The adoption of digital payments faces ongoing hurdles because 

users have security issues and technology difficulties plus low consumer awareness (Anico, 

2025, Sanchez et al., 2024). Micro-entrepreneurs between 46-55 years old encounter 

barriers when accepting digital payments because they lack digital navigation ability and 

prefer traditional cash transactions (Sanchez et al., 2024). Digital payments receive positive 
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reception from users due to their efficient nature and their transparent systems and their 

convenient service delivery (Anico, 2025). The adoption of digital payments requires 

solution of identified obstacles together with improvements to accessibility (Sanchez et al., 

2024; Anico, 2025). 

1.2 Problem Statement 

Despite the rapid growth of mobile wallet usage in the Philippines, particularly 

among the youth, the country continues to lag behind its ASEAN counterparts in overall 

digital payment adoption due to persistent challenges such as poor infrastructure, digital 

literacy, and security concerns. Although Filipino students represent a high connected and 

tech-savvy demographic, existing research has predominantly focused on general 

consumers, professionals, or entrepreneurs leaving a significant gap in understanding the 

specific behavioral drivers and obstacles faced by students. 

Previous studies have explored mobile adoption using various models, yet limited 

application of the Unified Theory of Acceptance and use of Technology (UTAUT) 

framework specifically tailored to Filipino students exists. Furthermore, while factors such 

as trust, risk perception, and user habits are recognized as critical in technology adoption, 

they are rarely examined in-depth within the student’s context. 

This study addresses these gaps by applying the UTAUT framework to examine Filipino 

students from cash to mobile wallet payments. It aims to uncover the underlying 

motivations, barriers, and usage patterns that shape their adoption behavior, providing data-

driven insight for educators, policymakers and mobile service providers. 

1.3 Research Questions 

The research is designed to answer the questions:  

1) How does the implementation of UTAUT model on the Filipino students’ adoption 

factors on switching from cash to mobile wallet payments? 

2) How do current developments in the digital systems ecosystems in the Philippines 

influence students’ adoption and usage of mobile wallets? 

1.4 Research Objectives 

To examine the implementation of UTAUT model on the Filipino students’ adoption 

factors on switching from cash to mobile wallet payments.  

To explore the current developments in the digital systems ecosystems in the Philippines 

influence. 
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1.5 Research Significance 

The increasing mobile wallet adoption among students has the potential to 

transform financial systems in the Philippines and across Southern Asia. This research 

contributes to ongoing efforts in financial inclusion and the development of a cashless 

digital economy. It also provides actionable insights for educational institutions, fintech 

companies, and policymakers to enhance digital payment systems that are secure, 

accessible, and tailored for students’ users. 

1.6 Research Benefits 

The results of this study will be of great benefit to the following groups. 

1. Academicians: This research adds to the current understanding of digital payment 

adoption patterns among Filipino students while creating new knowledge about 

their adoption behavior. And it will help to improve knowledge about how Unified 

Theory of Acceptance and Use of Technology (UTAUT) functions in digital 

payment situations. 

2. Policymaker: It helps government agencies including Bangko Sentral ng Pilipinas 

(BSP) and Department of Information and Communications Technology (DICT) 

gain assistance from this research for developing policies that advance digital 

financial inclusion. 

3. Stakeholders: The data assists monetary institutions and fintech firms and mobile 

wallet providers to understand students’ consumer preferences and conduct to 

deliver personalized services. 

4. Online Sellers: They may be able to evaluate changing payment methods with the 

use of this study, which will give them data on the factors that influence students’ 

adoption of moving from cash to mobile wallet payments. 

5. Future researchers: Researchers who intend to conduct any related research on 

the factors that influence students’ acceptance of mobile wallet payments over cash 

will find this study to be a useful resource. 

6. Public: Digital payment systems promoted understanding of their financial 

advantages and safety factors as they support people through cashless system 

adoption while providing combined benefits for security and seamless operations. 

1.7 Outlined of the Research 

This thesis is structured into five chapters, each serving a distinct purpose in 

presenting a comprehensive investigation of the factors influencing Filipino students’ 

adoption of mobile wallet payments using the UTAUT framework: 
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Chapter I – Introduction 

This chapter presents the background of the study, highlighting the digital 

transformation in the Philippines financial landscape and the growing relevance of mobile 

wallets among students. It outlines the research problems, research questions, objective, 

significance, benefits, and limitations of the study. It sets the contextual foundation for the 

investigation and justifies the need for a focused study on a mobile wallet adoption among 

Filipino students. 

Chapter II - Literature Review 

This chapter reviews relevant literature on mobile wallet adoption, the Unified 

Theory of Acceptance and Use of Technology (UTAUT), and previous empirical studies. 

It discusses each UTAUT construct and how these influence user behavior. The chapter 

also presents critique of related models such as TAM, TPB, and DOI, and culminates with 

the conceptual framework and hypothesis development used for empirical testing. 

Chapter III – Methodology 

This chapter outlines the research design, approach, data collection procedures, and 

analytical methods employed in the study. It explains the use of Partial Least Square 

Structural Equation Modeling (PLS-SEM) for data analysis and details the demographic 

scope and sampling strategy, which focused on Filipino students aged 18 and above. The 

chapter also includes description of the research instruments, variables, and indicators, 

along with validity and reliability measures. 

Chapter IV – Results and Discussion 

This chapter presents and analyzes the findings of the study based on the data 

collected. It includes descriptive statistics, measurements and structural model 

assessments, and hypothesis testing results. The discussion interprets these findings by 

considering the UTAUT constructs and relates to the existing literature. Special attention 

is given to the role of social influence, infrastructure access, and brand preferences (e.g., 

Gcash dominance), as well as potential regional biases in the sample.  

Chapter V – Conclusion, Implications, Recommendations, Limitations and Future 

Research 

This final chapter summarizes the key findings and draws conclusion in relation to 

the research objectives. It outlines theoretical and practical implications, providing insights 
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for policymakers, educational institutions, fintech developers, and other stakeholders. The 

chapter also offer recommendation for future research and digital policy interventions 

aimed at enhancing mobile wallet and adoption among students in the Philippines also the 

limitations of the studies. 
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CHAPTER II 

LITERATURE REVIEW 

 

Modern societies increasingly depend on mobile payment solutions as a primary 

channel for digital transactions. Mobile wallets provide secure, user-friendly platforms for 

storing funds, managing transactions, and enabling seamless financial interactions via 

mobile interface. Understanding the behavioral and technological factors influencing 

adoption is critical for accelerating digital payment use, especially among students. This 

chapter presents a theoretical foundation and reviews empirical studies on mobile wallet 

adoption using the Unified Theory of Acceptance and Use of Technology (UTAUT) 

framework. 

The wider implementation of digital payments systems depends on identifying key 

factors that lead students to switch from cash to mobile wallet transactions. Thus, in this 

section also the researcher will investigate some problems they encounter whenever they 

use mobile wallet payments. The mobile wallet adoption behavior of students functions as 

a valuable source of knowledge for expanding mobile wallet adoption throughout the 

region according to Nguyen (2021). 

2.1 Theory of UTAUT model 

The UTAUT model, developed by Venkatesh et al. (2003), is one of the most 

widely applied frameworks in technology acceptance research. It integrates components 

from eight existing models, including the Technology Acceptance Model (TAM), Theory 

of Planned Behavior (TPB), and Social Cognitive Theory (SCT). The model identifies four 

core determinants of intention and uses behavior: Performance Expectancy, Effort 

Expectancy, Social Influence, and Facilitating Conditions.  

The Technology Acceptance Model (TAM), Theory of Planned Behavior (TPB), 

and Diffusion of Innovation (DOI) each have limitations in explaining technology 

adoption. TAM focuses mainly on perceived usefulness and ease of use but overlooks 

social environmental factors. TPB highlights psychological influences like attitudes and 

norms but lacks attention to technological and contextual elements. DOI explains how 

innovations spread but tends to generalize behavior, ignoring individual differences and 

external barriers. These limitations suggest that relying on a single model may be 

insufficient for capturing complex use behavior, especially in diverse or developing 

contexts. 
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While UTAUT has been effective in explaining technology adoption in various settings, 

critics note limitations. Shachak et al. (2019) argue that both TAM and UTAUT models 

offer narrow perspectives by focusing primarily on individual perceptions, while TPB lack 

environmental and contextual sensitivity (Faridi et al., 2020). Venkatesh et al. (2016) 

recommended expanding TAUT to include multi-behaviors. Kiwanuka (2015) also 

suggests integrating concepts from Diffusion of Innovation Theory to improve predictive 

power. 

Despite this criticism, UTAUT remains widely use due to its empirical robustness 

and flexibility, particularly in studies examining mobile technology and financial service 

adoption (Alharbi et al., 2022). 

 

Figure 2.1 Unified Theory of Acceptance and Use of Technology 

Source: Venkatesh et al. (2003) 

To understand the behavioral intentions of the mobile wallet adoption, researchers tend to 

rely on some of the established theoretical frameworks from the UTAUT model. 

2.2 Factors Influencing the Adoption of Mobile Wallets based on UTAUT Model 

To understand the behavioral intentions of the mobile wallet adoption, researchers tend to 

rely on some of the established theoretical frameworks from the UTAUT model. 

1) Performance Expectancy 

This refers to the perceived usefulness of the system in enhancing transaction 

efficiency. Mobile wallet users are more likely to adopt the technology when they 

perceive it as saving time and simplifying tasks (Venkatesh et al., 2003). Among 
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Southeast Asian students, mobile wallets are favored for being faster and more 

convenient than cash (Al-Mamun et al., 2020). 

2) Effort Expectancy 

Users rate their experience based on the difficulty of learning and using the platforms 

according to effort expectancy. Students at the Southeast Asian Institute of 

Technology along with other students requires effortless mobile wallet utilization. 

Students who belong to the digital native generation expect mobile interface to be 

friendly and easy to use because they simplify adoption (Suki, 2019). Students choose 

mobile wallets to present straightforward accessibility features in their systems. 

3) Social Influence 

The adoption of mobile wallets receives strong influence from social factors 

particularly among young demographic groups. The need to fit in with others together 

with social expectations motivates individuals to adopt mobile wallets because their 

friends and family members and peer community members use mobile payments in 

their everyday lives (Chong et al., 2019). Social media platforms together with 

advertisements contribute to student’s perception development and adoption 

promotion of mobile wallets. 

4) Facilitating Conditions 

Three key factors that enable mobile wallet adoption to consist of mobile wallet 

service availability alongside reliable internet connection and proper compatibility for 

mobile wallet adoption in Southeast Asia heavily depends on mobile phone 

availability alongside affordable pricing on data plans and advanced internet 

connectivity (Goh et al., 2019). Students are more inclined to use mobile wallets when 

they have convenient access to technology and essential resources including reliable 

internet connections and reasonable payment fees (Nguyen, 2021). 

2.3 Mobile Wallets 

A mobile wallet is a digital wallet designed to be used on mobile devices, such as 

smartphones and tablets, as a payment method (León, 2021). It allows you to store credit, 

debit, and identity cards, among other things, online. These once physical cards are now 

stored in a mobile wallet, which functions similarly to a physical wallet in digital form. 

Customers may utilize safe, encrypted apps to access their mobile wallets and use them to 

pay for goods and services with digital versions of their cards. Mobile wallets have grown 

in popularity due to the low- or no-touch engagements clients can make to complete 

transactions (Findling & Rao, 2021). According to Kaur et al. (2020), mobile wallets have 

added a new and more adaptable manner of processing payments through the internet, even 
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though mobile payments have existed. Because of its simplicity and favorable influence on 

noncash transactions, Mumtaza et al. (2020) believe that mobile wallets could be the future 

of a cashless society. According to Iman (2018), mobile payments and mobile wallets are 

attractive in developing countries due to a lack of alternatives to cash, a lack of access to 

banking products, infrastructure, and excessive fees for money transfer services. Although 

mobile wallets have attracted much interest in emerging nations, adoption is still modest 

and inconsistent (Kaur et al., 2020, Mumtaza et al., 2020). 

Researchers have studied the use e-wallets and mobile e-money services in the 

Philippines. Whether a person adopts something depends on how useful, safe, trustworthy, 

appropriate for their lifestyle and easy to use it is (Carillo, 2023). For millennials, the 

intention to use mobile e-money services relies a lot on their own attitude and how much 

control they believe they have over their activities. The practice of sharing mobile phone 

credits has influenced people to use mobile wallets through habits loyalty and reciprocity 

(Amoroso et al., 2021). Younger generations are being taught to expect and demand the 

ability to use their mobile wallet (SYKES, 2020). Students who use their phones to check 

their IDs or pay for extracurricular activities have grown up in a world where technology 

is continually evolving (Friedman, 2018).  

In the Philippines, e-payments are commonly made without a bank account and are 

readily available via mobile phones. According to BSP statistics, more Filipinos used 

mobile wallets or electronic payment systems in 2018 than credit cards. Filipinos can 

perform digital financial transactions without using cash or credit cards using platforms 

like GCash and PayMaya (Zoleta, 2021). In a low-bank country like the Philippines, where 

bank accounts are not required, e-payment systems offer many potentials (Deloritos, 2021). 

The BSP (Bangko Sentral ng 16 Pilipinas) will increase digital payments by 2020, 

transitioning from a cash-based economy to a digitally based one. Because many more 

Filipinos hold mobile phones than bank accounts, it was the perfect strategy for 

transforming the local market into an advanced digital economy (Editors, 2021). According 

to a study undertaken by economic consultancy firm AlphaBeta, a strategic economic 

consulting firm established in Singapore that works with governments, businesses, 

investors, and other organizations, the Philippines' digital economy can generate up to Php 

5 trillion through digital transformation by 2030. 
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Figure 2.2 Share of Digital Payments BY VOLUME in 2022 

Source: Classification: GENERAL, (2022). 

The use of digital payments has increased nationwide during the past five years, 

reflecting a change in consumer preferences as more Filipino customers are switching from 

traditional cash-based to digital payment methods because of their ease, quickness, and 

safety (Classification: GENERAL, 2022). According to the most current measurement 

report, by 2022, the volume of digital payments will account for a much larger portion of 

all retail purchases. increased to 42.1%, helped by 611.7 million more retail payment 

transactions than the year before. In the meantime, digital payments account for 40.1% of 

all retail payments, or 78 billion USD, in terms of value (Classification: GENERAL, 2022). 

2.4 Previous Studies 

The following are the summarized findings and limitations of previous studies 

related to this study that use UTAUT model in relation of mobile wallet apps of Filipino 

student. 

2.4.1 Synthesis of Previous studies 

Over the years, numerous studies have explored the factors influencing the 

adoption of mobile wallets and digital payments systems, particularly within the Philippine 

and through the application of established technology acceptance models such as UTAUT. 
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The following reviews synthesize key empirical findings to provide a theoretical backdrop 

and to identify existing research gaps.  

Plender and Matias (2020) examined the determinants of Filipino consumer’ 

adoption of online Money Transfer Services (MTS). Their findings revealed that 

performance expectancy, hedonic motivation, and perceived value significantly influence 

adoption intention, whereas effort expectancy, social influence, and perceived risk showed 

negligible impact. While their study validated aspects of the UTAUT model, it was limited 

to general consumers and excluded students’ demographics, thereby leaving room for more 

targeted investigations. 

Cacas et al., (2022) conducted a study focusing on Generation X in the Philippines 

to understand mobile wallet adoption. They found that user-friendly interface, peer 

influence, and rebate incentives were the most influential factors, with social influence 

emerging as the strongest determinants of adoption. However, their scope was restricted to 

older demographics and Metro Manila, which limits the generalizability of their findings 

to younger populations or students in other regions.  

Acopiado et al. (2022) explored the adoption of digital payments among firms 

during the COVID-19 pandemic. Their study showed that 67% of businesses adopted 

digital payment systems during the pandemic, with younger establishments and those with 

more employees more likely to adopt. While this research offered valuable insights into 

institutional adoption, it did not examine end-user behavior, particularly among students or 

individual consumers. 

Anne (2024) analyzed digital payment adoption in conjunction with the growth of 

e-commerce in the Philippines. The study identified digital infrastructure and financial 

literacy as key barriers to widespread adoption, especially among low-income groups. 

Although it highlighted systematic challenges, the study did not have a theoretical model 

like UTAUT, nor did it focus on student populations. 

Abrazado et al. (2024) focused on digital payments use among school staffs’ 

members. While their findings showed a positive perception of digital transactions for 

purposes like mobile loads and internet payments, participants still preferred cash and 

human interaction over self-service options. Although relevant to the educational sector. 

The study did not include students and thus missed insights into youth adoption behavior. 

Cendana and Palaoag (2020) examined how Philippines higher education 

institutions might integrate digital payments into school operations. They proposed the use 
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of “smart ID” payment systems for students, gaining strong support among working parents 

and administrators. However, the research primarily addressed institutional mechanism 

rather than individual student behavior and motivation. 

Finally, Al-Saedi et al. (2020) conducted a meta-analysis to propose an extended 

UTAUT model for mobile payment adoption. Their analysis revealed performance 

expectancy as the strongest predictor of intention, followed by social influence and effort 

expectancy, while perceived risks had a little to no effect. Although their findings 

strengthened the UTAUT model, their validations sample was limited to user in Oman, 

making it less applicable to the Philippines. 

In summary, existing studies have largely validated the core constructs of the 

UTAUT model particularly performance expectancy, effort expectancy, and social 

influence in influencing digital payment adoption. However, a noticeable gap persists in 

the application of these constructs specifically to Filipino students. Most studies either 

targeted populations, businesses, or institutional frameworks, while the youth 

demographic, particularly students in region like Mindanao, remain underexplored. This 

study addresses that gap by applying the UTAUT framework to examine the behavioral, 

social, and infrastructure factors influencing mobile wallet adoption among Filipino 

students. 

Table 2.1 Previous Studies 

No. Authors and 

Year 

Research 

Objective 

Findings Limitation 

1  Plender and 

Matias (2020 

The research 

aims to discover 

the essential 

factors which 

determine 

consumer 

adoption of 

online Money 

Transfer Service 

(MTS) in the 

Philippines. 

The intention of 

users to adopt 

online survey 

money transfer 

services depends 

heavily on three 

factors: 

Performance 

expectancy, 

hedonic 

motivation and 

perceived value. 

The adoption of 

online MTS 

requires 

resolving 

privacy and 

security issues to 

boost its 

popularity. The 

public requires 

better 

information 

about MTS 
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To understand 

what drives 

Filipino 

consumers in the 

adoption of 

online MTS. The 

research helps 

concerned 

entities improve 

their product 

delivery while 

addressing 

common 

financial 

transaction 

issues. 

The actual 

adoption of 

online money 

transfer services 

depends on 

facilitating 

conditions 

together with 

behavioral 

intention. The 

factors of effort 

expectancy, 

social influence, 

perceived risk 

and habit do not 

impact consumer 

use of money 

transfer services. 

programs. The 

validation of the 

UTAUT models 

serves as the 

only scope of 

this research. 

2 Cacas et al., 

(2020) 

The study 

examines why 

Generation X 

people in the 

Philippines 

choose or avoid 

mobile wallet 

adoption by 

analyzing their 

perceptions of 

risk and usability 

and the effect of 

rebate incentives 

and social 

influence. The 

research 

investigates how 

The perception 

of risk does not 

lead generation 

X users to 

develop more 

positive 

intentions 

regarding Gcash 

service adoption. 

Generation X 

shows positive 

intention toward 

Gcash service 

adoption because 

of three factors: 

user-friendly 

interfaces along 

Future research 

would enhance 

its findings 

through mixed-

method analysis 

because this 

study depended 

entirely on 

quantitative 

methods. The 

study should 

investigate 

supplementary 

influencing 

factors because 

this study 

examined just 
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these factors 

affect 

Generation X 

users’ decision to 

adopt Gcash 

mobile wallet. 

with rebate 

offers and peer 

influence. Social 

influence stands 

as the leading 

factor which 

drives generation 

X to adopt Gcash 

services. 

four influencing 

factors. 

Additional 

research should 

expand its scope 

to include all 

regions across 

the Philippines 

after studying 

Metro Manila. 

3 Acopiado et 

al. (2022) 

This research 

investigates how 

firms in the 

Philippines used 

digital payment 

while the 

COVID-19 

pandemic was 

ongoing. The 

research 

investigates the 

elements which 

impacted the 

decision process 

regarding digital 

payment 

adoption among 

businesses 

shifting towards 

digital 

transformation. 

A total of 67% of 

businesses 

started using 

digital payment 

methods because 

of the COVID-

19 pandemic. 

The likelihood of 

adopting digital 

payments 

increased among 

younger 

establishments 

and partnership-

based companies 

alongside 

business with 

large employees’ 

numbers. 

The paper fails 

to identify all the 

restricted 

elements and 

characteristics 

that challenge 

vulnerable 

enterprises when 

adopting digital 

payments 

systems because 

additional 

research in this 

field is required. 

This research 

study failed to 

investigate the 

support 

activities digital 

payment 

providers and 

financial 

technology 

developers 

provide to 
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MSMEs for 

digital payment 

adoption. An 

assessment of 

digital payment 

platform 

competence and 

usability was 

absent from the 

paper which 

might limit 

understanding of 

adoption factors. 

4 Anne (2024) The paper 

examines both e-

commerce 

expansion and 

digital payment 

adoption in the 

Philippines. 

SMEs 

experienced 

higher profit 

levels because of 

digital payment 

systems even 

though this 

occurred 

primarily during 

the COVID-19 

crisis. Digital 

payment 

adoption remains 

limited because 

low-income 

citizens face 

difficulties in 

financial 

education and 

trust security 

issues. E-

commerce 

Exploring e-

commerce and 

digital payments 

requires 

application of 

different 

theoretical 

frameworks 

such as TAM 

and diffusion of 

innovations and 

UTAUT. The 

educational 

systems require 

campaigns to 

instruct people 

about financial 

education while 

establishing trust 

in digital 

payments 

systems. The 
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growth 

advancement has 

strongly 

depended on 

government 

backing coupled 

with better 

digital 

infrastructure 

development. 

inability to 

create digital 

infrastructure 

affects 

population 

groups in rural 

regions and 

underserved 

areas to obtain 

fair access to e-

commerce 

platforms and 

digital payments 

systems. 

5 Abrazado et 

al. (2024) 

Quantify digital 

payment 

methods used by 

school staff 

members. The 

study examines 

digital payment 

perspectives of 

school 

employees while 

analyzing how 

their 

demographic 

characteristics 

and household 

profiles affect 

their utilization 

and perspectives. 

Most users 

choose cash as 

their preferred 

payment method 

however they 

demonstrate 

comfort using 

digital devices 

when making 

transactions. 

Digital payment 

methods are 

frequently used 

by participants 

for mobile 

recharge/loads 

and 

cable/internet, 

and they have 

maintained this 

The study is not 

targeting 

students. 
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practice for more 

than three years.  

Participants see 

digital payment 

positively 

because it saves 

time and serves 

all needs, but 

they still prefer 

human customer 

service to self-

service options. 

 

6 Cendana and 

Palaoag 

(2020) 

Analyze how 

Philippine higher 

education 

institutions can 

accept a digital 

payment 

framework for 

their operations. 

Students should 

receive “Smart 

IDs” from their 

student IDs to 

use for 

payments. The 

system addresses 

behavioral 

problems which 

prevent students 

from making 

timely school fee 

payments. 

9% out of the 

total student 

enrollment 

maintained 

outstanding 

tuitions fees 

when the 

semester ended. 

The payment 

delays for tuition 

fees among 

scholarship 

students reached 

66% because 

they had more 

essential matters 

to handle. A 

smart card 

payment system 

gained favor 

from 75% of 

foreign-working 

The data is not 

updated  



25 
 

parents who 

wanted to ensure 

their money was 

used specifically 

for tuition fees. 

The research 

showed that 

91.5% of 

respondents held 

favorable 

opinions about 

employing a 

smart ID system 

in university 

environments. 

7 Al-Saedi et al. 

(2020) 

The study 

examines the 

most common 

factors extending 

the UTAUT 

model for mobile 

payment 

adoption using 

meta-analysis 

from 25 studies. 

A generalized 

extended 

UTAUT model 

serves as the 

proposal for 

mobile payment 

adoption. The 

proposed model 

will be validated 

through PLS-

The primary 

factor that 

influences users’ 

intention to use 

M-payment 

systems is 

performance 

expectancy 

while social 

influence comes 

second followed 

by effort 

expectancy and 

perceived trust 

and perceived 

cost and self-

efficacy. Users 

perceive risks in 

M-payment 

systems at such a 

The research 

introduces an 

extended version 

of the UTAUT 

model for M-

payment 

adoption, yet its 

validation 

remains 

incomplete. A 

validation of the 

model took place 

using data from 

436 M-Payment 

users in Oman 

but this might 

restrict its 

applicability to 

other groups or 

environments. 
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SEM 

methodology. 

low level that it 

does not affect 

their intention to 

use these 

systems. The 

research 

investigation 

improves 

comprehension 

about which 

factors influence 

M-payment 

systems 

adoptions in 

Oman. 

Perceived risk 

failed to 

demonstrate a 

significant effect 

on M-payment 

systems usage 

behavioral 

intention 

according to 

research 

findings. 

Source: Process by author 

2.5 Research Framework and Hypothesis Development 

Mobile wallet payment adoption changed faster due to technological progress 

combined with the increased utilization of smartphones. The speed of mobile wallet 

adoption differs among Filipino students and other young adults because of multiple 

influencing variables. The established framework in the Theory of UTAUT for explaining 

why Filipino students adopt mobile wallets payment. 

To ascertain the importance and strength of the connections between 

constructions, each hypothesis (H1 through H5) will be put to the test. 

From UTAUT Theory 

H1: Performance Expectancy positively influences Intention to use the technology. 

H2: Expectancy positively influences Intention to use the technology. 

H3: Social Influence positively influences Intention to use technology 

H4: Facilitating Conditions positively influence actual Use Behavior. 

Multiple studies use the UTAUT model to examine technology adoption. 

Rachmawati et al., Taiwo & Downe, 2013 as well as Yuwono & Masdjojo, 2023 

demonstrate solid evidence showing that performance expectancy and social influence and 
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effort expectancy boost behavioral intention to use technology. Performance expectancy 

establishes the most powerful link among these relationships according to Taiwo and 

Downe (2013). Numerous authors suggest that facilitating conditions along with behavioral 

intentions result in actual use behavior (Rachmawati et al., 2020; Yuwono & Masdjojo, 

2023), yet Taiwo and Downe (2013) report these relationships as weak. Research reveals 

contradictory finding about how behavioral intention links UTAUT construct to use 

behavior among various studies (Yuwono & Masdjojo, 2023). Different contexts and 

technologies studied present varying strengths and significance in relationships according 

to research findings about the UTAUT model. 

H5: Intention to use has a positive impact on the use behavior of mobile wallet payment. 

In a mobile wallet payment scenario, intention to use has a positive effect. 

Concerning this purpose, several factors include perceived utility, perceived ease of use, 

and individual creativity (Al-Herwi et al., 2021; To & Trinh, 2021). A few prior studies 

that examine mobile wallets’ adoption have used Technology Acceptance Model (TAM) 

and its extensions (To & Trinh, 2021; Al-Herwi et al., 2021). Moreover, behavioral 

intention to use mobile payments is influenced by social influence, trust, perceived 

performance expectancy, and facilitating conditions (Jameel et al., 2023). Jameel et al. 

(2023) revealed that effort anticipation has a weak relationship with intention. The analysis 

of the sample shows that perceived behavioral intentions of retailers to promote mobile 

wallets are positively associated with the behavioral intentions to use them (Tripathi et al., 

2021). 

This model positions Intention to Use as a mediating variable, consistent with 

UTAUT, capturing the psychological pathaway from perception to behavior (Diego 

Fettermann & Calegari, 2024; Bazelais et al., 2022). 
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Figure 2.3 Conceptual Framework 

Source: Process by author 

Presented in figure 2.3 is the research framework of the study, UTAUT model was 

used in this study to understand the factors influencing Filipino Students Shift from cash 

to mobile wallet Payment Key constructs include performance expectancy, effort 

expectancy, social influence, facilitating conditions, intention to use as mediating variables, 

and use behavior. It is necessary to include a mediating variable such as intention to use 

because it shows a better understanding of the behavioral process through which actual 

usage occurs. Instead of a direct relationship of factors such as performance expectancy or 

social influence and mobile wallet adoption, intention to use helps outline the psychological 

process by which such factors become action. This facilitates a more accurate and 

theoretically informed picture of user behavior consistent with models such as the UTAUT 

in which behavioral intention is a key predictor of technology adoption. 

Research has consistently shown that behavioral intention to utilize technologies 

is positively impacted by performance expectancy, effort expectancy, and social influence 

(Diego Fettermann & Luiz Philipi Calegari, 2024; Paul Bazelais et al., 2022; Bashar Salim, 

2012; Fazlyn Persen et al., 2020). In turn, actual use behavior is influenced by behavior 

intention (Paul Bazelais et al., 2022; Diego Fettermann & Luiz Philipi Calegari, 2024). 

This design model framework shows the various aspects that define technology acceptance 

and utilization.  
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CHAPTER III 

METHODOLOGY 

3.1 Type of Research 

This study adopts a quantitative research approach, employing survey 

questionnaires to measures the variables associated with the UTAUT model in the context 

of Filipino students’ adoption of mobile wallet payments. Data were collected via an online 

survey distributed to Filipino student participants. Given the widespread use of mobile 

phones among university-aged individuals (Deloitte, 2017), this demographic is considered 

tech-savvy and well-positioned for digital payment adoption. However, students with 

limited technological experience may show hesitation due to unfamiliarity (Cochrane, 

2021). The survey was distributed through Facebook Messenger, ensuring broad reach 

among students’ groups. All students who received the survey were invited to participate 

voluntarily. Purposive sampling was employed to select respondents who met specific 

criteria relevant to the study. This method allows researchers to deliberately target 

individuals based on their characteristics and relevance to the research objectives (Tongco, 

2007). It is widely used in behavioral and technology adoption studies where the population 

needs to meet particular inclusion criteria (Etikan, Musa, & Alkassim, 2016. 

3.2 Research Approach 

This research employs Partial Least Square Structural Equation Modeling (PLS-

SEM) as its analytical method. PLS-SEM is suitable for exploratory studies involving 

multiple constructs and complex path models, particularly in early-stage theoretical 

development. According to Hair et al. (2014), the recommended minimum sample size in 

PLS-SEM can be determined using two general rules of thumb: (1) multiplying the number 

of indicators by 5 to find the lower boundary, and (2) multiplying the maximum number of 

indicators for any single construct by 10 to find the upper boundary. In this study, there are 

16 indicators, so the minimum sample size based on the first rule is:  

n = 16 x 5 = 80 respondents 

To ensure higher accuracy and validity in structural modeling, the researcher 

followed the second rule: 

n = 16 x 10 = 160 respondents 

This sample size ensures sufficient statistical power for conducting path analysis, 

hypothesis testing, and validity assessment in complex models using reflective constructs, 
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Therefore, the researcher targeted and achieved at least 171 respondents, meeting the 

requirements for robust PLS-Sem analysis. 

Although the recommended minimum sample size for this study was 160 

respondents, the research opted to include 171 participants to enhance the statistical rigor 

of the PLS-SEM analysis. As noted by Hair et al. (2017), increasing sample size beyond 

the baseline improves the stability of parameter estimates, strengthens model reliability, 

and provides greater precision in hypothesis testing. Additionally, oversampling serves as 

a safeguard against issues such as missing data, non-normal distributions, or outliers, 

which can affect model fit and path analysis. According to Marcoulides and Saunder 

(2006), a larger sample also increases statistical power, enabling more robust conclusions, 

particularly in models using reflective constructs. In studies using purposive sampling 

like this one which focused on Filipino students, additional responses can partially 

address potential biases and support more generalizable findings. Therefore, the final 

sample, size 171, not only meets but slightly exceeds methodological standards, 

reinforcing the credibility of the research results. 

3.3 Data and Data Sources 

Primary data was collected through online surveys administered via Google Forms. 

The questionnaire gathered information on respondents’ socio-demographic characteristics 

(e.g., sex, age, civil status, year level, funding source, region of residence) and mobile 

wallet usage. Respondents were also asked how long they have been using mobile wallet 

payment applications to assess their level of experience and familiarity with technology. 

The survey utilized in this study was administered using Google Forms and disseminated 

primarily through Facebook Messenger. This multi-platform approach was chosen for 

several practical reasons. 

Google Forms was selected as the primary data collection tool due to its 

accessibility, ease of use, and ability to automatically compile and organize responses. It 

allowed the researcher to design a structured questionnaire aligned with the constructs of 

the UTAUT model, including multi-choice and Likert-scale items. The platforms also 

ensured data consistency and security, while simplifying the transfer of response for 

satisfied analysis via PLS-SEM. 

Facebook Messenger, on the other hand, was used as a distribution channel because of 

its widespread use among Filipino students. As a social networking application, Facebook 

is deeply embedded in the daily digital habits of young Filipinos. Messenger provides a 
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convenient and direct communication channel where users are more likely to engage with 

links shared by peers or trusted contacts. This method allowed the research to: 

1. Reach a larger and targeted audience efficiently, especially those aged 18-23, who 

are digitally active and responsive on messaging platforms. 

2. Encourage participation by sending personalized invitations and reminders 

3. Create engagement through live session and real-time clarifications during the 

survey period (as briefly noted in the study’s methodology, including a Facebook 

live broadcast to address security concerns and improve transparency). 

By combining Google Forms with Facebook Messenger, the researcher ensured 

broader participation while maintaining respondents’ convenience and privacy. This 

strategy was especially effective for purposive sampling, as it enabled the researcher to 

directly contact Filipino students from different regions, institutions, and background while 

ensuring that participants met the study’s criteria (i.e., being Filipino students aged 18 and 

above). Moreover, the method facilitated quick dissemination and feedback collection 

within a short time frame, making it ideal for a study targeting a digitally connected youth 

demographic. 

The data collected from the online survey were treated with the utmost confidentiality. 

Results were automatically tallied and tabulated using Google Forms to Facilitate accurate 

interpretation. After the completion of data collection, responses were encoded into 

Microsoft Excel to enable systematic organization, data cleaning, and preparation for 

analysis. The secondary data included literature from previous research studies related to 

mobile wallet adoption and the UTAUT framework. 

3.4 Object and Subject of Research 

The object of this research is mobile wallet payment adoption. The subject is 

Filipino students, and the study aims to identify the factors that influence their shift from 

cash to mobile wallet payments using the UTAUT framework. 

3.5 Data Collection Methods and Data Instrument 

A total of 171 Filipino students’ respondents completed the online survey and were 

included in the final analysis. The survey link was disseminated through Facebook 

Messenger and Google Forms, targeting students aged 18 and above from various regions 

of the Philippines, with the majority from region 12 (SOCCSKSARGEN). While the exact 

number of students who received the survey link was not tracked (since the link was shared 

broadly across Messenger groups, academic circles, and during Facebook Live sessions), 
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the study employed purposive sampling to ensure that only those meeting the study’s 

inclusion criteria a students, aged 18+, and with mobile wallet experience) were collected 

valid. Prior to the final survey, a pilot test involving 136 participants was conducted to 

evaluate the questionnaire’s clarity, reliability, and validity. Feedback from this pre-test 

phase helped refine the final version of the instrument. Of the distributed links and shared 

invitations, 171 valid and completed responses were collected and deemed usable for 

analysis. These responses met all completeness checks and eligibility conditions and were 

processed using PLS-SEM (Partial Least Square Structural Equation Modeling), which 

requires a minimum sample size of approximately 160 respondents (based on the model’s 

indicators). 

Thus, while the total number of recipients is unknown due to the open nature of 

digital sharing, the final usable sample for statistical analysis was 171 respondents. The 

survey was carefully targeted to Filipino students aged 18 and above through purposive 

sampling ensure the relevance of the data. The final sample met the required size threshold 

for PLS-SEM analysis, as determined by establishing methodological guidelines. 

The researcher used the frequency, percentage rate, and means to interpret the 

gathered data. A 5-point Likert scale was used on the questionnaire to determine which 

identified factors influence the students the most to adopt mobile wallets, ranging from 

“Strongly Disagree” on one end to “Strongly Agree. “It was measured by ranking, which 

is the highest among the overall means for every factor. The range used to describe the 

Likert scale used on the questionnaire. 

  



33 
 

Table 3.1 Range of answer options on the Liker scale 

Range Agreement 

4.21 – 5.00 Strongly Agree 

3.41 – 4.20 Agree 

2.61 – 3.40 Neutral 

1.81 – 2.60 Disagree 

1.00 – 1.80 Strongly Disagree 

3.6 Data Analysis 

Data was analyzed using PLS-SEM due to its suitability for exploratory models, 

complex structural relationships, and both small and moderate sample sizes (Hair et al., 

2017; Sarstedt et al., 2014). PLS-SEM supports predictive modeling and the analysis of 

reflective and formative constructs, making it a powerful tool in behavioral and technology 

acceptance studies (Henseler, Ringle, & Sinkovics, 2009). It is also grounded in the theory 

of reasoned action and theory of planned behavior, which highlight the role of intention in 

predicting actual behavior (Ajzen & Fishbein, 1980; 1991. The UTAUT models extends 

these theories by integrating multiple predictors of technology use behavior, such as 

performance expectancy, effort, and social influence. 

3.6.1 Descriptive Statistics  

Descriptive statistics were used to summarize the demographic characteristics of 

respondents and their responses to the questionnaire. These statistics included frequences, 

percentages, means, and standard deviations, which provided essential insight into patterns 

and tendencies within the data set (Zikmund et al., 2010), Frequency distribution helped in 

understanding the prevalence of demographic groups while measures of central tendency 

and dispersion offered clarity on the general attitudes of respondents. 

Descriptive statistics also enabled a clearer visualization of mobile wallet usage 

behavior, supporting analysis of adoption trends. According to Creswell (2014), descriptive 

analysis is vital in quantitative research as it provides a foundational understanding of the 

dataset before inferential analyses are performed. Furthermore, Churchill and Iacobucci 

(2002) emphasized that descriptive data play a crucial role in verifying data accuracy, 

identifying missing our outlier responses, and ensuring proper interpretation before 

conducting hypothesis tests. 

Statistical approach of descriptive statistics helps researchers organize and 

summarize data which creates a basis for understanding research finding and data collection 
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(Harbison & Simmon, 20040. The field of descriptive statistics includes central tendency 

measures including mean, median and mode and visual representations through tables and 

charts (Martias, 2021). The data description methods and data visualization techniques 

enhance meaningful interpretation of data, yet they cannot extend conclusions past the 

analyzed information or perform hypothesis testing (Downie & Staryy, 22019). 

The study begins with an analysis of descriptive statistics to present the socio-

economic profiles of respondents regarding (Sex, Age, Civil Status, Year level, course, 

Source of Fund, Region of residence). These results will establish the characteristics of the 

sample. The research sample consist of Filipino students. 

The analysis will provide statistical data which illustrates main variables for the  

UTAUT model as it relates to Examining Filipino Students’ Adoption Factors on Switching 

from Cash to Mobile Wallet Payments: An UTAUT Theory Approach. Understanding such 

patterns serves to determine both the frequency of adoption influence and students’ 

agreement with statements about UTAUT framework. The data analysis process detects 

both data irregularities as well as data anomalies which need correction before proceeding 

with advanced investigative methods. This research foundation enables the study to 

progress toward subsequent hypothesis testing while preparing for the structural model 

evaluation. 

3.6.2 Measurement Model Evaluation 

Organizational research requires a crucial measurement model evaluation process 

to determine the reliability and validity of construct measures according to Hair et al., 

(2021). The key evaluation criteria for reflective measurement models consist of indicators 

reliability together with internal consistency reliability and both convergent validity and 

discriminant validity (Hair et al., 2021). The evaluation procedures begin with 

measurement model assessment followed by structural model assessment (Janadari et al., 

2016). 

The study employs a reflective model which requires evaluation of its measurement 

model through tests for internal reliability and composite reliability and both convergent 

and discriminant validity (Janadari et al., 2016). The evaluation process determines which 

construction measures should be included in path models while it strengthens the research 

validity. 
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1.) Convergent Validity 

The evaluation of convergent validity determines the extent to which measurements 

of connected theoretical variables show correlation (Shenoy et al., 2021). The degree 

of convergent validity affects research outcomes substantially because small 

deviations from perfect measures convergence generate substantial variations in the 

research finding (Carlson & Herdman, 2012). Recommendations state that validities 

exceeding r=.70 are appropriate while measures with validities below r=.50 should 

be eliminated (Carlson & Herdman, 2012). 

a. Factor Loading 

Factor loading above 0.70 indicate sufficient construct validity (Wardatul 

Akman Din & S. Bidin, 2014; Ramlah Lopez et al., 2021). 

b. Average Variance Extracted (AVE) 

AVE provides an assessment method to evaluate construct indicator strength 

and show strong indicator contribution when values exceed 0.50 (P. Fithri et al., 

2024). The assessment methods follow the recommendations established by 

Hair et al., (2013) for determining convergent validity. 

2.) Discriminant Validity 

A critical characteristic of psychological scales is discriminant validity, which 

guarantees that constructs are measured independently (Schweizer, 2014). Modern 

methods use confirmatory factors models with latent variables, which were 

previously evaluated using multitrait-multidimensional matrices (Schweizer, 2014).  

After taking measurement error into consideration, Cho and Ronkko (2020) offer a 

new definition based on correlation between measures. They present the assessment 

methods χ2(sys) and CICFA (sys). Using simulations, Matthes & Ball (2018) 

assessed six popular approaches and discovered that, depending on the situation, 

some were more accurate than others. For a systematic evaluation of content validity, 

Johnson et al. (2014) suggests a quantitative approach known as Discriminant 

Content Validity (DCV). The six steps in DCV are judging identification, item 

selection, and constructing definition. It can be used to choose relevant items for 

measuring theoretical construction either before or after data collection. These 

methods seek to improve the reliability and validity of measurements used in 

marketing and psychology studies. 
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3.) Internal Consistency Reliability 

Internal consistency reliability determines the item correlation strength within a 

measurement tool (Campo-Arias & Oviedo, 2008; English & Keeley, 2015). The 

reliability assessment uses Kuder-Richardson’s formula 20 for dichotomous items 

together with Cronbach’s alpha for polytomous items and acceptable results fall 

between 0.70 to 0.90 (Campo-Arias & Oviedo, 2008). Cronbach’s alpha stands as 

the top choice for reliability assessment because it generates all feasible split-half 

values (English & Keeley, 2015). The three-step procedure for estimating internal 

consistency reliability involves descriptive analysis followed by measurement model 

testing and coefficient calculation with confidence intervals according to Viladrich 

et al., (2017). The proposed method works with different measurement scales such 

as unidimensional quantitative or ordinal instruments and unidimensional scales 

with methodological effects as well as multidimensional scales (Viladrich et al., 

2017). The consistency levels of scales differ between populations so healthcare 

providers must report results consistently (Campo-Arias & Oviedo, 2008). 

3.6.3 Structural Model Evaluation 

The evaluation of structural models in PLS-SEM analyzes path coefficient 

importance and significance together with model explanatory and predictive capabilities 

(Hair et al., 2021). The evaluation of both measurement and structural models takes place 

in the process while reliability and validity serve as fundamental assessment criteria for the 

measurement model (Janadari et al., 2016). The five-step process for evaluating structural 

model start with assessing collinearity followed by path coefficients testing R² evaluation 

and effect size (F²) measurement and predictive relevance (Q²) testing (Janadari et al., 

2016). 

1.) Multicollinearity Test 

The detection of multicollinearity involves evaluation of correlation matrices as 

well as analysis of variance inflation factors (VIF) and eigenvalues of correlation 

matrices (Paul, 2008; Risnawati, 2023). Multicollinearities exist when a VIF 

value surpasses 5 according to Risnawati (2023). The MTest provides statistical 

evidence for Klein’s rule and VIF detection through its role as a nonparametric 

bootstrap test for identifying multicollinearity (Morales Onate & Morales-Onate, 

2023). Through the Mtest research, we can create a bootstrap distribution for 

determining coefficient of determination while performing significance testing 
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to decide which variables should be removed (Morales Onate & Morales-Onate, 

2023). Ridge regression and principal components regression serve as 

techniques to decrease the level of multicollinearity even though its total 

eliminations impossible (Paul, 2008. 

2.) Path Coefficient 

Path coefficient analysis represents a statistical method that assesses linear 

model variables causality relationship (Seibel, 1972). Path coefficients function 

as standardized partial regression coefficients to analyze correlation matrices 

according to Seibel (1972) and Abebe (2017). 

3.) Coefficient of Determinants (R²) 

The regression analysis measures known as coefficient of determination (R²) 

demonstrates how well predictors explain dependent variable variation (Zhang, 

2017). The practice of interpreting and applying (R²) produces various 

difficulties. R² serves as an inconsistent estimator when measurement errors 

affect the observation according to Cheng at al., (2014). The various alternative 

R² statistics do not except for linear models with intercept terms according to 

Kvalseth (1985). According to Helland (1987) R² functions as population 

parameter estimator only if regressors demonstrate random distribution. 

Researchers have proposed different variants of (R²) statistics for multiple 

measurements error model (Cheng et al., 2014) while extending this concept to 

generalized linear models (Zhang, 2017). The interpretation and utilization of R² 

in regression analysis should be done cautiously because of its known restrictions. 

4.) Effect Size (F²) 

The statistical measure known as F² helps determine effect strength in multiple 

regression along with mixed-effects models as explained by Selya et al. (2012). 

This measure shows the actual effect size between groups by focusing on the 

magnitude instead of mixing it with sample size number (Coe, 2012). The F² 

measure in structural equation modeling supports researchers to identify the 

influence that individual constructs have on endogenous latent variables 

(Samartha & Kodikal, 2018). 

5.) Predictive Relevance (Q²) 

Prediction models require Q² as their essential evaluation metric for diverse 

applications. The quantum-like framework enables researchers to use Q² for 

modeling both user relevance states and information retrieval uncertainty (Buccio 

et al., 2011). 
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3.6.4 Mediating Effects 

It investigates dependent variable changes between independent variables by 

understanding their relationship with one or more intervening variables (mediator) through 

mediation analysis. This research studies the elements that affect Filipino students to move 

from cash to mobile wallet payment methods. This study applies UTAUT theory to 

determine adoption determinants and analyze how these elements interact by way of 

mediating relationships between students’ mobile wallet attitudes and their adoption 

decision. 

3.6.5 Hypotheses Testing 

The purpose of hypothesis testing is to verify whether research framework 

relationships receive through empirical evidence. Structural equation Modeling (SEM) will 

serve to test every hypothesis. The relationship between the two variables is statistically 

and practically significant when both the p-values are below 0.05 and the coefficient 

magnitude meets or exceeds the set practical significance thresholds. 
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3.7 Variables and Indicators 

Variable Indicators in this study are as follows: 

Table 3.2 Factors affecting Acceptance and the Use of Mobile wallet payment 

Codes Indicators Source 

1. Performance Expectancy (PE) 

PE01 Mobile wallets are easy and fast to use. (Gupta & 

Associates 

(2020) 

PE02 Using Mobile wallet makes the handling of payments 

easier. 

PE03 Convenient to use anytime, anywhere. 

2. Effort Expectancy (EE) 

EE01 It is easy for me to understand the operation of mobile 

wallet systems. 

(Suki, 2019) 

EE02 The instructions and protection are easy to follow. 

EE03 I know the steps on how to receive and send money 

using mobile wallets. 

3. Social Influence (SI) 

SI01 My colleagues encourage me to use mobile wallet 

payment. 

 

(Chong et al., 

2019) SI02 My supervisor supports me to use mobile wallet 

payments. 

SI03 I believe that most people who are important to me 

think I should use mobile wallet payment. 

4. Facilitating Condition (FC) 

FC01  I have experiences lagging on using my mobile wallet 

applications. 

 

(Alswaigh & 

Aloud, 2021). FC02 I can easily access my mobile applications even though 

I am only using my cellular data connection. 

FC03 I can use my mobile wallet anywhere with my cellular 

data connection. 

5. Intention to Use (IU) 

IU01  I intend to use a mobile wallet for my future 

transactions. 

 

(Felick kurnia, 

2021.) IU02 I am willing to adopt mobile wallet payments as my 

primary method of payment. 
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6. Use Behavior (UB) 

UB01 I often use mobile wallet payment for transaction.  

(B. Santoso & S. 

L. Siregar, 

2018). 

UB02 I regularly use a mobile as my method of payment for 

purchases. 

Source: Processed by author 
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CHAPTER IV 

RESULT AND DISCUSSION 

4.1 Results Analysis 

4.1.1 Respondents Profile  

A total of 171 Filipino students’ respondents participated in the study. The 

demographic analysis revealed a female majority (71%), with 29% identifying as male. In 

terms of age, 76%.6 were between 18 and 23 years old, which is typical for senior high 

school and college students. Most respondents were single (96%), consistent with their 

student status. 

Academic level distribution shows that 28.07% were fourth-year college students, 

followed by 22.81% first-year students. Notably, the study included respondents from 

various years level and even postgraduate students, allowing a broader understanding of 

students’ perspective on mobile wallet adoption. Regarding financial sources, 70% 

reported receiving allowances, 14% had scholarship stipends, and 12% earned from part-

time work, indicating varying levels of financial independence. Geographically, the study 

was heavily concentrated in region (SOCCSKSARGEN), which accounted for 80% of 

respondents. While this offers valuable insights into regional behavior, it limits the national 

generalizability of the findings. 

Table 4.1 Respondents Characteristics 

Respondent Profile Frequency (n) Percentage (%) 

Your Sex 

Female 122 71% 

Male 49 29% 

Age 

18-20 years old 62 36.26% 

21- 23 years old 69 40.35% 

24 and above 40 23.39% 

Your civil status 

Single 164 96% 

Married 7 4% 

Your year level 

Senior Highschool 19 11.11% 

1st year college 39 22.81% 
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2nd Year College 23 13.45% 

3rd Year College 23 13.45% 

4th Year College 48 28.07% 

Postgraduate 19 11.11% 

Your source of fund 

Allowance 120 70% 

Scholarship Stipend                       24 14% 

Part-time job 20 12% 

Others 7 4% 

Source: Processed by author 

From the table above, based on Sex (Gender) distribution, a total of 122 

participants out of 171 individuals in the study identified as female (71%). A total of 49 

males among 167 participants constitute 29% of the research sample. The composition of 

female respondents in the sample might affect behavioral patterns because gender appears 

significant for mobile wallet adoption according to UTAUT extensions. 

In age distribution, 21-23 years old has 69 respondents which is the largest group, 

followed by 18-20 years old with 62 respondents and 24 and above with 40 respondents. 

Most respondents identify as young adults between the ages of 18 and 23 years old (76.6% 

of respondents). Among 171 respondents the 18-20 and 21-23 groups collectively represent 

131 respondents, which amounts to 77% of total respondents. The data consistently shows 

that most respondents belong to traditional-age students’ group which include high school 

seniors and undergraduate college students. The respondents aged 24 or older forty 

representing 23% of the respondents. This group includes postgraduate students alongside 

late starting students who work alongside their studies. The old age group evaluated mobile 

wallet performance differently than their younger counterparts. 

According to the civil status data, 96% of respondents (164 people) identify as 

single while 4% (7people) are married. Only 4% are married. Most respondents belong to 

an age bracket where schooling overlaps with early adulthood which explains the data 

pattern. 

The large number of single respondents in the study reflects the majority students’ 

population which consists of young adults, since age shows they are mostly between 18-23 

years old. Educational stages commonly show that most people stay unmarried because 

they concentrate on their studies and remain financially dependent and work on their 
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personal growth. Although civil status does not act as a direct moderator in UTAUT the 

related elements of life stage and financial behavior and technological priorities can affect 

behavioral intentions. 

Most participants belong to fourth-year college students as they form the biggest 

of 48 from a total of 171 respondents demonstrating their substantial representation in this 

sample. The following are the first-year college students who number 39 respondents 

(22.81%). The research sample includes 23 respondents from each of the second- and third-

year college groups who collectively form 13.45% of the total respondents. The study 

features equal participation rates of 19 respondents or 11.11% of senior high school 

students. The research data reveals and even distribution of respondents across students’ 

academic stages while students approaching graduation make up the largest response 

group. 

For the last category of respondents’ characteristics, which is the source of funds, 

an allowance from parents or guardians serves as the main financial source for 70% of the 

surveyed students (120 individuals). Students’ financial dependance reaches high levels 

particularly among high school seniors and students studying at the first two levels of 

college. A portion of respondents (24 out of 174) benefit from government and institution-

based scholarship stipends according to the collected. Part-time work enables 12% of 

students (20 respondents) to supplement their finances, demonstrating both financial 

independence and likely involvement in personal financial planning. 

7 respondents (4% of total) reported diverse income sources beyond traditional 

employment or scholarships. These alternatives sources may include entrepreneurship or 

informal work and remittances. Students who receive funds from multiple sources show 

different mobile wallet applications usage patterns based on their income diversity. 

Scholarship recipients and students with part-time jobs utilize mobile wallets to manage 

funds efficiently but students who receive allowance often use them for peer-driven 

transactions and convenience. Students with different financial sources show varying 

impacts on performance expectancy and facilitating conditions according to their 

management of financial resources and their perception of mobile wallet technology 

benefits. 
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Figure 4.1 Respondents Region of Residence 

Source: Processed by author 

Based on the figure above, it shows that most students who respond to the online 

survey come from Mindanao area region 12 SOCCSKSARGEN with a frequency of 137 

people (80%), In this region it covers 4 provinces namely, South Cotabato, Cotabato, Sultan 

Kudarat, Sarangani and General Santos City. That’s what SOCCSKSARGEN stand for 

formerly known as Central Mindanao. Follow by student’s respondent from BARMM 

(Bangsamoro Autonomous Region and Muslim Mindanao) with 12 people (7%), region 11 

with 5 responses from students (3%) and region 9 with 2 responses from students (1.1%).  

The researcher had the chance also to have respondents from Visayas area in 

Central Visayas 4 responses (2.3%) and 3 responses from Eastern Visayas (2%). And in 

Luzon area specifically central Luzon has 4 responses (2.3%), and Southwestern Luzon 

with 2 responses from students (1.1%), Region II with 2 responses (1.1%).  

The sample distribution in this study shows a significant concentration of 

respondents from SOCCSKSARGEN (Region XII), which accounted for approximately 

80% of the total 171 participants. SOCCSKSARGEN, located in the southern-central of 

Mindanao, comprises four provinces: Cotabato, Sarangani, South Cotabato, and Sultan 

Kudarat as well as the highly urbanized General Santos City and the independent 

component city of Cotabato. These regions’ Strongs representation in the dataset can be 

attributed to the researcher’s physical proximity, academic and social network connections, 
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and targeted outreach efforts focused primarily on Mindanao-based student communities, 

particularly through Facebook Messenger, institutional contacts, and online academic 

groups. These outreach methods were more effective in SOCCSKSARGEN than in other 

regions, where digital reach and engagement were relatively limited. 

As a result, the sample may not fully reflect the diverse experience and conditions 

of students from other Philippines regions, particularly Luzon and Visayas, where internet 

infrastructure, urbanization, and digital wallet penetration levels may differ significantly. 

This regional imbalance introduces potential bias, particularly in interpreting factors such 

as facilitating conditions and social influence, which may vary across socio-economic and 

geographic contexts. 

To handle this bias, the study explicitly acknowledges its purposive sampling 

limitations and does not generalize findings beyond the sample scope. The insights remain 

valid within the context of respondents and provide a valuable baseline for understanding 

mobile wallet adoption among Mindanaoan students. Future research is recommended to 

expand the geographic coverage using stratified or quota-based sampling across all regions 

of the Philippines to ensure national representativeness, allowing for a more nuanced 

comparison across regional and cultural settings. 

Mobile Wallet Usage 

The analysis showed that GCash was the dominant mobile wallet platform, used 

by 96% of respondents. Other platforms, including PayMaya and PayPal, had marginal 

adoption. This trend reflects GCash’s strong market presence, especially in region 12. In 

terms of duration, 32.7% of respondents had been using mobile wallets for 6 to 12 months, 

followed by 28.1% with 1 to 3 years’ experience, and 19.9% for over 3 years. This 

distribution suggests that while adoption is still emerging, it is steadily gaining ground 

among students. 
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Figure 4.2 Mobile Wallet Application 

Source: Processed by author 

The survey results show GCash dominates mobile wallet usage because 96% of 

respondents, or 164 people out of 171 users, have selected this platform. The remaining 

mobile apps including PayMaya (1%) PayPal (1%) and no one from the respondents choose 

7-11 CLIQQ Pay, the rest answer others (2%). The sample data shows that Gcash stands 

out as the most popular mobile wallet choice among the Filipino students in the sample, 

particularly who live in region 12. 

Gcash demonstrates powerful market control while showing signs of delivering 

high performance outcomes and GCash adoption seems strongly influenced by social 

influence together with facilitating conditions because it has become the default standard. 

the author investigated Filipino student adoption factors for mobile wallet payments based 

on UTAUT theory by distributing an online questionnaire through Google forms which 

lasted two weeks and another two days for doing a live on Facebook. The author 

demonstrated the survey link’s safety to Facebook viewers to prevent concerns about e-

wallet account security. Pilot research with 136 participants evaluated both the 

questionnaire and guidance instructions after participants feedback to determine the 

survey’s validity and reliability. The research focused on Filipino students who were 18 

years old or above throughout Luzon, Visayas, and Mindanao. The chosen sampling 

method helped us collect information from a wide range of respondents. The survey 

instrument was distributed through Google Forms, and it was shared on Facebook 
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Messenger and WhatsApp. It was also sent by the Author to teacher colleagues and 

distributed it by them to their assigned class advisories. 

This figure shows the distribution of the respondents according to how they have 

been using mobile wallets, with 171 respondents in total. There is a rather even distribution 

between the different time intervals the greatest share respondents have been using mobile 

wallets for 6-12 months, which means that a great number of people are still newcomers to 

the technology (orange segment). The middle section of the pie chart represents 28.1% of 

the respondents who have been using mobile wallets for 1-3 years, which may be regarded 

as a stable group of mid-term users, while the last section, which is green, has 19.9% of 

respondents who have been using mobile wallets for more than 3 years and may be 

considered as an experience group of users. Finally, 19.3% of respondents have been using 

mobile wallets for 3-6 months which is evident from the blue colored portion, which 

suggests that still a sizeable proportion of the consumers are in the experimentation stage. 

This distribution indicates that more people are using the mobile wallet as a 

payment method and most of the respondents have been using the mobile wallet for a 

medium duration of 1-3 years and some of the respondents have been using it for 6-12 

months which shows that a cross-section of people are using the mobile wallet. 

 

Figure 4.3 How long have you been using mobile wallet applications? 

Source: Processed by Author 
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Mobile Wallets Apps 

The change in the direction of digitalization has greatly changed how people 

transact and manage their money. In the Philippines there are number of such mobile wallet 

apps including Gcash, PayPal, PayMaya, and 7-eleven CLIQQ Pay, that have become 

popular in facilitating a wide variety of financial transactions on the user’s smartphone, 

from bill payment and money transfer to in-store purchases, the mobile wallet apps 

mentioned below are used in this study. 

Gcash, Gcash is a mobile wallet application that enables real-time money transfers, 

immediate payments of bills and fees to over 40 billers, load purchases, and online 

remittances, including PayPal funds. Gcash QR lets you take mobile payments from your 

consumers using quick, easy, and secure RQR technology. Customers log into the Gcash 

App, swipe left, scan their unique QR code, and enter the payment amount. According to 

Bayugo (2021), Gcash's partnership with American Express makes both domestic and 

international purchases online possible through Virtual Pay. Credit has a "purchase now, 

pay later" feature. You can do various operations, including paying bills, booking movies, 

and reloading or borrowing money. You will also get rebates or other benefits for your 

purchases. There are various methods for depositing and withdrawing money. You may 

exchange money with other Gcash users and earn money from them. However, some 

disadvantage of using this app is that convenience shop operator 7-Eleven will begin 

charging a 1% convenience fee on Gcash cash-in transactions on May 17, 2021 (Reymart 

2021), and it costs 20 PHP for every transaction above 1000 PHP, plus there is a 2% service 

fee for each transaction. 

PayMaya, PayMaya enables you to manage your money properly, thoroughly 

screen your investments, take advantage of incredible deals, and even earn rewards on your 

purchases. PayMaya-affiliated businesses allow you to pay with a fast QR code scan. The 

moment you activate your e-wallet, you will get an immediate virtual MasterCard that may 

be used for online purchases. You do not have to verify your account to deposit into your 

PayMaya wallet. You may use PayMaya to pay bills, buy prepaid loads, transfer, and 

receive money from other users. Everybody benefits from the constant promotions and 

discounts (Bayugo, J. E. 2021). 

However, changing your phone number may be quite a hassle. Additionally, you 

are not permitted to establish several accounts in your name. You would need to supply 

valid photo identification, a written letter, and an email, which will take three and seven 

days. Furthermore, it costs 15 PHP for every 1000 PHP that you deposit, and when you 
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activate your virtual card, you must have a balance of at least 100 pesos. To get a physical 

card that can be used to make cash withdrawals, you must first go through the verification 

procedure, and a government-issued ID is required for this.  

PayPal, PayPal permits businesses and individuals with an email address to send 

and receive money online securely and conveniently, a safer, easier, and more efficient 

method. The network is based on an existing bank account and credit card, resulting in a 

real-time payment mechanism (PayPal.com 2017). PayPal is now the most widely used 

third-party online payment system globally. More than 137 million people in 193 countries 

and 26 different currencies use PayPal daily, resulting in an average of 8 million 

transactions. 

7-11 CLIQQ Pay, this application is advantageous for loyal 7-Eleven consumers. 

CLiQQ is 7-Eleven's mobile application that enables customers to manage their rewards 

points, pay bills, and connect to Wi-Fi. You may earn rewards points every time you 

purchase a 7-eleven location nationwide, and c can redeem your earned points for anything 

from the rewards catalog.  

One of the benefits of the CLiQQ wallet is its ease when it comes to paying bills 

without visiting a crowded branch. It creates barcodes for transactions that must be 

completed at a 7-Eleven cashier. Nonetheless, there is no withdrawal option for the prepaid 

card, and the points or Dollars in your wallet cannot be used to pay for purchases. 

4.1.2 Descriptive Statistic Analysis 

Table 4.2 Average (Mean) Score of Questionnaire Items 

Code Statement Mean 

Independent Variables: PE, EE, SS, FC 

Performance Expectancy (PE) 

PE01 Mobile wallets are easy and fast to use. 4.04 

PE02 Using Mobile wallet makes the handling of 

payment easier. 

4.09 

PE03 Convenient to use anytime, anywhere. 3.91 

Mean (Performance Expectancy) 4.01 

Effort Expectancy (EE) 

EE01 It is easy for me to understand the operation 

of mobile wallet systems. 

3.87 
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EE02 The instructions and protection are easy to 

follow. 

3.85 

EE03 I know the steps on how to receive and send 

money using mobile wallets. 

4.13 

Mean (Effort Expectancy) 3.95 

Social Influence (SI) 

SI01 My colleagues encourage me to use mobile 

wallet payment. 

3.60 

SI02 My supervisor supports me to use mobile 

wallet payments. 

3.49 

SI03 I believe that most people who are important 

to me think I should use mobile wallet 

payment. 

3.65 

Mean (Social Influence) 3.58 

Facilitating Condition (FC) 

FC01 I have experiences lagging on using my 

mobile wallet applications. 

3.58 

FC02 I can easily access my mobile applications 

even though I am only using my cellular 

data connection. 

3.57 

FC03 I can use my mobile wallet anywhere with 

my cellular data connection. 

3.62 

 

Mean (Facilitating Condition) 3.59 

Mediating Variable: IU 

Intention to Use (IU) 

IU01 I intend to use a mobile wallet for my future 

transactions. 

3.91 

IU02 I am willing to adopt mobile wallet 

payments as my primary method of 

payment. 

3.87 

Mean (Intention Use) 3.89 

Dependent variable: UB 

Use Behavior (UB) 
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UB01 I often use mobile wallet payment for 

transaction. 

3.70 

UB02 I regularly use a mobile as my method of 

payment for purchases. 

3.65 

Mean (Use Behavior) 3.675 

Source: Processed by author 
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1.) Performance Expectancy (Mean: 4.01) 

Respondents agreed that mobile wallets improve efficiency, are convenient, and 

easy to use. Performance expectancy relates to the user’s perception of how the use 

of a mobile wallet improves the efficiency of transactions. The overall mean of 

4.01/5.00 shows that the respondents agree with the statement that it is convenient, 

fast and makes handling payments easier to use mobile wallets. This high score 

indicates that the users of mobile wallet technology understand certain benefits that 

come with the use of technology. 

2.) Effort Expectancy (Mean: 3.95) 

Students found mobile wallets understandable and easy to navigate. 

Perceived ease of use relates to the ease of using mobile wallet systems and the 

understandability of technology. The score of 3.95 means that the users have a 

good level of understanding of mobile wallets and it is easy for them to use it. This 

shows that the actions involve sending and receiving money and users are 

comfortable dealing with the systems. 

3.) Social Influence (Mean: 3.58) 

Social Influence refers to the extent to which individuals perceive that important 

other such as friends, family or peers, believe they should use a particular 

technology. Although the descriptive mean for social influence was 3.58, which 

falls within the “Agree” range on the Likert scale, the PLS-SEM analysis 

confirmed that this construct is statistically significant in influencing students’ 

intention to adopt mobile wallet payments. This indicates that Filipino students are 

indeed influenced by their social networks when deciding whether to use mobile 

wallets. The significance of this construct aligns with the findings of Chong et al. 

(2019) and Nguyen (2021), who observed that peer pressure, familial 

encouragement, and social media exposure positively affect mobile payment 

adoption, especially among young, digitally connected populations. In the 

Philippines context, where digital trends often spread virally through platforms like 

Facebook, TikTok, and group chats, students are more likely to adopt mobile 

wallets if they see others in their community using them. 

This highlights the importance of word-of-mouth influence, social proof, and 

endorsement by peers or authority figures in driving digital payment adoption. The 

statistical significance of these factors supports the inclusion of Social Influence in 

the UTAUT framework and emphasizes the need for fintech providers and 
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policymakers to consider peer-led marketing and community-based campaigns 

when promoting mobile wallet usage among youth. 

4.) Facilitating Conditions (Mean: 3.59) 

Access to data connections and app usability were moderately rated. 

This indicator focuses on the availability of resources and helps us to use mobile 

wallets efficiently. A mean of 3.59 means that users are fairly satisfied with 

technology support like data connection, though there is a possibility of 

experiencing a little lag in the connection from time to time. 

5.) Intention to Use (Mean: 3.89) 

There is a strong willingness to adopt mobile wallets as a primary payment method. 

Future usage intention describes the user’s attitude and their plan to use mobile 

wallets in the future. With a score of 3.89, this means that the participants have a 

positive attitude towards using mobile wallets in future uses and are willing to 

incorporate it into their usage patterns. 

6.) Use Behavior (Mean: 3.675) 

Students’ frequently willingness to adopt mobile wallets as a primary payment 

method. 

This indicator measures the current level of interaction users have with the mobile 

wallet systems. The mean of 3.675 indicates that the respondents use the service 

rather often, but not necessarily very often. Thus, the score suggests that while 

many users have a mobile wallet, the actual use is not yet as widespread or 

ingrained in daily activities. 

4.1.3 SEM-PLS Model Analysis 

This analysis adopts the Partial Least Square (PLS) method for its variance-based 

or component-based analysis. The model derivation occurred through the implementation 

of Partial Least Square (PLS) methods. Method is as follows: 
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Figure 4.4 Algorithm Model 

Source: processed by author with Smart PLS 4 

4.1.4 Measurement Model Assessment 

In the case of Measurement Model Assessment, the researcher uses convergent 

validity, reliability, and discriminant validity were assessed using SmartPLS. 

• Convergent Validity: All construct showed AVE > 0.50, with outer loadings 

mostly above 0.90, indicating strong validity. 

• Internal Consistency: All Cronbach’s Alpha and Composite Reliability scores 

exceed 0.70, confirming reliability. 

• Discriminant Validity: Fornell-Larcker and HTMT criteria were satisfied across all 

constructs, supporting the distinctiveness of each latent variable. 

Table 4.3 Convergent Validity Test results 

Variable  Indicator Outer 

Loading 

AVE Description 

Effort 

Expectancy 

EE1 

EE2 

EE3 

0.950 

0.931 

0.935 

0.881 Valid 

Valid 

Valid 
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Facilitating 

Condition 

FC1 

FC2 

FC3 

0.602 

0.918 

0.900 

0.671 Valid 

Valid 

Valid 

Intention to 

Use 

IU1 

IU2 

0.958 

0.960 

0.920 Valid 

Valid 

Performance 

Expectancy 

PE1 

PE2 

PE3 

0.943 

0.936 

0.899 

0.858 Valid 

Valid 

Valid 

Social 

Influence 

SI1 

SI2 

SI3 

0.891 

0.871 

0.870 

0.770 Valid 

Valid 

Valid 

Use Behavior UB1 

UB2 

0.939 

0.933 

0.876 Valid 

Valid 

Source: Processed by author 

The outcomes of the Convergent Validity Test table 4.3 above show that the 

measurement model shows overall strong convergent validity for most construct, as 

evidenced by high outer loadings and satisfactory values of Average.   

Effort Expectancy has very strong indicator reliability with outer loads between 

0.931 and 0.950, and an AVE of 0.881, which is much higher than the threshold. This 

shows that all the three indicators are valid measures of the construction. 

In Facilitating Condition, we have two very strong indicators (FC2 and FC3) with 

an outer loading >0.90, while FC1 is below the recommended cutoff at 0.602. The AVE 

for the construction is, however, 0.671, which is still acceptable. FC1 may be weak but in 

general construct still valid. When inspecting construct validity, the average variance 

extracted (AVE) tells us how much of the variance in a construct is explained by the 

measurement, not by errors (Mendes dos Santos & Cirillo, 2021). If the is higher than 0.50, 

even weak standardized loadings belong 0.60 may be considered part of a valid construct 

(Afthanorhan et al., 2020). 

Intention to Use has two indicators only and both have very high loading (0.958 

and 0.960) and AVE of 0.920 which imply excellent convergent validity and very reliable 

indicators. 

Performance Expectancy also demonstrates high validity with all three indices 

loading above 0.89 and AVE at 0.858, indicating consistent and reliable measures. 
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Social Influence is acceptable with outer loadings ranging between 0.870 and 0.891 

and an AVE 0.770. So, the three indicators for SI are all valid. 

Use Behavior contains two indicators with outer loading of 0.939 and 0.933 and 

AVE of 0.876, indicating excellent convergent validity and high indicator reliability. 

Table 4.4 Fornell-Larcker Criterion Score 

  EE FC IU PE SI UB 

EE 0.939           

FC 0.756 0.819         

IU 0.849 0.741 0.959       

PE 0.878 0.752 0.829 0.926     

SI 0.793 0.699 0.750 0.741 0.877   

UB 0.762 0.710 0.845 0.754 0.746 0.936 

Source: Processed by author 

The Fornell-Larcker criterion indicated in Table 4.4 above is applied to test 

discriminant validity, which guarantees that each construct in the model is separate and 

measures a different concept. Based on this criterion, the square root of the Average 

Variance Extracted (AVE) for each construct (shown in a bold along the diagonal) must be 

larger than its correlation with any other construct (off-diagonal values in the same row and 

column).  

In this table, the Fornell-Larcker criterion is satisfied for each construct. For 

instance, the square root of the AVE for Efforts Expectancy (EE) is 0.939, which is greater 

than its correlations with other constructs including Facilitating Conditions (FC=0756), 

Intention to Use (IU=0.849), Performance Expectancy (PE=0.878), Social Influence 

(SI=0.793), and Usage Behavior (UB=0762). Similarly, the square root of the AVE 

Facilitating Conditions (0.819) is greater than its correlations with EE (0.756), IU (0.741), 

PE (0.752), SI, (0.699, and UB (0.710). This same pattern is seen for all constructs in the 

model. This result implies that each construct has more variance with its own indicators 

than with the indicators of other constructs thus confirming that discriminant validity is 

well established across all the latent variables. Although there was an earlier concern about 

the reliability of one facilitating Conditions item (FC1), this Fornell-Larcker analysis 

proves that the overall construct still holds in differentiating itself from others constructs 

in the model. 
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Table 4.5 Heterotrait-Monotrait Ratio (HTMT)  

  EE FC IU PE SI UB 

EE             

FC 0.918           

IU 0.920 0.907         

PE 0.949 0.912 0.904       

SI 0.884 0.881 0.843 0.835     

UB 0.849 0.896 0.953 0.850 0.868   

Source: Processed by author 

Table 4.5 shows the Heterotrait-Monotrait Ratio of Correlations (HTMT, which is 

a stricter approach to discriminant validity in structural equation modeling. HTMT assesses 

the proportion of between-construct correlations (heterotrait-heteromethod) to within-

construct correlations (monotrait-hetermethod) and assists in the decision of whether 

constructs are empherically different from each other. It is usually assumed that a threshold 

for HTMT is 0.90 (or more conservatively, 0.85 for stricter analysis). 

In the table above, HTMT values are at or close to the 0.90 threshold: 

Effort Expectancy (EE) and Intention to Use (IU): 0.920, EE and Performance 

Expectancy (PE): 0.949, EE and Facilitating Conditions (FC): 0.918, FC and PE: 0.912, 

FC and Usage Behavior (UB): 0.896, IU and UB: 0.953. 

These values indicate that some constructions, especially EE, FC, IU, and PE, show 

high correlations that can compromise discriminant validity. The particularly high HTMT 

between IU and UB (0.953), and EE and PE (0.949), exceed the 0.90 level, which indicates 

possible overlap in the way these constructs are understood or measured by respondents. 

  EE FC IU PE SI UB 

EE1 0.950 0.694 0.799 0.799 0.752 0.738 

EE2 0.931 0.708 0.766 0.842 0.745 0.672 

EE3 0.935 0.726 0.824 0.831 0.737 0.733 

FC1 0.525 0.602 0.496 0.436 0.517 0.470 

FC2 0.663 0.918 0.651 0.691 0.593 0.623 

FC3 0.658 0.900 0.657 0.689 0.604 0.635 

IU1 0.823 0.729 0.958 0.801 0.719 0.771 
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Table 4.6 Cross Loading Score 

Source: Processed by author 

Table 4.6 shows the cross-loading scores that are used to further test discriminant 

validity in a measurement model. Cross-loading analysis is used to check if, for each 

indicator, it loads most on the assigned latent construct, compared to other constructs. Good 

discriminant validity is achieved in that each item should load more strongly on its own 

construction than on any other. 

The Effort Expectancy (EE) items-EE1 (0.950), EE2 (0.931), and EE3 (0.935) load 

highest on EE, which provides support that these items are good and valid for the EE 

construct, although they have moderates cross-loading for others constructs. For 

Facilitating Conditions (FC), FC2 (0.918) and FC3 (0.900) demonstrate high loadings on 

FC and low loadings elsewhere. However, FC1 (0.9602) can be seen to have noticeably 

weaker loading on its assigned construct and has relatively high cross loading (0.525 on 

EE and 0.517 on SI). This is consistent with earlier findings that FC1 is a marginal item 

and may diluting the discriminant validity of the FC construct. 

The Intention to Use (IU) items, IU1 (0.958) and IU2 (0.960), load clearly highest 

on IU, validating them. The Performance Expectancy (PE) items (PE1: 0.943, PE2: 0.936, 

PE3: 0.899) also load highest on PE with high internal consistency. Social Influence (SI) 

items, SI1 (0.891), SI2 (0.871) and SI3 (0.870) load highest on SI, suggesting good 

discriminant validity. The items for the Usage Behavior (UB)- UB1 (0.939) and UB2 

(0.933) load highest on their intended construct. 

The cross-loading analysis reveals that many items load highest on their respective 

constructs endorsing discriminant validity. The only issue is FC1 which has low loading 

constructs. This confirms previous worries that FC1 might be a weak indicator, though it 

IU2 0.807 0.692 0.960 0.789 0.720 0.848 

PE1 0.812 0.691 0.802 0.943 0.663 0.708 

PE2 0.852 0.691 0.791 0.936 0.695 0.700 

PE3 0.772 0.712 0.705 0.899 0.706 0.689 

SI1 0.702 0.624 0.620 0.681 0.891 0.639 

SI2 0.624 0.502 0.597 0.570 0.871 0.620 

SI3 0.749 0.693 0.739 0.689 0.870 0.694 

UB1 0.767 0.653 0.809 0.745 0.694 0.939 

UB2 0.656 0.677 0.772 0.665 0.702 0.933 
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does not seriously weaken the overall construct validity, s long as the other FC items are 

strong.  

Internal Consistency Reliability 

The following measures are used to test reliability and convergent validity of the 

constructions. The table 4.7 below contains the internal consistency and reliability statistics 

for each latent variable in the model using Cronbach’s Alpha, Composite Reliability (rho_c 

and rho_a), and Average Variance Extracted (AVE).  

Table 4.7 Internal Consistency Test Results 

Variable Cronbach’s 

Alpha  

Composite 

Reliability 

(rho_a) 

Composite 

Reliability 

(rho_c) 

AVE Description 

EE 0.932 0.934 0.957 0.881 Reliable 

FC 0.736 0.774 0.856 0.671 Reliable 

IU 0.913 0.914 0.958 0.920 Reliable 

PE 0.917 0.922 0.948 0.858 Reliable 

SI 0.851 0.860 0.909 0.770 Reliable 

UB 0.858 0.860 0.934 0.876 Reliable 

Source: Processed by author 

All constructions are at or above this threshold except for Facilitating Condition 

(FC) which has a marginal alpha of 0.736- still went within acceptable limits, but slightly 

weaker than others. Composite Reliability (rho_c) of more than 0.70 is believed to be good. 

All constructs including FC (0.856) across this threshold, indicating that the latent variables 

are measured reliably by their indicators. AVE (Average Variance Extracted) should 

exceed 0.50 to prove that construction explains more than half of the variance in its 

indicators. All constructs satisfy this criterion, with values between 0.671 (FC) and 0.920 

(IU) which are high levels of convergent validity. 

Overall, the results indicate that most constructions have shown excellent internal 

consistency and reliability, and especially high scores for EE, IU, PE, SI and UB. Despite 

having relatively low reliability metrics, Facilitating Conditions (FC) has values that are 

still higher than the minimum levels, which indicates it is a statistically appropriate 

construct. Nevertheless, its weaker position in comparison with the others should be 

pointed out and discussed as a shortcoming or a potential for development. 
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4.1.5 Structural Model Assessment 

Table 4.8 Multicollinearity Test 

To ensure the validity and robustness of the structural model, a multicollinearity 

test was conducted using the Variance Inflation Factor (VIF). Multicollinearity occurs 

when two or more independent variables in a regression model are highly correlated, which 

can inflate the standard errors of the coefficient estimates and lead to unreliable or unstable 

statistical inferences. VIF is a commonly used diagnostic tool to detect multicollinearity, 

where a VIF is a commonly used diagnostic tool to detect multicollinearity, where a VIF 

value greater than 5 or 10 indicates potential multicollinearity concerns depending on the 

threshold adopted by the researcher. 

 VIF 

EE-> IU 5,627 

FC->IU 2,662 

IU->UB 1,000 

PE->IU 4,774 

SI->IU 2,899 

Source: Processed by author 

From the table, it is observed that Effort Expectancy (EE → IU) has the highest 

VIF value of 5.627, which exceeds the conservative threshold of 5. This suggests a potential 

multicollinearity issue involving EE when predicting Intention to Use (IU). Similarly, 

Performance Expectancy (PE → IU) reports a relatively high VIF of 4.774, though still 

within the acceptable range. Social Influence (SI → IU) and Facilitating Conditions (FC → 

IU) demonstrate moderate VIF values of 2.899 and 2.662 respectively, indicating low 

moderate multicollinearity risks. Finally, the path from Intention to Use to Usage Behavior 

(IU → UB) shows a VIF of 1.000 indicating no multicollinearity. According to Hair et al. 

(2017), VIF values below 10 are acceptable, while Diamantopoulos and Siguaw (2006) 

also affirms that multicollinearity becomes problematic only when VIF exceeds 10. 

The VIF results indicate that multicollinearity is not a major concern for most of 

the constructs in the model, with the exception of Effort Expectancy (EE), whose VIF 

exceeds the recommended cut off of 5. This elevated VIF suggests that EE might share a 

high degree of correlation with other predictors of IU, particularly Performance Expectancy 

(PE) or Social Influence (SI). In many technology adoption models, EE and PE are 

conceptually and empirically related, as both constructs measure perceived ease and 

usefulness of a system, respectively. This, some degree of overlap is expected. 
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However, the presence of VIF = 5.627 for EE warrants caution. If multicollinearity 

is too severe, it could inflate standard errors, bias the estimation of regression coefficients, 

and obscure the true relationship between EE and IU. In such cases, it becomes difficult to 

assess the individual contribution of EE to IU, as the shared variance with other constructs 

could distort its predictive power. While this issue does not invalidate the model, it 

highlights the need to interpret the path coefficient of EE → IU with caution. 

Overall, the multicollinearity test shows that the model maintains an acceptable 

level of collinearity among the constructs. Only EE marginal exceeds the threshold, 

indicating a moderate multicollinearity concern that should be monitored but does not 

critically threaten the validity of the model. Nevertheless, the general multicollinearity 

diagnostics suggest that the structural model is statistically sound. 

Table 4.9 Path Coefficients 

 Original 

Sample 

(O) 

Sample 

means 

(M) 

Standard 

deviation 

(STDEV) 

Statistics 

(|O/STDEV|) 

P 

values 

Description 

EE-

>IU 

0.389 0.381 0.098 3,958 0.000* Significant 

FC-

>IU 

0.140 0.143 0.070 1,994 0.046* Significant 

IU-

>UB 

0.845 0.843 0.028 30,398 0.000* Significant 

PE-

>IU 

0.282 0.283 0.099 2,856 0.004* Significant 

SI-

>IU 

0.135 0.139 0.061 2,222 0.026* Significant 

*Significant at a 5% significance level (α = 0.05) 

Source: Processed by author 

Table 4.9 presents the path coefficients and statistical significance of the paths between 

constructions in the model.  

The relationship between H1: Performance Expectancy (PE) and Intention to Use 

(IU) shows a positive and significant effect of PE on IU mobile wallet technology was 

found with a path coefficient of 0.0282 and a p-value of 0.004. People will use mobile 

wallets more often if they feel it will help them complete transactions and manage their 
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finances more efficiently. Likewise, Plender & Matias (2020) and Al-Saedi et al. (2020) 

found that performance expectancy is a top factor influencing technology adoption, 

especially in digital and mobile payment situations. The reason students and tech-savvy 

groups use mobile wallets is that they find it easier and more efficient to manage their 

finances or finish tasks. 

H2: Effort Expectancy (EE) positively influences Intention to use (IU) technology. 

The path coefficient is 0.389 and the p-value is 0.000, both suggesting that Effort 

Expectancy (EE) has a strong impact on the Intention to Use mobile wallets. A high 

coefficient means that users tend to use mobile wallets more often when they find interface 

user-friendly and simple to understand. The finding here is like Cacas et al. (2020), who 

found user-friendly design was very important for Generation X in deciding to use GCash. 

Since most survey respondents are students or young people who have used mobile 

technology before, how easy it is to use the app matters a lot in shaping their behavioral 

intention. 

H3: Social Influence positively influences Intention to use technology 

There is a statistically significant relationship between Social Influence (SI) and 

Intention to Use on the value of 0.135 and a p-value of 0.026. While its impacts is less than 

that of other factors, it points out the role of peers, family or social norms in making people 

use mobile wallets. Cacas et al., (2020) report that peer influence was the primary reason 

for many Generation X users to adopt the Internet. Likewise, Al-Saedi et al (2020) 

concluded that social influence is the second biggest factor influencing people to use M-

payments. Their actions could be affected by the example of their peers or by trend popular 

among young people on the internet. 

H4: Facilitating Condition positively influences actual Use Behavior 

The relationship between Facilitating Conditions (FC) and Use Behavior (UB) is 

significant, but only moderate, because the path coefficient is 0.140 and the p-value is 

0.046. As a result, having adequate support infrastructure (smartphones, internet, app 

compatibility and assistance) makes it more likely for users to start using mobile wallets. 

This matches the findings of Plender & Matias (2020) and Cendana & Palaoag (2020), 

where having the right conditions was key for using technology. Sincere reliable digital 

infrastructure matters a lot, it’s likely that, despite having the skill, many users in urban or 

semi-urban areas still need it to use mobile payments. 
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H5: Intention to use has a positive impact on the use behavior of mobile wallet payment. 

The correlation between Intention to Use (IU) and actual Use Behavior (UB) is the 

strongest, with a coefficient of 0.845 and a p-value of 0.000, meaning IU has a very strong 

and significant impact on UB. It provides a main principle of the UTAUT model. That the 

intention to use a system is a main factor in whether people use it. Support for this comes 

from prior studies such as Plender & Matias (2020) and Al-Saedi et al. (2020) which 

consistently showed that intention is a major factor in using mobile payments. This means 

that, when the respondents decide to use mobile wallets, they are likely to carry out the 

action. 

All five hypotheses hold true and the intention to use is the greatest predictors of 

actual usage, all in all, all suggested relationships in the model are statistically significant 

at the 0.05 level or better. 

  while effort expectancy and performance expectancy are the leading influencers of 

the intention. The findings are in line with what UTAUT research has shown and reflect 

the interest of the respondents-people who are likely younger and enjoy using technology, 

as well as social support. The results suggest that while social influence and necessary 

conditions matter, the main reason for frequent mobile wallet use is being around peers and 

having the right infrastructure. According to Anne (2024) and Acopiado et al. (2022), better 

digital education and infrastructure help more people in understanding areas use mobile 

wallets. 

Table 4.10 Coefficient of Determination (R2) 

 R-square R-square adjusted 

IU 0.769 0.763 

UB 0.714 0.712 

Source: Processed by author 

Table 4.10 shows the coefficient of determination (R²) that tells how much variance 

in the dependent variable variables are accounted for by the model. The R² value for 

Intention to Use (IU) is 0.769, that is 76.9% of its variance is explained by EE, PE, SI, and 

FC. For Usage Behavior (UB), the R² is 0.714 which means that IU alone accounts for 

71.4% of the variance is usage behavior. These are high values, which show that the model 

has great explanatory power for both IU and UB. 
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Table 4.11 Effect Size (F2) 

 f-square Description 

EE->IU 0.116 Medium Effect 

FC->IU 0.32 Small Effect 

IU->UB 2,492 Large Effect 

PE->IU 0.072 Small Effect 

SI->IU 0.027 Small Effect 

Source: Processed by author 

Table 4.11 shows the effect size (f²) of every exogenous variable upon its 

endogenous variable. The medium effect of Effort Expectancy on IU (f² = 0.116) is higher 

than that of Facilitating Conditions, Performance Expectancy, and Social Influence with C 

values of 0.032, 0.072 respectively. The link between Intention, Use and Usage Behavior 

has a very large effect size (f² = 2.429) highlighting the importance of this link in 

influencing actual user behavior. 

Table 4.12 Predictive Relevance 

 Q²predict RMSE MAE Description 

IU 0.760 0.498 0.385 The model is 

predictive 

relevance 

UB 0.643 0.607 0.482 

 

Source: Processed by author 

Table 4.12 shows the predictive relevance of the model using Q² predict, Root 

Mean Square Error (RMSE) and Mean Absolute Error (MAE). The Q²predict for Intention 

to Use (IU) is 0.760, and for Usage Behavior (UB) it is 0.643. As both values are far above 

zero this means that the model has a good predictive relevance of IU and UB. Also, the 

values of RMSE and MAE confirm this conclusion. So, it’s only moderate degree of 

accuracy in terms of the prediction for RMSE for IU that has a result of 0.498 and for the 

MAE is 0.385. The RMSE for UB is a little higher at 0.607 and the MAE at 0.482, which 

is a little less accurate than for IU, but still within acceptable limits. In general, these 

findings indicate that the model is acceptable to predict the target construct, especially IU, 

thus verifying its predictive relevance. 
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Table 4.13 Specific Indirect Effects 

Variables Specific indirect effects 

EE->IU->UB 0.329 

FC->IU->UB 0.118 

PE->IU->UB 0.238 

SI->IU->UB 0.114 

Source: Processed by author 

Table 4.13 displays the exact indirect effect of the independent variables Effort 

Expectancy (EE), Facilitating Conditions (FC), Performance Expectancy (PE), and Social 

Influence (SI) to Usage Behavior (UB) through Intention to Use (IU). The highest indirect 

effect is from Effort Expectancy (EE) to UB via IU, with value 0.329, which means ease 

of use has significant impact on behavioral usage by first increasing intention. Performance 

Expectancy (PE) then is 0.238 with an indirect effect, meaning that perceived usefulness 

of the mobile wallet also enhances intention, which promotes actual use. The two 

constructs, Facilitating Conditions (FC) and Social Influence (SI) have lower indirect 

effects of 0.118 and 0.114 respectively, which suggest a more moderate but still positive 

role in influencing usage behavior through intention. These results show the mediating role 

of IU in converting user perception into actual behavior consequences. 
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4.1.6 Hypothesis Testing 

The hypothesis testing in this model determines the significance of latent variable 

relationships. All straight paths from independent variable (Performance Expectancy (PE), 

Effort Expectancy (EE), Social Influence (SI), and Facilitating Conditions (FC) to Intention 

to Use (IU), as well as from by non-zero path coefficients. 

Table 4.14 Hypothesis Testing  

Hypothesis Path Coefficient Strength Significance 

(Assumed 

p< 0.05) 

Description 

H1:PE→IU Supported 

 

0.282 Moderate Significant PE has a 

positive 

moderate 

effect on IU 

H2:EE→IU Supported 0.389 

 

Strong Significant EE has a 

strong 

positive 

effect on IU 

H3:SI→IU Supported 0.135 

 

Weak Significant SI has a 

weak but 

positive 

effect on IU 

H4:FC→IU Supported 0.140 

 

Weak Significant FC has a 

very strong 

positive 

effect on IU 

H5: 

IU→UB 

Supported 0.845 

 

Very 

Strong 

Significant IU has a 

very strong 

positive 

effect on UB 

R² (IU to 

IU) 

 

- 0.769 High  IU with 

76.9% 

explained by 

PE, EE, SI, 

and FC 
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R² (UB to 

UB) 

- 0.714 High  UB with 

71.4% 

explained by 

IU 

Source: Processed by author 

The outcomes of the hypothesis testing prove that all suggested relationships in the 

research model are statistically significant. Effort Expectancy (EE) is the most powerful 

predictor of Intention to Use (IU) among the four predicts (β = 0.389, p < .05), which means 

that the easier the mobile wallet seems to users, the more they intend to use it. Performance 

Expectancy (PE) also has meaningful positive impact on IU (β 0.282, p < .05) as users’ 

belief in the system’s usefulness increase their usage intention. At the same time, both 

Facilitating Condition (FC) (β = 0.140, p < 0.05) and Social Influence (SI) (β = 0.135, p < 

.05) influence IU positively, but not as much. This means that, while environmental support 

and social pressure affect behavioral intention, they are weaker than people’s perception of 

utility and usability. 

Importantly, IU has an extremely strong and meaningful impact on UB (β = 0.845, 

p < .05), thus supporting the theory that behavioral intention represents the driving force of 

technology adoption behavior. The model accounts for 76.9% of IU variance and 71.4% of 

UB variance, which is a strong explanatory power and evidence for the structural validity 

of the UTAUT-based framework in the study of mobile wallet adoption. This shows indeed 

that all hypothesized relationships in the model are supported, and statistically significant, 

with Effort Expectancy and Intention to Use being the most powerful constructs to predict 

behavioral outcomes. 

4.2 Discussion 

This study has revealed important aspects about Filipino students using mobile 

wallets which are explained using the Unified Theory of Acceptance and Use of 

Technology (UTAUT). All the main constructions used by the model; performance 

expectancy, effort expectancy, social influence, facilitating conditions, intention to use and 

use behavior, were found to influence the results differently and these were also influenced 

by the respondents’ demographics and regions. 

Performance Expectancy and Effort Expectancy had the strongest positive effects 

on Intention to Use. This suggests that students prioritize ease of use and perceived 

usefulness when adopting mobile wallets, consistent with finding from Suki (2019) and Al-

Mamun et al. (2020) 
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Social Influence was statistically significant, indicating that peer 

recommendations, societal norms, and the opinions of important others play meaningful 

role in shaping Filipino students’ intention to adopt mobile wallet payments. This aligns 

from previous studies such as Chong et al. (2019), which emphasize the influence of social 

networks on technology adoption. The result highlights the importance of group dynamics 

and social validation, especially within the collectivist cultural context of the Philippines. 

Facilitating Conditions significantly affected Use Behavior, affirming that access 

to reliable data connections and device compatibility encourages usage. The strong 

relationship between Intention to Use and Use Behavior confirms UTAUT’s theoretical 

structure and findings from To & Trinh (2021). 

Gcash’s near universal usage among respondents highlights how platform 

dominance may shape user behavior. It is usability, Low barriers to entry, and promotional 

offers may strengthen perceived and facilitating conditions. 

The researcher suggested that these constructs play a role in influencing Filipino 

students’ intention to use mobile wallets, with behavioral intention acting as a mediator 

between them and actual use. Many studies have shown that the intention to use e-learning, 

mobile health or payment apps is often predictive by performance expectancy, effort 

expectancy, facilitating conditions and social influence (Abbad, 2021 Candra et al., 2024 

and Linge et al., 2023). 

Over the past few years, more students in the Philippines have been using mobile 

wallets for payments because of digital change, better networks and trying to use less cash. 

With e-wallets, users can buy things without having to bring cash or cards, as they replace 

traditional ways to pay (Chelvarayan et al., 2022). Because the Philippines is undergoing 

digital change and better network development, students and young professional are now 

using mobile wallets more frequently for payment related to their education and health. 

The researchers applied the Unified Theory of Acceptance and Use of Technology 

(UTAUT) to find out what influence Filipino student’s intentions and use of technology. 

To address how people learn to use technology, Venkatesh et al. (2003) introduced the 

UTAUT model. 

4.2.1 Performance Expectancy and Mobile Wallet Adoption 

Performance expectancy (PE) measures how much an individual thinks that using 

technology will benefit their work performance. As a result, using a mobile wallet is 

believed to be more convenient, quicker and more efficient for handling finances. As a 



69 
 

result, PE was found to improve Filipino students’ desire to use mobile wallets, supporting 

Hypothesis 1 (H1). The results are in an agreement with studies done previously. Al-

Mamun et al., (2020) determined that students believe mobile wallets are very useful when 

it comes to making urban transactions for transportation, food and online payments. Since 

the banking systems in the Philippines is mostly digital, the use of mobile wallets plays a 

significant role in shaping people’s opinion about them. Since 96% of students use Gcash, 

as shown in the data, it seems that the service provides what users want. Perceived utility, 

which is comparable to performance expectancy, is one of the most important factors, 

expectancies, is one of the most important factors that influence mobile wallet intention, 

according to Jameel et al. Because the performance expectancy score is high (mean = 4.01), 

students believe mobile wallets to be reliable and simple to use. The survey showed that 

80% of students were from region 12 (SOCCSARGEN), a Mindanao region that has 

worked to increase digital literacy among its people. The region’s students may have grown 

to appreciate mobile wallets because GCASH provides easy access and special services 

like payments for school activities and sending money. 

4.2.2 Effort Expectancy and Ease of Use 

If people think it will be easy to use, they are more likely to adopt new technology. 

The results of this study suggest that EE positively and significantly influenced intention 

to use, as expected by hypothesis 2. Filipino students are familiar with easy-to-use 

interfaces and systems that quick to respond. The survey results indicate that students find 

mobile wallet applications easy to use, as the average score (Mean = 3.95) for EE is high 

match the demographics: most respondents (76.6%) were between 18 and 23 years old and 

were in their first to fourth year at college. Since they were born into a digital era, they are 

very familiar with mobile technology. Intriguingly, people aged 24 and over and 

postgraduate students (23.39% of the sample) might need special education, because their 

use of social media is influenced by other reasons such as convenience, rather than social 

norms. Studies done before this one have supported this outcome. Suki (2019) found that 

young consumers appreciate platforms that are simple to use and learn.  To and Trinh 

(2021) found that the ease of use plays a major role in determining whether students and 

young professionals intend to use mobile wallets. 

As most respondents in this research are aged 18-23 their familiarity with mobile 

applications helps them perceive using the app as simple, which affects their decision to 

use it. 
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4.2.3. Social Influence in a Peer-Driven Culture 

Social Influence (IS) was statistically but the least influential of the UTAUT 

predictors. This finding suggests a growing autonomy among Filipino students in making 

technology-related decisions. While social issues such as friend’s usage or endorsement 

from instructors encourage adoption to some extent, most students relied on personal 

assessment of usefulness and ease of use. 

This result is diverse from studies focused on older demographic, such as 

Generation X (e.g., Cacas et al., 2022), where peer pressure and social norms were 

primarily motivators. Among students, particularly those aged 18 – 23, technology usage 

appears more self-determined. Nevertheless, peer conversations and community sharing 

remain influential in creating awareness of features, promotions, or cashback schemes. 

Notably, students from urban areas were more independent in their decision-making, 

whereas those from rural regions were more likely to rely on recommendations from friends 

and family. This suggests that regional digital maturity plays a moderating role in social 

influence. 

SI is also an important part of the UTAUT model. This deals with the extent to 

which someone thinks important others in their life want them to use a specific technology. 

According to this study, SI was associated with students’ interest in using mobile wallets, 

confirming Hypothesis 3 (H3). Yet, the effect was not as strong as the ones with PE and 

EE (Mean = 3.58). Although students recognize social influence, it is not the main reason 

they start using mobile wallets. These results could be because students and particularly 

female students, are strongly involved in making financial choices. Studies have found that 

women turn to digital platforms for their ease and security and their effects on others may 

be hidden in trends or experiences instead of being openly pressuring. Since collectivism 

is common in the Philippines, people still care about what others think and what their family 

approves of. The study by Chong et al. (2019) pointed out that peer support motivates 

young adults to start using mobile technology. The fact that Gcash is the most popular app 

among students suggests that people use it because of both personal wishes and the advice 

of others. Amoroso et al. (2021) have shown that regular peer-to-peer transactions such as 

sharing credit may lead more people to use mobile wallets. Using mobile wallets is more 

popular among students due to social media, influences and promotions. 

One clear example of how social influence out in practice is the overwhelming 

preference for Gcash among the respondents. The dominance of Gcash over other mobile 

wallets platforms such as Pay Maya and Pay Pal among Filipino students’ can be attributed 
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to a combination of social, functional, and contextual factors. Gcash has established itself 

as the most widely used digital wallet in the country, creating a strong network effect where 

students adopt it largely because their peers, families, and local merchants also use the same 

platform. This reflects the role of social influence, a key construct in the UTAUT model, 

where behavioral intention is shaped by the opinions and practices of people deemed 

important by the user. Furthermore, Gcash is designed specifically for the Philippines 

market, offering localized services such as utility bill payments, mobile top-ups, QR-based 

purchases, and government transactions, all of which are highly relevant to the daily 

financial activities of students. Compared to PayPal, which is more oriented towards 

international payments and freelance income, or Pay Maya, which has a smaller user base 

and fewer incentives, Gcash offers a more practical and user-friendly experience. Its simple 

interface, seamless mobile number integration, and frequent promotional offers such as 

cashback and rewards further enhance its appeal. While cost many influences wallet 

selection to some extent, the findings of this study suggest that students are primarily 

motivated by convenience, ease of use, accessibility, and peer influence, rather than 

transaction cost. Thus, Gcash’s widespread usage is not solely due to affordability, but 

because it meets the behavioral expectations and social context of the youth demographic 

in the Philippines. 

4.2.4 Facilitating Conditions: Infrastructure and Accessibility 

Facilitating Conditions (FC) referring to access to smartphones, mobile internet, 

app compatibility, and user support directly influenced Use Behavior. Respondents 

emphasized that stable internet and compatible devices were essential for uninterrupted 

wallet usage. Students using prepaid mobile data reported interruptions, especially in rural 

areas like BARMM and Region IX, highlighting digital inequality in infrastructure access. 

These Findings strongly support the need for region-sensitive digital planning. While the 

urban- rural divide is well-documented in national reports, this study adds a behavioral lens 

student in poorly connected areas using wallets less frequently or limited usage to load 

purchases and tuitions payments. Moreover, the availability of customer support via 

chatbots or live agents on wallet platforms played a vital role in encouraging continued use. 

Students expressed frustration with unresponsive systems, suggesting that accessible 

assistance improve retention.  

The role of digital literacy also emerged under FC. Respondents with basic ICT 

skills were more likely to explore advanced features linking bank accounts or paying bills 
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online. Hence, future strategies should include digital literacy training to enhance 

facilitating conditions and promote comprehensive usage. 

Hypothesis 4 is supported by the findings which prove that having favorable 

conditions encourages people to use mobile wallets. Points to consider here are internet 

service, the availability of smartphones and compatibility with apps. The mean score for 

FC was 3.59, meaning that respondents generally agreed on this question. While most 

Filipino students have access to phones and the internet, problems with the internet and 

apps can stop them from using everything without a hitch. This matters a lot when looking 

at the results by region. Students in BARMM, Region 11 and Region 9, belonging to the 

Mindanao subset, may have missed out on using mobile wallets due to poor or unreliable 

infrastructure. In contrast, people in Central Luzon and Visayas said they use the internet 

more, likely because they have better connectivity and technology. Such gaps should 

encourage mobile wallet companies and policy makers to help expand digital infrastructure 

in underserved regions. Similarly, Goh et al. (2019) pointed out that technological 

infrastructure plays a big role in encouraging the use of new technologies in developing 

countries. Moreover, Nguyen (2021) stressed that facilitating conditions should cover both 

the infrastructure and the education of customers as well as their support. 

4.2.5 Intention to Use and Actual Use Behavior 

Intention to Use (IU) significantly predicted actual Usage Behavior (UB), in line 

with UTAUT assumptions. A high path coefficient (β = 0.845) revealed that intention was 

a strong precursor to behavioral change. This transition was especially evident in students 

who viewed wallets not only as tools for necessity (e.g., tuition) but also convenience (e.g., 

e-commerce, food delivery). Students with stronger behavioral intentions reported higher 

frequency and diversity of mobile wallet transactions. Use Behavioral intentions also 

varied also varied by financial source students with scholarship and part-time income were 

more frequent users, likely due to greater financial autonomy. This insight bridges 

psychological intention with socioeconomic context. Addressing Objective 2. Moreover, 

duration of usage played a role. Students who had used mobile wallets for over 6 months 

reported habitual usage, such as scanning QR codes in canteens or using wallets in public 

transport. This behavioral integration marks a shift from initial experimentation to lifestyle 

incorporation. 

Hypothesis 5 supports those which states that a person’s intention to use is linked 

to their actual use. People who wish to pay with mobile wallets are more likely to do so in 

real life. Tripathi et al. (2021) also found that behavioral intention plays a major role in 
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determining whether mobile wallet users use their wallets. The average intention to use was 

3.89, most of their incomes from allowance (70%), some from scholarship (14%) and only 

a few from part-time work (12%). Since they rely on allowances, students using mobile 

wallets mostly make transfers to friends, buy meals and cover transportation. Users who 

hold scholarships or jobs are more likely to go on the platforms to save or manage their 

funds. The information could help mobile wallet services to design tools and budgetary 

features that suit each group.  and the use behavior score was 3.675. It appears that many 

respondents started using mobile wallets early and have moved on to using them regularly. 

It was interesting to see that students in rural or underdeveloped areas use mobile wallets 

just as much as students in urban areas. Increasing usage frequency may be achieved by 

using user engagement strategies targeted at new users in areas where the internet is not 

widely available. 

While students seem ready to use mobile wallets only a few use them. Research 

has shown that the gap often exists because of problems with the internet, issues on the site 

or shops not being able to accept payments (Anico, 2025; Sanchez et al., 2024). Besides, 

feeling of security and trust which were not part of the original UTAUT, could also affect 

how people behave. 

4.2.6 Integration with Previous Studies 

The results of this study align and contrast with multiple previous works: 

1. In contrast to Cacas et al., (2020), where peer influence dominated, this study finds 

effort expectancy and infrastructure as stronger predictors for students. 

2. Like Al-Saedi et al (2020), this study validates the dominant role of performance 

expectancy and effort expectancy but situates it in the context of digital youth. 

3. Unlike Anne (2024), who emphasized e-commerce-driven adoption, this study 

reveals that education-related needs and peer transaction are primary drives among 

students. 

The outcomes of this study confirm and extend results seen earlier in the UTAUT 

studies, especially about student demographic and areas. Finding in Region 12 

(SOCCSARGEN) that students expect good results in school are consistent with Anico 

(2025) and Acopiado et al. (2022) which note that younger, urban users rely on digital 

payments because of their usefulness and convenience. The fact that GCash is used widely 

in region 12 points to a connection between platform availability and improved 

performance views. Effort expectancy was valuable for all students, especially for first- to 

second- year college students, who feel at ease with new mobile technology. The findings 
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support Suki’s work (2019), while adding that ease-of-use perceptions are greatly affected 

by the person’s age and education level. Unlike what Cacas et al. (2020) and Chong et al. 

(2019) observed, social influence was only moderately significant in the present study. 

Using mobile wallets is so common in region 12, there is not much excitement or peer 

encouragement for each other to start using them. Most of the time, the learning 

environment was favorable, but students in rural parts of Mindanao using data reported 

delays occasionally. Despite what Anne (2024) highlights about challenges in underserved 

regions. Mobile ecosystems like Gcash can succeed in those places. More students with 

scholarship or part-time jobs said they were willing to try mobile wallets, so it appears that 

how busy and how financially responsible people are influence their decision to use them, 

as noted in Carillo (2023) and Amoroso et al. (2021). To sum up, many people acted the 

same with the app, but those who saved or spent for a month or more generally did a lot 

more, mostly those from areas lacking banking access. The findings prove the claims of 

Iman (2018) and Sanchez et al. (2024) that being underbanked and understanding usage 

are both very important for adoption. All things considered, this work connects UTAUT 

adoption variables with the students’ age, gender, form of funding and where they live to 

explore how socio-economic and geographic diversity affect digital payment habits in the 

country. 

Further information and justification for using the UTAUT model can be found in 

previous studies. According to Plender & Matias (2020), the use of online money transfer 

in the Philippines was mainly influenced by PE and FC. On the other hand, Cacas et al. 

(2020) found that social influence and rebate offers were the main reasons Generation X 

users decided to use Gcash. Despite differences in age groups, both Generation X and 

students agree that making digital payments is important because of their usability and what 

their friends suggest. According to Acopiado et al (2022), digital payments grew drastically 

during the pandemic because they were required. Companies and individuals were required 

to put in place new ways to avoid contact. Previously, necessity influenced them find them 

convenient, valuable and useful in their daily and academic routines. Although Anne (2024) 

and Abrazado et al. (2024) studied various groups, they both noticed the impact of PE, FC 

and SI on UTAUT. 

One main drawback in their studies was that students were not included and this 

research aims to correct that. According to Cendana & Palaoag (2020), students are now 

ready to use digital tools in their education, so “Smart IDs” should be used in higher 

education. What they found indirectly demonstrates that UTAUT constructs are significant 
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for school-related payment systems and digital services. According to Al-Saedi et al. 

(2020), PE and SI are reliable predictors of mobile payment usage around the world. Their 

proposal includes trust and perceived cost in the UTAUT model which is a gap this study 

plans to explore further. 

4.2.7 Hypothesis Integration and Structural Model Insights 

The SEM analysis in this study confirmed that the UTAUT constructs are related 

to mobile wallet adoption. All the hypotheses (H1 to H5) were substantiated, which 

demonstrates that UTAUT can be applied successfully here. 
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Table 4.15 Hypothesis Integration and Structural Model Insights 

H1: PE → Intention to Use  →Significant 

H2: EE →Intention to Use →Significant 

H3: SI→Intention to Use →Moderately Significant 

H4: FC →Use Behavior →Significant 

H5: IU → Use Behavior → Strongly Significant 

Source: Processed by author 

The Fornell-Larcker Criterion and HTMT Ratio showed that the constructs in the 

model are independent of each other. Furthermore, convergent validity demonstrated that 

most outer loading were above 0.90 which means the survey items correctly measure what 

they are meant to. 

4.2.8 Implications of Findings 

From a theoretical point of view, the study uses UTAUT to study students. While 

UTAUT has been used in research on professionals, SMEs or all people, this study proves 

its constructs among Filipino students. What is learned from this study can be applied by 

stakeholders to enhance digital payment use among Filipino students. First, it is clear from 

the high measures that students believe mobile wallet platforms, particularly GCASH, meet 

their expectations for speed, convenience and ease of use. So, the fintech business ought to 

focus on delivering user-friendly tools, as many early users come from this young group of 

people. Yet since social pressure and necessary conditions are not fully satisfied, adoption 

is still someway held back by a lack of infrastructure and resources in less connected areas, 

like some places in Mindanao. For this reason, special efforts like reduced mobile data 

prices, enhanced networks and informative sessions at the community level can help 

eliminate the digital divide. 

Having scholarships and part-time jobs encourages students to both plan for use 

and act on their plans, showing that being financially responsible makes them more likely 

to use the platform overtime. Both educational institutions and government offices such as 

the BSP can make use of this information by blending financial literacy with digital finance 

training, mainly for underprivileged students who live far from urban centers. Also, mobile 

wallet makers should design services that fit the needs of certain students’ groups, like 

providing scholarships for school shoppers or budgeting tools for students. As a result, 

these findings indicate that both the technologies and the characteristics of the students and 
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regions play a role, meaning policy makers and companies must join forces to encourage 

more students to use mobile wallets across the country. Aligned with objective, which seeks 

to provide practical and actionable recommendation based on the finding, this study 

proposes strategies for key stakeholders to enhance mobile wallet adoption among Filipino 

students.  

For Policymakers to address regional disparities in mobile wallet usage, it is 

imperative for the government to prioritize investments in digital infrastructure, 

particularly in underserved and rural areas. Bridging the digital divide can significantly 

reduce adoption gaps and foster inclusive financial participation. In addition, government 

agencies such as the Department of Information and Communications Technology (DICT) 

and the Department of Education (DepEd) are well-positioned to implement mobile literacy 

programs. These initiatives should be tailored to the unique needs of students and designed 

to build foundational competencies in the use of mobile financial technologies. 

For Educational Institutions Universities and other academic institutions play a 

critical role in normalizing the use of mobile wallets among the student population. One 

strategic approach is to establish partnerships with fintech platforms to facilitate the 

integration of mobile wallets services into campus systems such as tuition payment portals 

and internal financial services. Furthermore, students’ affairs offices can leverage these 

platforms for more efficient stipend disbursement and the issuance of digital student 

identification cards. Such applications not only streamline administrative processes but also 

reinforce daily usage of mobile wallets, contributing to habitual engagement. 

And for Fintech Developers mobile wallet platforms must consider the usability 

needs of their primary and emerging user base, particularly students from rural or 

marginalized regions. Simplified interfaces, support for local languages, and offline 

functionalities are critical features that can enhance accessibility and user retention in low-

connectivity environments. Moreover, incorporating gamified educational tools such as 

rewards for completing financial literacy modules or budget management challenges can 

sustain long term interest and deepen user’s understanding of digital finance.  

The results provide suggestions for schools, policymakers and companies in the 

fintech field. Collectively, these targeted recommendations offer a roadmap for multi-

sector collaboration in fostering a more inclusive, literate, and digitally empowered student 

populations. 
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This discussion also demonstrates that UTAUT explains Filipino student’s 

adoption of mobile wallets well. Performance expectancy, Effort expectancy, Social 

Influence and Facilitating conditions strongly influence an individual’s intention and 

behavior. Researchers have found that convenience, the ease of use, influence from peers 

and the state of technology all matter. Yet, the fact that people do not always behave as 

they intend demonstrates that issues like trust, security and policy support should be further 

studied. The research proves that importance of UTAUT and emphasizes that models 

should be tailored to specific groups, like students. 

4.2.9 Cross-Cutting Insights and Emerging Trends 

Beyond the individual construct of the UTAUT model, this study has brought to 

light several intersecting themes that reflect the evolving nature of mobile wallet adoption 

among Filipino students. While quantitative data supports the predictive power of 

constructions like Effort Expectancy and Performance Expectancy, a qualitative reading of 

the results highlights more nuanced and context-specific insight that may inform future 

refinements of technology adoption frameworks in developing nations. 

Digital Maturity and Technological Autonomy 

One of the most prominent themes is the increasing role of digital maturity in 

shaping mobile wallet behavior. Students with greater digital exposure through daily 

interactions with smartphones, online learning platforms, and social media tend to exhibit 

more consistent and confident usage patterns. Platforms familiarity, combined with 

growing financial independence (such as managing personal allowances or small incomes), 

contributes to a heightened sense of self-efficacy in using mobile financial tools. These 

findings suggest that digital competence is not merely a prerequisite for adoption but a 

dynamic process that deepens with continued engagement and experience. 

Filipino students, particularly those aged 18 to 23 who dominate the sample, 

demonstrate a high degree of digital maturity. This aligns with the concept of technological 

autonomy, where decisions to adopt or reject technology are increasingly based on personal 

needs and experiential assessments rather than social pressures or external validation. This 

trend signifies that UTAUT’s social constructs may require recalibration when applied to 

digital-native populations. 

Socioeconomic Influence on Adoption 

Another salient theme is the influence of socioeconomic factors on mobile wallet 

use. The data shows that students who receive regular allowances or possess stable income 
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sources are more likely to engage in frequent mobile transactions. These students tend to 

perceive mobile wallets as practical tools for daily expenditures, online purchases, and 

budgeting. In contrast, those with limited financial resources use technology less 

frequently, reflecting a digital divide that mirrors existing economic inequalities. This 

insight underscores the importance of addressing affordability and accessibility when 

promoting inclusive financial technologies among youth populations. 

Platform Preference and Brand Loyalty 

The study also observed a high degree of brand loyalty, with Gcash emerging as 

the most preferred platform among respondents. This preference appears to be driven by 

perceptions of reliability, ease of use, and extensive merchant integration. The dominance 

of Gcash suggests that once users establish trust and routine use with a particular platform, 

they are less likely to switch to alternatives. Such loyalty may also be reinforced by peer 

influence and institutional promotion (e.g., partnerships between schools and Gcash), 

creating a feedback loop that strengthens brand attachment. 

Cultural Transitions in Decision-Making 

Finding points toward a subtle yet meaningful cultural shift in students’ financial 

behavior. Traditionally, Filipino financial decision-making is heavily influence by family 

norms and collective consultation. However, the growing autonomy observed in students’ 

mobile wallet usage signals a move toward more individualized financial practices. The 

convenience, privacy, and control offered by mobile wallets empower students to make 

independent decisions about spending, saving, and managing allowances. This transition 

reflects a broader transformation in youth culture one that embraces digital independence 

and personal agency within financial ecosystems. 

Socioeconomic Status and Usage Patterns 

While UTAUT captures behavioral intention well, the actual usage patterns of 

mobile wallets are deeply affected by financial background and income sources. Students 

who receive allowance often use mobile wallets for basic transactions such as food, fare, 

and peer transfers. Meanwhile, those with part-time jobs or scholarship stipend tend to 

engage more frequently in fund management, savings, and bill payments. These findings 

suggest that income type functions as a latent moderator, affecting how technological 

construct translate into real world behavior. 
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Regional Disparities and Infrastructure 

The study’s regional concentration in SOCCSKSARGEN (Region 12) underscores 

both the potential and limitation of digital inclusion. Despite lower national infrastructure 

how pockets of digital readiness can emerge due to localized campaigns, community-led 

digital literacy programs, or fintech-targeted marketing. However, the same cannot be 

assumed for other less-represented regions. Therefore, geographic segmentation should be 

considered in both future research and practical interventions. 

Psychological and Emotional Factors 

Although not explicitly measured in this study, the literature strongly supports the 

role of psychological elements like trust, perceived risk, and financial anxiety as emerging 

determinants in mobile payment adoption. Given the financial vulnerability of many 

students, their hesitance or enthusiasm to adopt a mobile wallet may also be driven by 

concerns over fraud, data breaches, or digital scams, factors not directly captured by 

UTAUT. Future studies could integrate constructions from behavioral economics or the 

Technology Trust Model (TTM) to provide a more holistic view. 
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Post-Pandemic Behavioral Persistence 

The COVID-19 pandemic catalyzed digital payment behaviors across the 

Philippines. An open question remains: are the current levels of mobile wallet usage a 

temporary adaptation or a permanent behavioral shift? While the strong usage scores in this 

study suggest stickiness, longitudinal follow-ups are needed to assess whether such 

behaviors persist as face-to-face interactions and cash transactions regain ground. 

Platforms Differentiate and Brand Influence 

Students overwhelmingly identified Gcash as their primary mobile wallet, with 

lesser mentions of Maya, PayMaya, or PayPal. This points to a form of brand entrenchment, 

where familiarity, market penetration, and network effects create user loyalty. This 

monopolistic behavior might limit comparative evaluation of other platforms, potentially 

skewing usage data. Future research could include platforms choices as a variable to 

determine if differences in features, incentives, and usability affect UTAUT constructs. 

Taken together, these thematic insights complement the quantitative validation of 

the UTAUT model, offering a more holistic view of mobile wallet adoption among Filipino 

students. They illustrate how technological, economic, and cultural dimensions intersect to 

shape adoption behaviors. 

4.2.10 Implications for UTAUT Model Extensions 

The results of this study, grounded in the original UTAUT model, offer strong 

empirical support for the model’s key constructs, Performance Expectancy, Effort 

Expectancy, Social Influence, facilitating conditions, Intention to Use, and Use Behavior. 

However, emerging patterns from the data suggest that modifications or extension to the 

UTAUT model may be necessary to enhance its explanatory power in the specific context 

of Filipino students and mobile wallet technologies. 

1. Incorporating Trust and Perceived Risks as Moderators 

Although not part of the core UTAUT model, previous research (e.g., Jameel et al., 

2023; Amoroso & Magnier-Watanabe, 2012) has emphasized trust and perceived 

risk as essential factors in mobile payment adoption. Given the increasing 

awareness of cybersecurity threats, scams, and data breaches in the Philippines, 

particularly among younger users, integrating these constructs could significantly 

improve the model’s relevance in fintech-related research. Trust may moderate 

both Intention to Use and Use Behavior, especially when mobile wallets are used 

for larger or high-frequency transactions. 
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2. Recognizing Socioeconomic Status as a Contextual Variable 

The results of this study indicate that students’ financial sources (e.g., allowance 

of part-time work, scholarship) influence how they perceive and use mobile 

wallets. Thus, socioeconomic status (SES) may act as contextual moderator that 

shapes the strength of relationships among UTAUT constructs. For instance, 

students with stable income sources may place greater importance on Performance 

Expectancy, while those with limited access to funds may prioritize Facilitating 

Conditions or transactions-related incentives. 

3. Adding Digital Literacy as a Facilitating Condition 

The current model operates Facilitating Conditions mainly through access to 

technology and internet services. However, the Philippines demands and expanded 

view that includes digital literacy, the ability to safely and effectively use mobile 

apps, manage privacy settings, and avoid fraud. A student might have full internet 

access but may lack the confidence or skills to use financial technologies correctly. 

Therefore, Digital Literacy could either be integrated as a sub-dimension of 

Facilitating Conditions. 

4. Accounting for Cultural Values and Peer Dynamics 

Social Influence was statistically significant in this study, but its mechanisms may 

differ from the way it operates in Western countries. Filipino culture is inherently 

collectivist, and pakikisama (maintaining smooth interpersonal relationships) and 

hiya (a sense of social or embarrassment) may reinforce the desires to adopt 

behaviors seen as socially normative. Future versions of the UTAUT model could 

benefit from culture-sensitive adaptations, particularly in collectivist societies 

where peer behavior carriers more weight than organizational influence. 

5. Platforms Characteristics and User Experience 

The overwhelming dominance of Gcash among respondents also suggests that 

platform specific attributes such as user interface, rewards, convenience, and brand 

familiarity may play a hidden role in behavioral intention. Integrating a 

Technological Attribute layer to the UTAUT framework, as seen in some TAM-

UTAUT hybrids, could allow for the inclusion of factors like perceived value, 

interface satisfaction, and customer support experience. 

6. Introducing Behavioral Habit or Loyalty 

As mobile wallet use matures, behavior may shift from intention-based to habit-

based use. The UTAUT2 model introduced habit as an additional construct for 

consumer context. Given that a portion of students in this study have been using 
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mobile wallets for over 1-3 years, the inclusion of habit or behavioral 

reinforcement may help explain continued usage, even when other construction 

(Social Influence or Performance Expectancy) is neutral. 

7. Trust and Perceived Risk 

Despite the increasing uptake of mobile wallets, underlying concerns regarding 

data privacy, online fraud, and financial security remain salient among users. These 

concerns, though often unspoken, may act as latent inhibitors to full adoption, 

particularly where digital literacy is unevenly distributed. As such, future studies 

should consider incorporating trust and perceived risk as quantifiable variables 

within adoption frameworks. Measuring students’ perceived vulnerability and their 

trust in fintech platforms could yield deeper insights into the psychological barriers 

that hinder sustained use. 

8. Socioeconomic Status as a Moderating Variable 

Socioeconomic status (SES) appears to play a moderating role in the frequency and 

nature of mobile wallet use. Students with regular incomes whether through family 

allowances, scholarship, or part-time work tend to engage with mobile wallets 

more frequently and diversely. Students with limited or irregular financial 

resources may demonstrate lower usage due to constrained spending capacity. This 

suggests that SES related adoption behaviors should be integrated into future 

research models that refine predictive validity. 

9. Cultural Dimensions and Contextual Sensitivity 

Understanding mobile wallet adoption in the Philippines also requires attention to 

cultural constructs. Filipino collectivist values such as pakikisama (social 

harmony) and hiya (sense of shame or modesty) may subtly shape digital behavior 

and decision-making process. For instance, peer influence or perceived social 

appropriateness may influence whether students adopt or avoid new technologies. 

Integrating these cultural dimensions into behavioral models can improve 

explanatory power especially when studying communities where social norms 

strongly influence individual choices. 

10. Platform-Specific Attributes and User Preference 

The choice of mobile wallet platforms among students is influenced not only by 

social factors but also by the specific features and user experience each platform 

offers. Usability, intuitive interface design, and value-added elements such as 

cashback reward or promotional discounts contribute significantly to platform 

preference. These functional attributes should be treated as independent variables 
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in adoption studies, as they directly impact user satisfaction and long-term 

engagement. Examining how these features interact with behavioral constructs like 

Effort Expectancy or Performance Expectancy could offer refined analytical 

insights. 

11. Habit Formation and Long-Term Use 

Finally, the transitions from initial adoption to sustained usage involves a critical 

process of habit formation. While behavioral intention is a strong predictor of early 

use, long-term engagement often depends on the development of routine and 

subconscious behavior. Future research should therefore explore the temporal 

dimension of mobile wallet use, possibly by integrating habit-related constructions 

or longitudinal methodologies. Modeling how intention evolves into habitual 

behavior can help distinguish between short-term curiosity and lasting adoption, 

offering a more robust understanding of technology integration into daily life. 
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CHAPTER V 

CONCLUSION 

 

5.1 Conclusion 

This study aimed to examine the key factors influencing Filipino student’s 

adoption of mobile wallet payments, employing the Unified Theory of Acceptance and Use 

of Technology (UTAUT) as the primary theoretical framework. The investigation was 

conducted through quantitative analysis using Partial Least Squares Structural Equation 

Modeling (PLS-SEM), focusing on six core conducts: Performance Expectancy, Effort 

Exppectancy, Social Influence, Facilitating Conditions, Intention to Use, and Use 

Behavior. The empirical findings demonstrate that Effort Expectancy and Facilitating 

Conditions exerted significant effects on student’s behavioral intention and actual use of 

mobile wallets. These findings indicate that perceived ease of use and the availability of 

technical and infrastructural support are central to students’ decision-making processes 

regarding m-wallet adoption. Notably, while Performance Expectancy also exhibited 

influence, it was not as strong as initially hypothesized. Social Influence, surprisingly, 

showed no significant effect, suggesting that Filipino students may be less swayed by peer 

or societal pressure in adopting digital payments technologies than previously expected. 

Furthermore, the study affirmed that Behavioral Intention served as a robust 

mediating variable between the UTAUT predictors and actual Use Behavior. This 

alignment with the core tenets of the UTAUT model reinforces its theoretical validity in 

the context of mobile financial technology adoption among digitally literate youth in 

emerging economies. Additionally, demographic characteristics such as age, gender, 

income source, and geographic region were found to moderate usage patterns, thereby 

highlighting the contextual heterogeneity of digital adoption behaviors. 

Overall, the study concludes that mobile wallet adoption among Filipino students 

is principally driven by pragmatic consideration namely usability and enabling 

infrastructure rather than social influence. This finding underscores the importance of 

creating environments that support digital literacy and accessibility to facilitate sustained 

adoption. 

This study emphasizes that Filipino students are not merely passive consumers of 

mobile financial services but active agents of digital transformation. Their decisions are 

shaped by ease of use, functional benefits, peer norms, and infrastructure access but also 
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by attitudes, perceived autonomy, and emotional responses to innovation. In moving 

toward cashless economy, the Philippines must view students not only as beneficiaries but 

as co-creator of digital finance. Bridging policy, designs, education, and theory is crucial 

for making mobile wallet technologies inclusively trusted, and future ready. 

5.2 Implications 

5.2.1 Theoretical Implications 

This research extends the application of the UTAUT framework to the specific 

context of Filipino students, contributing to the broader discourse on technology 

acceptance in emerging digital economies. The findings underscore the significance of 

Effort Expectancy and Facilitating Conditions as predictors of behavioral intention and 

usage behavior, reaffirming the core assumptions of the model. 

The limited impact of Social Influence in this study challenges prevailing 

assumptions regarding collectivist cultural orientations in Southeast Asia and suggests the 

need to recalibrate theoretical expectations based on demographic or generational shifts in 

digital behavior. Moreover, by considering moderating variables such as financial 

autonomy and regional digital infrastructure, this study offers a more nuanced and context 

sensitive understanding of UTAUT applications. These insights can inform future 

theoretical refinements and extensions of the mode, especially in youth-driven or 

education-oriented research environments. 

5.2.2 Practical Implications 

The study’s findings have significant implications for range of stakeholders, 

including fintech developers, policymakers, educational institutions, and digital inclusion 

advocates. For fintech providers, the strong influence of Effort Expectancy highlights the 

need for intuitive user interface design, seamless onboarding processes, and responsive 

customer support systems. Application usability must be tailored to the specific digital 

behaviors and expectations of student’s users. 

Facilitating Conditions, particularly the availability of stable internet connectivity 

and compatible devices, were shown to be decisive in shaping adoption. Thus, digital 

infrastructure investment by governments and telecom providers remains a critical enabler 

of mobile financial services. 

Educational institutions are also positioned to play a vital role in fostering adoption by 

integrating digital payment literacy into curricula, conducting awareness campaigns, and 

facilitating partnerships with financial technology providers. Collective, these implications 
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emphasize the importance of a multi-stakeholder approach to fostering equitable and 

sustainable mobile wallet adoption among the student’s population. 

5.3 Recommendations 

Based on the findings and implications of the study, the following 

recommendations are proposed to support enhanced adoption and sustained use of mobile 

wallets platforms among Filipino students: 

5.3.1 Recommendations for Students 

Students are encouraged to develop digital financial literacy through participation 

in structured programs and independent exploration of m-wallet features. Engagement in 

awareness initiatives can foster informed and responsible usage while increasing 

confidence in digital financial transactions. 

5.3.2 Recommendations for Fintech Providers 

Fintech firms should prioritize: 

1. Developing user-centric platforms with simplified interfaces and multilingual 

support. 

2. Ensuring compatibility with low-specification devices to accommodate users from 

less-developed regions. 

3. Incorporating in-app educational tools and gamified onboarding processes. 

4. Providing real-time customer support and feedback mechanisms tailored for 

students’ users. 

These interventions can lower the perceived effort and enhance user satisfaction, driving 

continued engagement. 

5.3.3 Recommendations for Policymakers and Institutions 

Policymakers, in collaboration with educational institutions and local government units, 

should: 

• Implement regionally sensitive digital literacy programs. 

• Develop inclusive financial education policies that integrate mobile payment 

systems into school curricula. 

• Strengthening consumer protection regulations to address security concerns and 

increase public trust. 

• Expand digital infrastructure investments, especially in rural and underserved areas 
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These initiatives will help bridge the digital divide and foster greater inclusivity in mobile 

payment ecosystems. 

5.3.4 Recommendations for Future Research 

Several directions for further research are identified: 

1. Emerging Technologies: Future studies may explore how blockchain, artificial 

intelligence, or biometric systems influence trust and adoption of m-wallets. 

2. Longitudinal Research: A time-series analysis can capture evolving usage 

behaviors and habitualization processes that are not evident in cross-sectional 

studies. 

3. Comparative Analysis: Investigations comparing rural and urban student 

populations, or cross-country comparisons within ASEAN, could provide deeper 

insights into regional patterns of adoption. 

4. Platform-Specific Factors: Future work should consider brand-level differences 

(e.g., Gcash Vs. Maya) to better understand the impact of design, trust mechanisms, 

and reward systems on user loyalty. 

5.4 Research Limitation 

While this study offers valuable insights into the factors influencing Filipino 

students’ adoption of mobile wallet payments, several limitations must be acknowledged 

to contextualize the findings and guide future research. 

First, the geographical of scope of the study was predominantly concentrated in 

region 12 (SOCCSKSARGEN), which accounted for a significant proportion of the 

respondents. Although the region offers meaningful perspectives on mobile wallet usage is 

a semi-urban and rural context, the findings may not be generalizable to students from other 

regions in the Philippines, particularly those residing in highly urbanized areas such as 

Metro Manila or Cebu. Regional disparities in infrastructure, digital literacy, and socio-

economic conditions may influence technology adoption behaviors, this limiting the 

external validity of the study. 

Second, the cross-sectional nature of research design restricts its ability to capture 

dynamic behavioral changes over time. As behavioral intention and usage patterns may 

evolve due to technological developments, policy shifts, or changing social norms, the 

results reflect only a snapshot of adoption behavior at a single point in time. Longitudinal 

or panel data would be more appropriate for tracking the development of digital payments 

habits and establishing causal inferences. 
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Third, the reliance on self-reported data introduces the possibility of response 

biases. Participants may have over or under reported their actual usage, motivations, or 

challenges due to social desirability bias, memory limitations, or subjective interpretations 

of survey items. While every effort was made to ensure clarity in the questionnaire, 

misinterpretation or personal biases cannot be eliminated. 

Fourth, the study did not differentiate between mobile service providers. Platforms 

such as Gcash, Maya, or Coins.ph may vary significantly in terms of interface, security 

features, promotional incentives, and customer service. As such, the findings represent a 

general assessment of mobile wallet adoption rather than a provider specific analysis. 

Future research that compares user perceptions and satisfaction across platforms may yield 

more granular insights. 

Finally, the rapid evolution of financial technology presents a challenge to the 

temporal relevance of the study. Mobile payments systems are continuously updated, and 

new features or regulations may alter user behavior in the future. As such, the insights 

presented herein should be interpreted with caution, particularly considering emerging 

innovations such as AI-driven services, digital identify verification, and government-led 

digital inclusion programs. 

Acknowledging these limitations does not undermine the value of the study but 

rather highlights areas where future research may expand, refine, or validate the findings 

within broader or more diverse contexts. 

This study is subject to several limitations that should be considered when 

interpreting its findings. First, the scope of the research is limited to Filipino students, 

which means that the results may not be generalizable to other segments of the population, 

such as working professionals, older adults, or micro-entrepreneurs. These groups may 

have different motivations, digital literacy levels, and usage behaviors, which are not 

captured in this analysis. 

Second, the data collection was geographically concentrated, with a majority of 

respondents coming from region 12 (SOCCSARGEN). While this allowed for focused 

insights into a specific student’s population, it also restricts the study’s ability to reflect 

national trends, especially differences between students in urban versus settings or from 

other Philippines regions. Consequently, regional disparities in digital infrastructure, 

socioeconomic conditions, and mobile wallet availability may not be fully represented. 
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Third, the use of purposive sampling and self-administered surveys introduces 

potential bias. Since the respondents self-reported their behavior and perceptions, the data 

may be influenced by social desirability bias, recall inaccuracies, or subjective 

interpretations of the questionnaire items. These issues could affect the reliability and 

objectivity of the response. 

Additionally, the study does not include an analysis of external factors such as 

economic shifts, regulatory changes, inflation, or rapid technological developments, all of 

which could significantly influence mobile wallet adoption. Without integrating these 

contextual elements, the research provides a more limited view of adoption behavior that 

may not hold under changing macroeconomics or policy conditions. 

Moreover, while the research offers valuable insight into the Philippine student 

experience, it does not make comparisons with other ASEAN countries where digital 

payment systems may be more advanced. A comparative approach could have highlighted 

regional best practices and placed the Philippine case in broader context. 

Finally, the study is bound by temporal constraints, as it captures data from a 

specific point in time. With the fast pace of technological change, especially in financial 

technology, mobile wallet platforms and user preferences may evolve rapidly, potentially 

rendering some findings outdated in the near future. Future longitudinal research would be 

beneficial to assess the sustainability of current adoption patterns over time. While this 

study offers a focused and meaningful exploration of mobile wallet adoption among 

Filipino students, its limitations point to the need for broader, more diverse, and 

comparative future research efforts. 

5.5 Future Research 

While this study offers valuable insights into the adoption of mobile wallet 

payments among Filipino students using the Unified Theory of Acceptance and Use of 

Technology (UTAUT), several avenues for future research remain. These directions are 

crucial for expanding the empirical understanding of mobile wallet usage and enhancing 

the generalizability and applicability of the findings. 

1.  Incorporation of Additional Constructs and Extended UTAUT Models 

Future research can explore the integration of additional variables such as trust, perceived 

risk, technological anxiety, habit formation, and personal innovativeness into the UTAUT 

framework. Several previous studies have shown that these constructs significantly 

influence technology adoption, especially in financial contexts. Including these factors 
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could yield more comprehensive understanding of user behavior and reveal nuanced 

differences in the digital finance ecosystem. 

2. Cross-Regional and Cross-Cultural Comparative Studies 

Given the demographic concentration of respondents in region (SOCCSKSARAGEN), 

future studies could replicate the research across other regions of the Philippines or among 

Filipino communities abroad. A comparative analysis between urban and rural student 

population or between students from different ASEAN countries could highlight structural, 

cultural, or economic factors influencing mobile wallet adoption. Such cross-regional 

comparisons would enrich the body of acknowledge by capturing diverse socio-

technological environments and digital readiness levels. 

3. Longitudinal and Experimental Designs 

This study adopted a cross-sectional approach, capturing student perceptions at a single 

point in time. Future research would benefit from longitudinal designs that observe changes 

in adoption behavior over time, particularly as fintech platforms evolve and new policies 

or technologies are introduced. Moreover, experimental or quasi-experimental studies 

could test the impact of specific interventions-such as digital literacy workshops, 

promotional campaigns, or security enhancements on mobile wallet adoption and sustained 

use. 

4. Exploring the Role of Emerging Technologies 

With the advancement of blockchain, artificial intelligence (AI), and biometric 

authentication, the mobile wallet landscape is rapidly evolving. Future research should 

explore how these emerging technologies influence user perceptions regarding security, 

ease of use, and trust. Investigating students’ awareness and readiness to adopt next-

generation financial technologies would contribute significantly to both academic literature 

and industry practice. 

5. Qualitative and Mixed Method Approach 

While the current study employed quantitative survey and PLS-SEM analysis, qualitative 

methods such as in-depth interviews or focus group discussions could provide deeper 

insight into student motivations, cultural influence, and barriers to adoption. A mixed 

methods approach would allow triangulation of findings and a richer exploration of 

subjective experiences and contextual variables that quantitative models may overlook. 
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6. Policy Impact and Digital Literacy Assessment 

Future research could assess the impact of government and institutional policies on mobile 

wallet adoption. Evaluating the effectiveness of existing programs by the Bangko Sentral 

ng Pilipinas (BSP), Department of Information and Communications Technology (DICT), 

or private fintech initiatives could help determine whether these efforts are addressing 

students needs effectively. Additionally, studies focusing on measuring digital financial 

literacy levels among students could serve as baseline data for targeted interventions. 

7. Mobile Wallet Use Beyond Payment Functions 

While this study focused primarily on mobile wallets as payment tools, future 

investigations could examine broader use cases, such as savings, investments, insurance, 

and educational payments. Understanding how students engage with the expanding features 

of mobile wallets can reveal patterns of financial behavior and identify areas where mobile 

financial services can support holistic financial well-being. 

8. Platform-Specific and Comparative Studies 

Given the dominance of Gcash identified in this study, further research could explore 

platform specific adoption factors by comparing Gcash with other digital wallets like Maya, 

Shopee Pay, or Grab Pay. Factors such as user interface design, promotional features, and 

trustworthiness can be assessed to understand that drives platform loyalty or multi-platform 

usage among students 

  



93 
 

REFERENCES 

Abbad, M. M. (2021). Using the UTAUT model to understand students’ usage of e-

learning systems in developing countries. Education and information 

technologies, 26(6), 7205-7224. 

Abebe, A., & Girma, E. (2017). Historical development and practical application of 

correlation and path coefficient analysis in agriculture. J. Nat. Sci. Res, 7, 43-49. 

Ab Hamid, M. R., Sami, W., & Sidek, M. M. (2017, September). Discriminant validity 

assessment: Use of Fornell & Larcker criterion versus HTMT criterion. In Journal 

of physics: Conference series (Vol. 890, No. 1, p. 012163). IOP Publishing. 

Abma, I. L., Rovers, M., & van der Wees, P. J. (2016). Appraising convergent validity of 

patient-reported outcome measures in systematic reviews: constructing hypotheses 

and interpreting outcomes. BMC research notes, 9(1), 226. 

Abrazado, G. B., Coronel, C. M., & Ocampo, G. C. (2024). Utilization of Digital Financial 

Transactions and Perspectives of Digital Payment among School 

Employees. Journal of Business and Management Studies, 6(6), 1. 

Acopiado, I. M. A., Sarmiento, J. M. P., Romo, G. D. A., Acuña, T. R., Traje, A. M., & 

Wahing, G. D. (2022). Digital payment adoption during the COVID-19 pandemic 

in the Philippines. Philippine Journal of Science, 151(3), 1185-1196. 

Afonso, C. M., Roldán, J. L., Sánchez-Franco, M., & González, M. D. L. O. (2012, May). 

The moderator role of Gender in the Unified Theory of Acceptance and Use of 

Technology (UTAUT): A study on users of Electronic Document Management 

Systems. In 7th international conference on partial least squares and related 

methods (p. 3). 

Afthanorhan, A., Awang, Z., & Aimran, N. (2020). An extensive comparison of CB-SEM 

and PLS-SEM for reliability and validity. International Journal of Data and 

Network Science, 4(4), 357-364. 

Afriani, A. L., & Sujono, F. K. (2019, November). The use of mobile wallet services apps 

in urban living. In 2nd International Conference on Strategic and Global Studies 

(ICSGS 2018) (pp. 99-103). Atlantis Press. 

Agarwal, S., Qian, W., Yeung, B. Y., & Zou, X. (2019, May). Mobile wallet and 

entrepreneurial growth. In AEA Papers and Proceedings (Vol. 109, pp. 48-53). 



94 
 

2014 Broadway, Suite 305, Nashville, TN 37203: American Economic 

Association. 

AlAwadhi, S., & Morris, A. (2008, January). The Use of the UTAUT Model in the 

Adoption of E-government Services in Kuwait. In Proceedings of the 41st annual 

Hawaii international conference on system sciences (HICSS 2008) (pp. 219-219). 

Ieee. 

Alcain, J. B., Aquino, M. A. P., Dave, G. H. E., Fadri, E. J. C., & Halabaso, A. A. (2024, 

April). Perceived Adoption Behavior of Filipinos to the Utilization of Online 

Banking and E-Wallet Payment Transactions. In Proceedings of the International 

Conference on Industrial Engineering and Operations Management, 5th African 

International Conference on Industrial Engineering and Operations Management, 

Johannesburg/Pretoria, South Africa. 

Alejandrino, A., Baldivas, A., Hipolito, N. G., & Mercado, C. A. (2024). User Experience 

(UX) Components of Mobile Wallets Influencing the Post-adoption Behavior of 

Millennials in the National Capital Region (NCR) of the Philippines. Journal of 

Interdisciplinary Perspectives, 2(6), 181-187. 

Alharbi, O., Alshammari, Y., & AlMutairi, A. (2022). Review Theories of E-

Learning. Advances in Social Sciences Research Journal, 9(2). 

Al-Herwi, F. H., Munerah, S., & Lau, S. L. (2021, November). Positive Factors 

Influencing the Behavioural Intention to Use Mobile Wallets Among University 

Students. In 2021 IEEE International Conference on Computing (ICOCO) (pp. 

303-308). IEEE. 

Aliandrina, D., Barata, D. D., & Peranginangin, P. (2022). Analisis Pengaruhnya 

Perceived Ease of Use, Perceived Usefulness, Dan Perceived Behavioral Control 

Terhadap Aktualisasi Penggunaan Pada Mahasiswa Kota Batam. Journal of 

Global Business and Management Review, 4(1), 27-35. 

Ali, M.A., & Puah, C. (2017). Acceptance of Islamic banking as innovation: a case of 

Pakistan. Humanomics, 33, 499-516. 

Almeida, P., Fazendeiro, P., & Inácio, P. R. (2018). Societal risks of the end of 

physical cash. Futures, 47-60. 



95 
 

Al-Saedi, K., Al-Emran, M., Ramayah, T., & Abusham, E. (2020). Developing a general 

extended UTAUT model for M-payment adoption. Technology in society, 62, 

101293. 

Alswaigh, N. Y., & Aloud, M. E. (2021). Factors affecting user adoption of e-payment 

services available in mobile wallets in Saudi Arabia. International Journal of 

Computer Science & Network Security, 21(6), 222-230. 

Ammenwerth, E. (2019). Technology acceptance models in health informatics: TAM and 

UTAUT. In Applied Interdisciplinary Theory in Health Informatics (pp. 64-71). 

IOS Press. 

Amir, N., Jabeen, F., & Niaz, S. (2020, November). A brief review of conditions, 

circumstances and applicability of sampling techniques in computer science 

domain. In 2020 ieee 23rd international Multitopic conference (iNMic) (pp. 1-6). 

IEEE. 

Amoroso, D. L., & Magnier-Watanabe, R. (2012). Building a research model for mobile 

wallet consumer adoption: the case of mobile Suica in Japan. Journal of theoretical 

and applied electronic commerce research, 7(1), 94-110. 

Amoroso, D., Lim, R., & Roman, F. L. (2021). The effect of reciprocity on mobile wallet 

intention: A study of filipino consumers. International Journal of Asian Business 

and Information Management (IJABIM), 12(2), 57-83. 

Anne, G. (2024). E-commerce growth and digital payments in the 

Philippines. International Journal of Technology and Systems, 9(4), 1-11. 

Anico, B. P. (2024). Cashless payment systems for business transactions: status, challenges, 

and viability among users Ben P. Anico. 

Anggraeni, E., Normasyhuri, K., & Kurniawan, M. (2024). Continuity Intention Segment 

Mobile Payments: Review the Immediate Effects of Performance Expectancy and 

Effort Expectancy. KnE Social Sciences, 499-524. 

Apau, R., Obeng, E., & Darko, A. N. (2019). An empirical evaluation of cashless systems 

implementation in Ghana. International Journal of Business, Economics and 

Management, 6(3), 159-173. 

Aprianto, I. G. L. A. (2022). Tinjauan Literatur: Penerimaan Teknologi Model 

UTAUT. KONSTELASI: Konvergensi Teknologi Dan Sistem Informasi, 2(1). 



96 
 

Aprilia, C., & Amalia, R. (2022). How perceived security influences continuance intention 

to use mobile wallet. Jurnal Minds: Manajemen Ide dan Inspirasi, 9(2), 271-288. 

Aprilia, C., & Amalia, R. (2023). Perceived security and technology continuance theory: 

An analysis of mobile wallet users’ continuance intention. Global Business 

Review, 09721509221145831. 

Ariningsih, E. P., Wijayanti, W., & Prasaja, M. G. (2022). Intention to Use E-wallet Dilihat 

dari Perceived Usefulness, Perceived Ease of Use, Perceived Security, dan 

Trust. Jurnal Maksipreneur: Manajemen, Koperasi, Dan Entrepreneurship, 11(2), 

227-238. 

Awanto, A. N., Ardianto, Y. T., & Prasetya, D. A. (2020). UTAUT model implementation 

on user behavior in use of information technology. Jurnal Teknologi Dan 

Manajemen Informatika, 6(1), 53-59. 

Aydin, G., & Burnaz, S. (2016). Adoption of mobile payment systems: a study on mobile 

wallets. Journal of Business Economics and Finance, 5(1), 73-92. 

Bacon, D. (2004). The contributions of reliability and pretests to effective 

assessment. Practical Assessment, Research, and Evaluation, 9(1). 

Bayzan, Ş. (2024). Are Digital teachers anxious? An investigation of the relationship 

between teachers’ Digital Citizenship behaviors and online privacy 

concerns. Education and Information Technologies, 1-29. 

Bazelais, P., Binner, G., & Doleck, T. (2024). Examining the key drivers of student 

acceptance of online labs. Interactive Learning Environments, 32(4), 1460-1475. 

Bezovski, Z. (2016). The future of the mobile payment as electronic payment 

system. European Journal of Business and Management, 8(8), 127-132. 

Bervell, B., & Umar, I. N. (2017). Validation of the UTAUT model: Re-considering non-

linear relationships of exogeneous variables in higher education technology 

acceptance research. Eurasia Journal of Mathematics, Science and Technology 

Education, 13(10), 6471-6490. 

Bhatt, V., Ajmera, H., & Nayakº, K. (2021). Measuring The Mediating Effect Of Perceived 

Attitude And Perceived Trust. Turkish Journal of Computer and Mathematics 

Education Vol, 12(10), 5332-5353. 



97 
 

Bhardwaj, H., Kapoor, P., Kumar, A., Ganapathi, N. V., & Madhu, B. (2023). Incorporating 

sustainability: a comprehensive review of factors influencing consumer acceptance 

of mobile wallets. In E3S Web of Conferences (Vol. 430, p. 01206). EDP Sciences. 

Blankson, A. N. (2020). Reliability, Issues of. The Wiley Encyclopedia of Personality and 

Individual Differences: Measurement and Assessment, 165-168. 

Brundle, C., Heaven, A., Brown, L., Teale, E., Young, J., West, R., & Clegg, A. (2019). 

Convergent validity of the electronic frailty index. Age and ageing, 48(1), 152-156. 

Burgess, D. L. (2008). Reliability concepts for failure analysts. EDFA Technical 

Articles, 10(1), 18-22. 

Cacas, A., Diongson, M. B. A., Olita, G. M., & Perkins, R. (2022). Influencing factors on 

mobile wallet adoption in the Philippines: Generation X’s behavioral intention to 

use GCASH services. Journal of Business and Management Studies, 4(1), 149. 

Campus, M., & Adyar, M. (2018). Measuring the effect size of coefficient of determination 

and predictive relevance of exogenous latent variables on endogenous latent 

variables through PLS-SEM. International Journal of Pure and Applied 

Mathematics, 119(18), 39-48. 

Campo-Arias, A., & Oviedo, H. C. (2008). Psychometric properties of a scale: internal 

consistency. Journal of Public Health , 10 , 831–839. 

Candra, S., Frederica, E., Putri, H. A., & Loang, O. K. (2025). The UTAUT approach to 

Indonesia’s behavioral intention to use mobile health apps. Journal of Science and 

Technology Policy Management, 16(5), 892-911. 

Carillo, T. J. (2023). FACTORS AFFECTING CONSUMER INTENTION AND 

ADAPTION TO USE MOBILE WALLETS IN PROVINCE OF 

BATANGAS. FACTORS AFFECTING CONSUMER INTENTION AND 

ADAPTION TO USE MOBILE WALLETS IN PROVINCE OF 

BATANGAS, 130(1), 13-13. 

Carlson, K. D., & Herdman, A. O. (2012). Understanding the impact of convergent validity 

on research results. Organizational Research Methods, 15(1), 17-32. 

Castro, R. (2013). Lectures 2 and 3-goodness-of-fit (gof) tests. Lecture notes of Applied 

Statistics (MasterMath). 



98 
 

Cendana, D. I., & Palaoag, T. D. (2020, April). The Potential of Designing a Digital 

Payment Framework for Philippine HEIs. In IOP Conference Series: Materials 

Science and Engineering (Vol. 803, No. 1, p. 012045). IOP Publishing. 

Chan, J. K., Yuduang, N., Prasetyo, Y. T., Ayuwati, I. D., & Persada, S. F. (2022, 

December). Use of conjoint analysis filipino consumer preference on attributes of 

fixed line internet service providers. In Proceedings of the 2022 6th International 

Conference on Software and E-Business (pp. 14-20). 

Chang, A. (2012). UTAUT and UTAUT 2: A review and agenda for future 

research. Journal the WINNERS, 13(2), 10-114. 

 

Chaudhary, A. K., & Israel, G. D. (2015). The Savvy Survey# 8: Pilot Testing and 

Pretesting Questionnaires: AEC402/PD072, 12/2014. EDIS, 2015(1), 6-6. 

Chatterjee, D., & Bolar, K. (2019). Determinants of mobile wallet intentions to use: The 

mental cost perspective. International Journal of Human–Computer 

Interaction, 35(10), 859-869. 

Chawla, D., & Deorari, A. (2005). Inferential statistics: Introduction to hypothesis 

testing. Journal of Neonatology, 19(3), 259-264. 

Chawla, P. (2022). Factor Affecting User Acceptance for Digital Wallets: A Developing 

Country’s Perspective. International Research Journal on Advanced Science 

Hub, 4(6), 168-174. 

Chelvarayan, A., Yeo, S. F., Yi, H. H., & Hashim, H. (2022). E-wallet: a study on cashless 

transactions among university students. F1000Research, 11, 687. 

Chen, C. L., & Lai, W. H. (2023). Exploring the impact of perceived risk on user's mobile 

payment adoption. Review of Integrative Business and Economics 

Research, 12(1), 1-20. 

Choi, H., & Choi, Y. J. (2016). The Impact Perceived Risk on User's Trust and 

Continuance Intention in Mobile Payment Systems. Journal of the Korea Institute 

of Information and Communication Engineering, 20(6), 1096-1102. 

Chong, Y. L., Lui, T. K., & Go, Y. H. (2024). Exploring the mediating effect of perceived 

ease of use and perceived usefulness on actual adoption of mobile wallets in 

Malaysia. Malaysian Journal of Business and Economics (MJBE), 11(1), 73-89. 



99 
 

Cirrone, G. A. P., Donadio, S., Guatelli, S., Mantero, A., Mascialino, B., Parlati, S., ... & 

Viarengo, P. (2004). A goodness-of-fit statistical toolkit. IEEE Transactions on 

Nuclear Science, 51(5), 2056-2063. 

Clarete, R. L. (2019). E-commerce in the Philippines: Gains and challenges. In Developing 

the Digital Economy in ASEAN (pp. 200-216). Routledge. 

Classification: GENERAL. (2022). 

Coe, R. (2002, September). It’s the effect size, stupid. In British Educational Research 

Association Annual Conference (Vol. 12, p. 14). 

Connolly, J. J., Kavanagh, E. J., & Viswesvaran, C. (2007). The convergent validity 

between self and observer ratings of personality: A meta‐analytic 

review. International Journal of Selection and Assessment, 15(1), 110-117. 

Da Costa, A. (2018). The application of structure equation modeling analysis for 

assessment and educational research. COUNS-EDU: The International Journal of 

Counseling and Education, 3(3), 80-85. 

Creswell, J. W. (2014). Research design: Qualitative, quantitative, and mixed methods 

approaches (4th ed.). SAGE Publications. 

C. Samonte, M. J., M. Laggui, L. A., F. Pineda, P., C. Songco, K. F., & P. Vocal, E. M. 

(2021, August). Towards Effective e-Education through the Analysis of Internet 

Management Services from Different Telco in the Philippines. In 2021 5th 

International Conference on E-Society, E-Education and E-Technology (pp. 252-

258). 

Darmawan, M., & Wenerda, I. (2022). Digital Literacy as The Basis for The Use of Digital 

Wallets during COVID-19 Pandemic. CHANNEL: Jurnal Komunikasi, 10(2), 157-

166. 

Dastan, I. (2016). Factors affecting the adoption of mobile payment systems: An empirical 

analysis. Emerging Markets Journal, 6(1), 17. 

DataReportal. (2024). Global overview report. We Are Social & Meltwater. Retrieved from 

https://datareportal.com/reports/digital-2024-global-overview-report 

DataReportal. (2024, February). Digital 2024: The Philippines. We Are Social & 

Meltwater. Retrieved from https://datareportal.com/reports/digital-2024-

philippines 

https://datareportal.com/reports/digital-2024-global-overview-report
https://datareportal.com/reports/digital-2024-philippines
https://datareportal.com/reports/digital-2024-philippines


100 
 

Deka, P. K. (2020). Intention to use mobile wallet by youths in northeast India. Journal of 

Management in Practice (Online Only), 5(1). 

Deloritos, B. G. (2021). Factors affecting the adoption of mobile payments in the 

Philippines. Global Scientific Journals, 9(6), 2-5. 

Denaputri, A., & Usman, O. (2019). Effect of perceived trust, perceived security, perceived 

usefulness and perceived ease of use on customers’ intention to use mobile 

payment. Perceived Security, Perceived Usefulness and Perceived Ease of Use on 

Customers’ Intention to Use Mobile Payment (December 16, 2019). 

Desello, J. M. U., & Agner, M. G. R. (2023). Financial inclusion and the role of financial 

literacy in the Philippines. International Journal of Economics and Finance, 15(6), 

27. 

Dhaigude, A. S., Vinod Tapar, A., Shameem Jawed, M., & Kamath, G. B. (2023). Is 

perceived value enough to create loyalty for m-wallets? Exploring the role of trust 

and satisfaction. Cogent Business & Management, 10(3), 2281050. 

Di Buccio, E., Melucci, M., & Song, D. (2011, April). Towards predicting relevance using 

a quantum-like framework. In European Conference on Information Retrieval (pp. 

755-758). Berlin, Heidelberg: Springer Berlin Heidelberg. 

Diamantopoulos, A., & Siguaw, J. A. (2006). Formative versus reflective indicators in 

organizational measure development: A comparison and empirical 

illustration. British journal of management, 17(4), 263-282. 

https://doi.org/10.1111/j.1467-8551.2006.00500.x 

Dieu, H. T. M., Al Mamun, A., Nguyen, T. L. H., & Naznen, F. (2025). Cashless Vietnam: 

a study on intention and adoption of cashless payment. Journal of Science and 

Technology Policy Management, 16(2), 344-364. 

Diniz, E., Porto de Albuquerque, J., & Cernev, A. (2011). Mobile Money and Payment: a 

literature review based on academic and practitioner-oriented publications (2001-

2011). Oriented Publications (2001-2011)(December 3, 2011). Proceedings of 

SIG GlobDev Fourth Annual Workshop, Shanghai, China December. 

Din, W.A., & Bidin, S.J. (2014). A CONFIRMATORY FACTOR ANALYSIS OF THE 

REVISION STRATEGIES QUESTIONNAIRE IN MALAYSIAN ESL 

WRITERS’ CONTEXT. 

https://doi.org/10.1111/j.1467-8551.2006.00500.x


101 
 

Do, N., Tham, J., Khatibi, A., & Azam, S. (2019). An empirical analysis of Cambodian 

behavior intention towards mobile payment. Management Science Letters, 9(12), 

1941-1954. 

Dogan, G. (2007). Bootstrapping for confidence interval estimation and hypothesis 

testing for parameters of system dynamics models. System Dynamics 

Review, 23(4), 415-436. 

dos Santos, P. M., & Cirillo, M. Â. (2023). Construction of the average variance extracted 

index for construct validation in structural equation models with adaptive 

regressions. Communications in Statistics-Simulation and Computation, 52(4), 

1639-1650. 

Downie, N.M., & Starry, A.R. (2019). Descriptive and Inferential Statistics. Companion 

Encyclopedia of Psychology. 

Downie, N. M., & Starry, R. W. (2019). Fundamentals of statistical and quantitative 

research. Academic Press. 

Egea, J. M. O., & González, M. V. R. (2011). Explaining physicians’ acceptance of EHCR 

systems: An extension of TAM with trust and risk factors. Computers in Human 

Behavior, 27(1), 319-332. 

Ekiz, O. U. (2023). An improved robust variance inflation factor: Reducing the negative 

effects of good leverage points. Kuwait Journal of Science, 50(2A). 

El-Gayar, O. F., & Moran, M. (2006). College students’ acceptance of tablet PCs: An 

application of the UTAUT model. 

Elgazouly, M. Y., AbdelAziz, G. S., & Abdelgawad, D. F. (2022). Toward a cashless 

economy: exploring drivers of mobile wallets adoption from consumers’ and 

service providers’ perspectives. The Academic Journal of Contemporary 

Commercial Research, 2(3), 75-98. 

Elsayed, E. A. (2012). Overview of reliability testing. IEEE Transactions on 

Reliability, 61(2), 282-291. 

English, T., & Keeley, J. W. (2014). Internal consistency approach to test 

construction. The encyclopedia of clinical psychology, 1-3. 

Esawe, A. T. (2022). Understanding mobile e-wallet consumers’ intentions and user 

behavior. Spanish Journal of Marketing-ESIC, 26(3), 363-384. 



102 
 

Estiyanti, N. M., Agustia, D., Mulia, R. A., Alfarisyi, R., Frandha, R., Hidayanto, A. N., & 

Kurnia, S. (2021). The impact of perceived usability on mobile wallet acceptance: 

A case of Gopay Indonesia. International Journal of Innovation and 

Learning, 30(2), 154-174. 

Etikan, I., Musa, S. A., & Alkassim, R. S. (2016). Comparison of convenience sampling 

and purposive sampling. American journal of theoretical and applied 

statistics, 5(1), 1-4. 

Hamzah, N., Othman, Y. H., & Cheumar, M. T. (2023). The influence of facilitating 

condition and perceived usefulness on intention to use mobile applications in 

Uganda. Malaysian Journal of Social Sciences and Humanities (MJSSH), 8(4), 

e002257-e002257. 

Handoyo, S., Zakiyyah, A., Ardiami, K. P., & Utami, E. Interest in Using Go Pay for 

Yogyakarta Students. 

Faridi, A., Kalashami, M. K., & El-Bilali, H. (2020). Adoption of water and soil 

conservation practices: theoretical frameworks and attitudinal components. 

Farzin, M., Sadeghi, M., Yahyayi Kharkeshi, F., Ruholahpur, H., & Fattahi, M. (2021). 

Extending UTAUT2 in M-banking adoption and actual use behavior: does WOM 

communication matter?. Asian Journal of Economics and Banking, 5(2), 136-157. 

Findling, D., & Rao, V. (2021, 10 19). Consumers Are Using Mobile Wallets To. 

Fithri, P., Hasan, A., Syafrizal, S., & Games, D. (2024). Validation studies a questionnaire 

developed to measure incubator business technology performance using PLS-SEM 

approach. Andalasian International Journal of Applied Science, Engineering and 

Technology, 4(1), 64-78. 

Fong, L., & Law, R. (2013). Hair, JF Jr., Hult, GTM, Ringle, CM, Sarstedt, M.(2014). A 

Primer on Partial Least Squares Structural Equation Modeling (PLS-SEM). Sage 

Publications. ISBN: 978-1-4522-1744-4. 307 pp. European Journal of Tourism 

Research, 6(2), 211-213. 

Fornell, C., & Larcker, D.F. (1981). Structural Equation Models with Unobservable 

Variables and Measurement Error: Algebra and Statistics. Journal of Marketing 

Research, 18, 382 - 388. 



103 
 

Ford, G. S. (2020). Covid-19 and broadband speeds: a multi-country analysis. Available at 

SSRN 3689044. 

Ford, G. S. (2022). A Comparative Analysis of Mobile Wireless Broadband Speeds in 

Cities Across the World. Phoenix Center Policy Bulletin, (56). 

George, A., & Xie, T. (2023). Pandemic-catalyzed Digital Financial Inclusion: Evidence 

From the ASEAN Payment System. Available at SSRN 4558366. 

Ghalandari, K. (2012). The effect of performance expectancy, effort expectancy, social 

influence and facilitating conditions on acceptance of e-banking services in Iran: 

The moderating role of age and gender. Middle-East Journal of Scientific 

Research, 12(6), 801-807. 

Ghouse, S. M., Shekhar, R., & Chaudhary, M. (2025). Driving financial inclusion: 

exploring mobile wallet adoption among rural Omani millennials. Journal of 

Islamic Marketing, 16(4), 1229-1257. 

Goh, J., et al. (2019). Factors influencing mobile wallet adoption in Southeast Asia: A study 

on students. International Journal of Mobile Communications 

Govender, I., & Sihlali, W. (2014). A study of mobile banking adoption among university 

students using an extended TAM. Mediterranean journal of social sciences, 5(7), 

451-459. 

Gupta, A., Yousaf, A., & Mishra, A. (2020). How pre-adoption expectancies shape post-

adoption continuance intentions: An extended expectation-confirmation 

model. International Journal of Information Management, 52, 102094. 

Gupta, K., & Arora, N. (2020). Investigating consumer intention to accept mobile 

payment systems through unified theory of acceptance model: An Indian 

perspective. South Asian Journal of Business Studies, 9(1), 88-114. 

Hair, J., & Alamer, A. (2022). Partial Least Squares Structural Equation Modeling (PLS-

SEM) in second language and education research: Guidelines using an applied 

example. Research Methods in Applied Linguistics, 1(3), 100027. 

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2011). PLS-SEM: Indeed a silver bullet. Journal 

of Marketing theory and Practice, 19(2), 139-152. 



104 
 

Hair, J.F., Babin, B.J., & Krey, N. (2017). Covariance-Based Structural Equation Modeling 

in the Journal of Advertising: Review and Recommendations. Journal of 

Advertising, 46, 454 - 454. 

Hair, J. F., Hult, G. T. M., Ringle, C. M., & Sarstedt, M. (2017). A Primer on Partial Least 

Squares Structural Equation Modeling (PLS-SEM) (2nd ed.). SAGE Publications. 

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2011). PLS-SEM: Indeed a silver bullet. Journal 

of Marketing theory and Practice, 19(2), 139-152. 

Hasan, A., Sikarwar, P., Mishra, A., Raghuwanshi, S., Singhal, A., Joshi, A., ... & Dixit, 

A. (2024). Determinants of behavioral intention to use digital payment among 

Indian youngsters. Journal of Risk and Financial Management, 17(2), 87. 

Hau, H. T., Nhung, D. T. H., & Trang, P. H. (2021). An empirical analysis of factors 

affecting the intention of using digital wallets in Vietnam. Journal of 

International Economics and Management, 21(1), 86-107. 

Helland, I. S. (1987). On the interpretation and use of R2 in regression 

analysis. Biometrics, 61-69. 

Henseler, J., Ringle, C. M., & Sinkovics, R. R. (2009). The use of partial least squares 

path modeling in international marketing. Advances in International Marketing, 

20, 277–319.S 

Hernandez, A. A., Juanatas, R. A., Escolano, V. J. C., & Elvambuena, M. D. E. (2022, 

May). Mobile payments adoption in small and medium retail enterprises: An 

exploratory study in Manila, Philippines. In 2022 7th International Conference on 

Business and Industrial Research (ICBIR) (pp. 237-242). IEEE. 

Hinayon, D. (2020). Diffusion of cashless payment as medium of exchange in ASEAN 

nations. Journal of Educational and Human Resource Development (JEHRD), 8, 

71-79. 

Humbani, M., & Wiese, M. (2018). A cashless society for all: Determining consumers’ 

readiness to adopt mobile payment services. Journal of African Business, 19(3), 

409-429. 

Iman, N. (2018). Is mobile payment still relevant in the fintech era?. Electronic Commerce 

Research and Applications, 30, 72-82. 



105 
 

Imtiaz, S. (2018). The studies of unified theory of acceptance and use of technology 

(UTAUT) in M-commerce context. International Journal of Information 

Communication Technology and Digital Convergence, 3(1), 42-56. 

Iqbal, S. (2024). Information sustainability in a digital learning environment: an application 

of technology acceptance model. The Asian Bulletin of Business and Social Science 

Research, 4(1), 51-74. 

Islam, T., Abid, C. M. S., & Ahmer, Z. (2020). How perceptions about ease of use and risk 

explain intention to use mobile payment service in Pakistan? The mediating role of 

perceived trust. Pakistan Journal of Commerce and Social Sciences 

(PJCSS), 14(1), 34-48. 

Ivanova, A., & Kim, J. Y. (2022). Acceptance and use of mobile banking in Central Asia: 

Evidence from modified UTAUT model. The Journal of Asian Finance, 

Economics and Business, 9(2), 217-227. 

Jameel, A. S., Hamdi, S. S., Karem, M. A., & Alheety, A. S. (2023). Exploring Users’ 

Intentions for Using Mobile payment Applications, Based on Unified Theory of 

Acceptance and Use of Technology Theory. Cihan University-Erbil Journal of 

Humanities and Social Sciences, 7(1), 148-153. 

Jameel, A. S., & Karem, M. A. (2022, December). Perceived trust and enjoyment: 

Predicting behavioural intention to use mobile payment systems. In 2022 

International Conference on Intelligent Technology, System and Service for 

Internet of Everything (ITSS-IoE) (pp. 1-6). IEEE. 

Jameel, A. S., Hamdi, S. S., Karem, M. A., & Alheety, A. S. (2023). Exploring Users’ 

Intentions for Using Mobile payment Applications, Based on Unified Theory of 

Acceptance and Use of Technology Theory. Cihan University-Erbil Journal of 

Humanities and Social Sciences, 7(1), 148-153. 

James, N., Taylor, J., & Stanley, S. (2007). Reliability procedures for categorical data in 

performance analysis. International Journal of Performance Analysis in 

Sport, 7(1), 1-11. 

Johnston, M., Dixon, D., Hart, J., Glidewell, L., Schröder, C., & Pollard, B. (2014). 

Discriminant content validity: A quantitative methodology for assessing content of 

theory‐based measures, with illustrative applications. British journal of health 

psychology, 19(2), 240-257. 



106 
 

Joshi, H., & Chawla, D. (2024). Impact of security on wallet adoption: multiple and serial 

mediating roles of trust and attitude and gender as a moderator. International 

Journal of Bank Marketing, 42(5), 870-896. 

Kasl, J., Mikmeková, Š., & Jandova, D. (2014, March). SEM, TEM and SLEEM (scanning 

low energy electron microscopy) of CB2 steel after creep testing. In IOP 

Conference Series: Materials Science and Engineering (Vol. 55, No. 1, p. 012008). 

IOP Publishing. 

Kaur, P., Dhir, A., Bodhi, R., Singh, T., & Almotairi, M. (2020). Why do people use and 

recommend m-wallets?. Journal of Retailing and Consumer Services, 56, 102091. 

Karagrigoriou, A. (2011). Goodness-of-fit tests for reliability modeling. In Recent 

Advances in System Reliability: Signatures, Multi-state Systems and Statistical 

Inference (pp. 253-267). London: Springer London. 

Kelly, R. E., & Lewis, P. E. (2001). Household demand for Internet connection. The 

Journal of Media Economics, 14(4), 249-265. 

Keni, K. (2022). Effort Expectancy, Facilitating Condition, dan Trust untuk Memprediksi 

Behavior Intention Penggunaan e-Wallet. Jurnal Manajemen Bisnis dan 

Kewirausahaan, 6(5), 525-530. 

Khater, A. H. O., Omer, M. S., Khatarna, A. A. A., Osman, M. E. M. I., & Osman, I. Y. I. 

(2020). Customers intention to use internet banking: Age as a moderator 

variable. International Journal of Scientific & Technology Research, 9(3), 6541-

6548. 

Khechine, H., Lakhal, S., & Ndjambou, P. (2016). A meta‐analysis of the UTAUT model: 

Eleven years later. Canadian Journal of Administrative Sciences/Revue 

Canadienne des Sciences de l'Administration, 33(2), 138-152. 

Kiwanuka, A. (2015). Acceptance process: The missing link between UTAUT and 

diffusion of innovation theory. American Journal of Information Systems, 3(2), 40-

44. 

Kowalski, K. C., Crocker, P. R., & Kowalski, N. P. (1997). Convergent validity of the 

physical activity questionnaire for adolescents. Pediatric exercise science, 9(4), 

342-352. 



107 
 

Kuciapski, M. (2016). Students acceptance of m-learning for higher education–UTAUT 

model validation. In EuroSymposium on Systems Analysis and Design (pp. 155-

166). Cham: Springer International Publishing. 

Kumar, G., & Prakash, N. (2018). Investigating the role of gender as a moderator in 

influencing the intention to use and actual use of mobile telephony. Eur J Soc Sci 

(EJSS), 1(1). 

Kurnia, F. (2021). Pengembangan Niat Adopsi Mobile Wallet: Integrasi Model UTAUT2 

dengan Social Connectedness dan Culture. Jurnal Rekayasa Sistem Industri, 10(2), 

145-160. 

Kyriazos, T., & Poga, M. (2023). Dealing with multicollinearity in factor analysis: the 

problem, detections, and solutions. Open Journal of Statistics, 13(3), 404-424. 

Lacap, J. P. G. (2022, December). Exploring mobile wallet adoption in the Philippines: a 

partial least squares path modelling approach. In Proceedings of The International 

Halal Science and Technology Conference (Vol. 15, No. 1, pp. 14-23). 

Laywilla, E., Kartar Singh, J. S., & Yin Fah, B. C. (2020). Drivers of intention to adopt 

mobile wallet: a quantitative study among females in Jakarta. International Journal 

of Academic Research in Business and Social Sciences, 10(11), 804-820. 

Laverty, D. M., Kirkham, H., Morrow, D. J., & Liu, X. (2017, July). Estimation of goodness 

of fit of synchrophasors during transient faults. In 2017 IEEE Power & Energy 

Society General Meeting (pp. 1-5). IEEE. 

Lee, J. H., Kim, S. W., & Song, C. H. (2010). The effects of trust and perceived risk on 

users’ acceptance of ICT services. KAIST College of Business Working Paper 

Series, (2010-007). 

Lee, J. H., & Song, C. H. (2013). Effects of trust and perceived risk on user acceptance of 

a new technology service. Social Behavior and Personality: an international 

journal, 41(4), 587-597. 

León, C. (2021). The adoption of a mobile payment system: the user perspective. Latin 

American Journal of Central Banking, 2(4), 100042. 

Li, J., Wang, J., Wangh, S., & Zhou, Y. (2019). Mobile payment with alipay: An application 

of extended technology acceptance model. Ieee Access, 7, 50380-50387. 



108 
 

Linge, A. A., Chaudhari, T., Kakde, B. B., & Singh, M. (2023). Analysis of factors affecting 

use behavior towards mobile payment apps: A SEM approach. Human Behavior 

and Emerging Technologies, 2023(1), 3327994. 

Li, Z., & Bai, X. (2010, August). Influences of perceived risk and system usability on the 

adoption of mobile banking service. In International symposium on computer 

science and computational technology (ISCSCT) (Vol. 3, pp. 051-054). 

Loh, X. M., Lee, V. H., Tan, G. W. H., Ooi, K. B., & Dwivedi, Y. K. (2021). Switching 

from cash to mobile payment: what's the hold-up?. Internet Research, 31(1), 376-

399. 

Lui, H. K., & Jamieson, R. (2003). Integrating trust and risk perceptions in business to 

consumer electronic commerce with technology acceptance model. 

Mahardika, Harryadin, Dominic Thomas, Michael Thomas Ewing, and Arnold Japutra. 

"Experience and facilitating conditions as impediments to consumers’ new 

technology adoption." The International Review of Retail, Distribution and 

Consumer Research 29, no. 1 (2019): 79-98. 

Maita, I., Saide, Indrajit, R. E., & Irmayani, A. (2018, April). User behavior analysis in 

academic information system using unified theory of acceptance and use of 

technology (UTAUT). In Proceedings of the 2018 1st International Conference on 

Internet and E-Business (pp. 223-228). 

Malik, A., Suresh, S., & Sharma, S. (2019). An empirical study of factors influencing 

consumers' attitude towards adoption of wallet apps. International Journal of 

Management Practice, 12(4), 426-442. 

Malik, N., Oktavia, A., Suliswanto, M. S. W., & Anindyntha, F. A. (2020). Financial 

banking performance of ASEAN-5 countries in the digital era. Jurnal Keuangan 

Dan Perbankan, 24(1), 117-130. 

Marcoulides, G. A., & Saunders, C. (2006). Editor's comments: PLS: a silver bullet?. MIS 

quarterly, iii-ix. 

Martinez, L. S., & Lewis, N. (2016). The moderated influence of perceived behavioral 

control on intentions among the general US population: Implications for public 

communication campaigns. Journal of health communication, 21(9), 1006-1015. 



109 
 

Matthes, J. M., & Ball, A. D. (2019). Discriminant validity assessment in marketing 

research. International Journal of Market Research, 61(2), 210-222. 

Matthews, B. H. (2019). Hidden constraints to digital financial inclusion: the oral-literate 

divide. Development in Practice, 29(8), 1014-1028. 

Mater, W., Matar, N., Alismaiel, O. A., Al Moteri, M. A., Al Youssef, I. Y., & Al-Rahmi, 

W. M. (2021). Factors influencing the intention behind mobile wallet adoption: 

Perceptions of university students. Entrepreneurship and Sustainability 

Issues, 9(1), 447. 

Mei, Y. C., & Aun, N. B. (2019). Factors influencing consumers' perceived usefulness of 

M-Wallet in Klang valley, Malaysia. Review of Integrative Business and 

Economics Research, 8, 1-23. 

Mew, J., & Millan, E. (2021). Mobile wallets: key drivers and deterrents of consumers’ 

intention to adopt. The International Review of Retail, Distribution and Consumer 

Research, 31(2), 182-210. 

Micheni, E. M., Lule, I., & Muketha, G. M. (2013). Transaction costs and facilitating 

conditions as indicators of the adoption of mobile money services in Kenya. 

Miles, J. (2005). R‐squared, adjusted R‐squared. Encyclopedia of statistics in behavioral 

science. 

Mohamed, N. R. W., Sharif, D., & Muhayiddin, M. N. (2021, July). Literature review on 

technology acceptance model: The enhanced variables of Venkatesh’s UTAUT 

model on students’ acceptance of use on online distance learning. In AIP 

conference proceedings (Vol. 2347, No. 1, p. 020172). AIP Publishing LLC. 

Morales-Oñate, V., & Morales Oñate, B. (2023). MTest: a bootstrap test for 

multicollinearity. Revista Politécnica, 51(2), 53-62. 

Morey, R. D., Hoekstra, R., Rouder, J. N., Lee, M. D., & Wagenmakers, E. J. (2016). The 

fallacy of placing confidence in confidence intervals. Psychonomic bulletin & 

review, 23(1), 103-123. 

Mumtaza, Q. M. H., Nabillah, S. I., Amaliya, S., Rosabella, Y., & Hammad, J. A. (2020). 

Worldwide mobile wallet: a futuristic cashless system. Bulletin of Social 

Informatics Theory and Application, 4(2), 70-75. 



110 
 

Mustapha, M., Idris, K. I., Michael, O. O., & Abubakar, M. A. THE INTERNATIONAL 

JOURNAL OF SCIENCE & TECHNOLEDGE. 

Muzaldin, N., Abdul Rahman, S., Sarifudin, S. A., & Zaini, M. K. (2022). A study on 

behavioural intention to use mobile wallet with special reference to citizens in Shah 

Alam, Selangor, Malaysia. Journal of Mobile Technologies Knowledge and 

Society, 2022, 1-16. 

Nanda, A. (2019). Consumers' Intention to use Mobile Wallets. AIMS International 

Journal of Management, 13(2). 

Nguyen, O. T., & Nguyen, H. T. (2022). Impacts of promotional benefit on actual use 

behavior of mobile wallet: Evidence from Vietnam. International Journal of 

eBusiness and eGovernment Studies, 14(3), 530-559. 

Nunes, A., Limpo, T., & Castro, S. L. (2019). Acceptance of mobile health applications: 

examining key determinants and moderators. Frontiers in psychology, 10, 2791. 

Or, C., & Chapman, E. (2021). An extended Unified Theory of Acceptance and Use of 

Technology Model for education contexts. Journal of Applied Learning and 

Teaching, 4(2), 98-109. 

Or, C., & Chapman, E. (2021). An extended Unified Theory of Acceptance and Use of 

Technology Model for education contexts. Journal of Applied Learning and 

Teaching, 4(2), 98-109. 

Oye, N. D., Iahad, A. N., & Rahim, N. A. (2012). Acceptance and usage of ICT by 

university academicians using UTAUT Model: A case study of University of Port 

Harcourt, Nigeria. Journal of Emerging Trends in Computing and Information 

Sciences, 3(1), 81-89. 

Panganiban, K. M. M., Hiponia, J. A. P., Simon, X. L., Pacaul, P. C. M., & Refozar, R. F. 

G. (2022). Business Students’ Utilization of Mobile Money Applications. Asia 

Pacific Journal of Academic Research in Business Administration, 8(1), 2467-

5148. 

Paul, R. K. (2006). Multicollinearity: Causes, effects and remedies. IASRI, new 

Delhi, 1(1), 58-65. 



111 
 

Perri, C., Giglio, C., & Corvello, V. (2020). Smart users for smart technologies: 

Investigating the intention to adopt smart energy consumption 

behaviors. Technological Forecasting and Social Change, 155, 119991. 

Petersen, F., Luckan, Z., & Pather, S. (2020, March). Impact of demographics on patients' 

acceptance of ICT for diabetes self-management: applying the UTAUT model in 

low socio-economic areas. In 2020 Conference on Information Communications 

Technology and Society (ICTAS) (pp. 1-6). IEEE. 

Plender, J. L., Matias, J. B., & Timosan, J. Q. (2020). Adoption factors on online money 

transfer services in a developing country: A view on extended unified theory of 

acceptance and use of technology. International Journal of Advanced Trends in 

Computer Science and Engineering, 9(1.1), 129-137. 

 

Pragha, P., Dhalmahapatra, K., Sambasivan, M., Rathore, P., & Saha, E. (2024). 

Understanding students’ switching intentions from cash payment to mobile 

payment in education sector. Journal of Applied Research in Higher 

Education, 17(3), 868-879. 

Presley, A., Damron-Martinez, D., & Zhang, L. (2010). A study of business student 

choice to study abroad: A test of the theory of planned behavior. Journal of 

Teaching in International Business, 21(4), 227-247. 

Rachmawati, I. K., Bukhori, M., Majidah, Y., & Hidayatullah, S. (2020). Analysis of use 

of mobile banking with acceptance and use of technology (UTAUT). International 

Journal of Scientific and Technology Research, 9(8), 534-540. 

Rahman, M. M., Lesch, M. F., Horrey, W. J., & Strawderman, L. (2017). Assessing the 

utility of TAM, TPB, and UTAUT for advanced driver assistance 

systems. Accident Analysis & Prevention, 108, 361-373. 

Rasyidatushshalihah, S., & Hidayati, A. (2021, December). Adoption Model of Mobile 

Payment Use in Non-Metro Area. In International Conference on Emerging 

Challenges: Business Transformation and Circular Economy (ICECH 2021) (pp. 

331-339). Atlantis Press. 



112 
 

Risnawati, H. (2023). The influence of brand image, service quality, and price on customer 

satisfaction and its implications on customer loyalty at PT Strait Liner Express in 

Jakarta. CAKRAWALA , 30 (1), 100-117. 

Rohman, A. (2022). Implementation of the Utaut Model in the Banking Industry in 

Indonesia. Indonesian Branding Study , 4 (1), 60-69. 

Rönkkö, M., & Cho, E. (2022). An updated guideline for assessing discriminant 

validity. Organizational research methods, 25(1), 6-14. 

Ryerson, C. M. (1978). Reliability testing and screening: a general review 

paper. Microelectronics Reliability, 17(3), 367-377. 

Saibil, D. I., Khoirunnisa, A. N., & Yusfiarto, R. (2023). From cash to cashless: 

Understanding users’ switching intentions from cash to mobile payment 

applications. Vision, 09722629231197336. 

Salac, R. A., & Kim, Y. S. (2016). A study on the internet connectivity in the 

Philippines. Asia Pacific Journal of Business Review, 1(1), 67-88. 

Salim, B. (2012). An application of UTAUT model for acceptance of social media in Egypt: 

A statistical study. International Journal of Information Science, 2(6), 92-105. 

Salimon, M. G., Goronduste, H. A., & Abdullah, H. (2018). User adoption of Smart Homes 

Technology in Malaysia: Integration TAM 3, TPB, UTAUT 2 and extension of 

their constructs for a better prediction. IOSR Journal of Business and 

Management, 20(4), 60-69. 

Salmerón, R., García, C. B., & García, J. (2018). Variance inflation factor and condition 

number in multiple linear regression. Journal of statistical computation and 

simulation, 88(12), 2365-2384. 

Sanchez, D. P., Quitan, J. K. M., Rodriguez, T. P., Bhern, C., Saveret, H. D., & Agustin, 

N. B. (2024). Micro Entrepreneurs Borrowers’ Satisfaction with Digital Payments 

in LOLC Finance Philippines, Inc. 

Santos, R., Reyes, L., & Flores, M. (2019). Consumer behavior toward digital payments in 

the Philippines. International Journal of Technology and Systems, 9(4), 1–11.  

Santoso, B. S., & Siregar, S. L. (2020). Factors affecting use behavior to use transportation 

services applications using Unified Theory of Acceptance and Use of Technology 

(UTAUT) 2 model. Jurnal Ilmiah Informatika Komputer, 23(2), 80-94. 



113 
 

Sarstedt, M., Hopkins, L., & Kuppelwieser, V. G. (2014). Partial least squares structural 

equation modeling (PLS-SEM): An emerging tool in business research. European 

business review, 26(2), 106-121. 

 

Sarstedt, M., Ringle, C. M., & Hair, J. F. (2014). PLS-SEM: Looking back and moving 

forward. Long range planning, 47(3), 132-137. 

Sarstedt, M., Hopkins, L., & Kuppelwieser, V. G. (2014). Partial least squares structural 

equation modeling (PLS-SEM): An emerging tool in business research. European 

business review, 26(2), 106-121. 

Schweizer, K. (2014). On the ways of investigating the discriminant validity of a scale in 

giving special emphasis to estimation problems when investigating multitrait-

multimethod matrices. Psychological Test and Assessment Modeling, 56(1), 45. 

Seibel, H. D., & Nygreen, G. T. (1972). Pfadanalyse. Ein statistisches Verfahren zur 

Untersuchung linearer Kausalmodelle. Zeitschrift für Sozialpsychologie, 3(1), 5-

12. 

Selya, A. S., Rose, J. S., Dierker, L. C., Hedeker, D., & Mermelstein, R. J. (2012). A 

practical guide to calculating Cohen’sf 2, a measure of local effect size, from 

PROC MIXED. Frontiers in psychology, 3, 111. 

Shachak, A., Kuziemsky, C., & Petersen, C. (2019). Beyond TAM and UTAUT: Future 

directions for HIT implementation research. Journal of biomedical 

informatics, 100, 103315. 

Silva, K. D. (5). Reasons Why Your Business Should Use Mobile Payments. 

Shenoy, V., Aithal, P. S., & Raj, K. (2021). Exploring Convergent Validity for Select 

Employability Skill Constructs. Available at SSRN 4079676. 

Shaw, N., & Eschenbrenner, B. (2025). The mediation role of convenience in mobile wallet 

adoption. International Journal of Human–Computer Interaction, 41(4), 2076-

2088. 

Shaw, N. (2015, July). The mediating role of perceived security: An empirical study of 

mobile wallet adoption in USA. In International Conference on HCI in 

Business (pp. 358-369). Cham: Springer International Publishing. 



114 
 

 

Shin, D. H. (2009). Towards an understanding of the consumer acceptance of mobile 

wallet. Computers in human behavior, 25(6), 1343-1354. 

Sudman, S. (1966). Probability sampling with quotas. Journal of the American Statistical 

Association, 61(315), 749-771. 

Stine, R. A. (1995). Graphical interpretation of variance inflation factors. The American 

Statistician, 49(1), 53-56. 

SYKES. (2020, November 9). Mobile Wallet Adoption Gaining Steam with Gen Z But Has 

Miles to Go. Retrieved from SYKES: 

https://www.sykes.com/resources/blog/digital-wallets-mobile-payment genz-

survey/ 

Tabuga, A. D., & Cabaero, C. C. (2021). Filipinos' access and exposure to ICT: A general 

overview based on the National ICT Household Survey. 

Taiwo, A. A., & Downe, A. G. (2013). The theory of user acceptance and use of technology 

(UTAUT): A meta-analytic review of empirical findings. Journal of Theoretical & 

Applied Information Technology, 49(1). 

Tang, C. Y., Lai, C. C., Law, C. W., Liew, M. C., & Phua, V. V. (2014). Examining key 

determinants of mobile wallet adoption intention in Malaysia: an empirical study 

using the unified theory of acceptance and use of technology 2 

model. International Journal of Modelling in Operations Management, 4(3-4), 

248-265. 

Teo, T. (2019). Students and teachers' intention to use technology: Assessing their 

measurement equivalence and structural invariance. Journal of Educational 

Computing Research, 57(1), 201-225. 

To, A. T., & Trinh, T. H. M. (2021). Understanding behavioral intention to use mobile 

wallets in vietnam: Extending the tam model with trust and enjoyment. Cogent 

Business & Management, 8(1), 1891661. 

Tongco, Maria Dolores C. "Purposive sampling as a tool for informant selection." (2007). 

Trewin, S., Swart, C., Koved, L., & Singh, K. (2016, May). Perceptions of risk in mobile 

transaction. In 2016 IEEE Security and Privacy Workshops (SPW) (pp. 214-223). 

IEEE. 



115 
 

Tripathi, S. N., Srivastava, S., & Vishnani, S. (2022). Mobile wallets: Achieving intention 

to recommend by brick and mortar retailers. Journal of Marketing Theory and 

Practice, 30(2), 240-256. 

Tsai, L. L. (2021). Evaluating the Effects of Facilitating Conditions and Usage Experience 

on Mobile Payment. International Journal of Information Systems in the Service 

Sector (IJISSS), 13(4), 88-106. 

Vakataki‘Ofa, S. (2022). Estimating the effects of internet exchange points on fixed-

broadband speed and latency. Asia-Pacific Sustainable Development 

Journal, 28(2), 39-68. 

Varadharajan, V. (2012, April). Security and trust in the Web. In Asia-Pacific Web 

Conference (pp. 20-21). Berlin, Heidelberg: Springer Berlin Heidelberg. 

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of 

information technology: Toward a unified view. MIS quarterly, 425-478. 

Venkatesh, V., & Zhang, X. (2010). Unified theory of acceptance and use of technology: 

US vs. China. Journal of global information technology management, 13(1), 5-27. 

Venkatesh, V., Thong, J. Y., & Xu, X. (2012). Consumer acceptance and use of information 

technology: extending the unified theory of acceptance and use of technology. MIS 

quarterly, 157-178. 

Venkatesh, V., Thong, J. Y., & Xu, X. (2016). Unified theory of acceptance and use of 

technology: A synthesis and the road ahead. Journal of the association for 

Information Systems, 17(5), 328-376. 

Wamba, S.F., Queiroz, M.M., Blome, C., & Sivarajah, U. (2021). Fostering Financial 

Inclusion in a Developing Country: Predicting User Acceptance of Mobile 

Wallets in Cameroon. J. Glob. Inf. Manag., 29, 195-220. 

Wedlock, B. C., & Trahan, M. P. (2019). Revisiting the unified theory of acceptance and 

the use of technology (UTAUT) model and scale: An empirical evolution of 

educational technology. Research Issues in Contemporary Education, 4(1), 6-20. 

Viladrich, C., Angulo-Brunet, A., & Doval, E. (2017). A journey around alpha and omega 

to estimate internal consistency reliability. Anales de psicología, 33(3), 755-782. 

Weir, C. J. (2005). Language testing and validation. Hampshire: Palgrave McMillan, 10, 

9780230514577. 



116 
 

Wibowo, N. A. P., & Sobari, N. (2023). The influence of behavioral intention, facilitating 

condition, and habit on use behavioral of QRIS: a study on mobile banking 

services. Gema Wiralodra, 14(3), 1243-1258. 

Wichean, A., & Sungsanit, M. (2022). Factors influencing the intentions to adopt 

technology of the broiler farmer in Livestock Region 3, Thailand. Trends in 

Sciences, 19(1), 1707-1707. 

Widyanto, H. A., Kusumawardani, K. A., & Septyawanda, A. (2020). Encouraging 

behavioral intention to use mobile payment: an extension of Utaut2. Jurnal Muara 

Ilmu Ekonomi Dan Bisnis, 4(1), 87-97. 

Winata, S., & Tjokrosaputro, M. (2022, May). The roles of effort expectancy, attitude, and 

service quality in mobile payment users continuance intention. In Tenth 

International Conference on Entrepreneurship and Business Management 2021 

(ICEBM 2021) (pp. 121-126). Atlantis Press. 

Wong, S. M., Leong, C. M., & Puah, C. H. (2020). Mobile internet adoption in Malaysian 

suburbs: The moderating effect of gender. Asian Journal of Business 

Research, 9(3), 90-114. 

Xin, H., Techatassanasoontorn, A. A., & Tan, F. B. (2013). Exploring the influence of 

trust on mobile payment adoption. 

Yuwono, S., & Masdjojo, G. N. (2023). The Use of Management Information System 

Direct Procurement (SIMPEL) in the Procurement of Goods and Services within 

the Ministry of Education, Culture, Research, and Technology. Management 

Analysis Journal, 12(3), 374-384. 

Zakiyyah, AM (2022). Analysis of Mobile Payment Acceptance Considering Financial 

Literacy Among Students in Jember. JIAI (Indonesian Accounting Scientific 

Journal) , 7 (2), 157-172. 

Zhang, D. (2017). A coefficient of determination for generalized linear models. The 

American Statistician, 71(4), 310-316. 

Zikmund, W. G., Babin, B. J., Carr, J. C., & Griffin, M. (2010). Business Research Method 

8th ed. 

 



117 
 

APPENDICES 

 

Appendix 1. fPLS-SEM Algorithm Model 

 

Appendix 2. Outer Loadings 

  
Outer 

loadings 

EE1 <- EE 0.950 

EE2 <- EE 0.931 

EE3 <- EE 0.935 

FC1 <- FC 0.602 

FC2 <- FC 0.918 

FC3 <- FC 0.900 

IU1 <- IU 0.958 

IU2 <- IU 0.960 

PE1 <- PE 0.943 

PE2 <- PE 0.936 

PE3 <- PE 0.899 

SI1 <- SI 0.891 

SI2 <- SI 0.871 

SI3 <- SI 0.870 
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UB1 <- UB 0.939 

UB2 <- UB 0.933 

 

Appendix 3. Construct Reliability and Validity 

 

Appendix 4. Fornell-Larcker Criterion 

  EE FC IU PE SI UB 

EE 0.939           

FC 0.756 0.819         

IU 0.849 0.741 0.959       

PE 0.878 0.752 0.829 0.926     

SI 0.793 0.699 0.750 0.741 0.877   

UB 0.762 0.710 0.845 0.754 0.746 0.936 

 

Appendix 5. HTMT 

  EE FC IU PE SI UB 

EE             

FC 0.918           

IU 0.920 0.907         

PE 0.949 0.912 0.904       

SI 0.884 0.881 0.843 0.835     

UB 0.849 0.896 0.953 0.850 0.868   

 

  

AVE 
Cronbach's 

alpha 

Composite 

reliability 

(rho_a) 

Composite 

reliability 

(rho_c) 

Average 

variance 

extracted (AVE) 

EE 0.932 0.934 0.957 0.881 

FC 0.736 0.774 0.856 0.671 

IU 0.913 0.914 0.958 0.920 

PE 0.917 0.922 0.948 0.858 

SI 0.851 0.860 0.909 0.770 

UB 0.858 0.860 0.934 0.876 
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Appendix 6. Cross Loadings 

 

Appendix 7.VIF Results 

  VIF 

EE -> IU 5,627 

FC -> IU 2,662 

IU -> UB 1,000 

PE -> IU 4,774 

SI -> IU 2,899 

 

Appendix 8.Path Coefficient Results 

  

Original 

sample 

(O) 

Sample 

mean 

(M) 

Standard 

deviation 

(STDEV) 

T statistics 

(|O/STDEV|) 

P 

values 

EE -> IU 0.389 0.381 0.098 3,958 0.000 

FC -> IU 0.140 0.143 0.070 1,994 0.046 

IU -> UB 0.845 0.843 0.028 30,398 0.000 

PE -> IU 0.282 0.283 0.099 2,856 0.004 

SI -> IU 0.135 0.139 0.061 2,222 0.026 

 

 

  EE FC IU PE SI UB 

EE1 0.950 0.694 0.799 0.799 0.752 0.738 

EE2 0.931 0.708 0.766 0.842 0.745 0.672 

EE3 0.935 0.726 0.824 0.831 0.737 0.733 

FC1 0.525 0.602 0.496 0.436 0.517 0.470 

FC2 0.663 0.918 0.651 0.691 0.593 0.623 

FC3 0.658 0.900 0.657 0.689 0.604 0.635 

IU1 0.823 0.729 0.958 0.801 0.719 0.771 

IU2 0.807 0.692 0.960 0.789 0.720 0.848 

PE1 0.812 0.691 0.802 0.943 0.663 0.708 

PE2 0.852 0.691 0.791 0.936 0.695 0.700 

PE3 0.772 0.712 0.705 0.899 0.706 0.689 

SI1 0.702 0.624 0.620 0.681 0.891 0.639 

SI2 0.624 0.502 0.597 0.570 0.871 0.620 

SI3 0.749 0.693 0.739 0.689 0.870 0.694 

UB1 0.767 0.653 0.809 0.745 0.694 0.939 
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Appendix 9.Coefficient Determination (R2) 

  
R-

square 

R-

square 

adjusted 

IU 0.769 0.763 

UB 0.714 0.712 

 

Appendix 10.Effect Size (f2) 

  
f-

square   
EE -> IU 0.116 

FC -> IU 0.032 

IU -> UB 2,492 

PE -> IU 0.072 

SI -> IU 0.027 

 

Appendix 11. Predictive Relevance Result (Q2) 

  Q²predict RMSE MAE 

IU 0.760 0.498 0.385 

UB 0.643 0.607 0.482 

The model is predictive relevance    
 

Appendix 12. Specific Indirect Effect Result 

  

Specific 

indirect 

effects 

EE -> IU -> UB 0.329 

FC -> IU -> UB 0.118 

PE -> IU -> UB 0.238 

SI -> IU -> UB 0.114 
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  3 -6 m o nt hs  

  6 -1 2 m o nt hs  

  1 -3 y e ar s  

  M or e t h a n 3 y e ars  

 

B. Pl e as e i n di c at e y o u r d e g r e e of a g r e e m e nt o n t h e f oll o wi n g st at e m e nt s b y c h e c ki n g 

t h e b o x es gi v e n r a n gi n g f r o m: F a ct o rs aff e cti n g A c c e pt a n c e a n d t h e Us e of M o bil e 

w all et p a y m e nt.  

Str o n gl y Di s a gr e e = 1, Di s a gr e e = 2, N e utr al = 3, A gr e e = 4, Str o n gl y A gr e e = 5  

P e rf o r m a n c e E x p e ct a n c y ( P E)  

•  M o bil e w all ets ar e e as y a n d f ast t o us e.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  Usi n g M o bil e w all et m a k es t h e h a n dli n g of p a y m e nts e asi er.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  C o n v e ni e nt t o us e a n yti m e, a n y w h er e.  
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  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

Eff o rt E x p e ct a n c y ( E E)  

•  It i s e as y f or m e t o u n d er st a n d t h e o p er ati o n of m o bil e w all et s yst e ms.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  T h e i nstr u cti o ns a n d pr ot e cti o n ar e e as y t o f oll o w.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  I k n o w t h e st e ps o n h o w t o r e c ei v e a n d s e n d m o n e y usi n g m o bil e w all et s. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

S o ci al I nfl u e n c e ( SI)  

•  M y c oll e a g u es e n c o ur a g e m e t o us e m o bil e w all et p a y m e nt s.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  M y s u p er vi s or s u p p ort s m e t o us e m o bil e w all et p a y m e nt s.  
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Str o n gl y Di s a gr e e ( 1)  

Di s a gr e e ( 2)  

N e utr al ( 3)  

A gr e e ( 4)  

Str o n gl y A gr e e ( 5)  

•  I b eli e v e t h at m ost p e o pl e w h o ar e i m p ort a nt t o m e t hi n k I s h o ul d us e m o bil e 

w all et p a y m e nts.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

F a cilit ati n g c o n diti o ns ( F C)  

•  I h a v e e x p eri e n c e l a g gi n g o n usi n g m o bil e w all et a p pli c ati o ns. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  I c a n e asil y a c c ess m y m o bil e a p pli c ati o ns e v e n t h o u g h I a m o nl y usi n g m y 

c ell ul ar d at a c o n n e cti o n.  

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  I c a n us e m y m o bil e w all et a n y w h er e wit h m y c ell ul ar d at a c o n n e cti o n. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  
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  Str o n gl y A gr e e ( 5)  

  A gr e e ( 4)  

I nt e nti o n t o Us e ( I U)  

•  I i nt e n d t o us e a m o bil e w all et f or m y f ut ur e tr a ns a cti o ns. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  I a m willi n g t o a d o pt m o bil e w all et p a y m e nt as m y pri m ar y m et h o d of p a y m e nt. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

Us e B e h a vi o r ( U B)  

•  I oft e n us e m o bil e w all et p a y m e nt f or tr a ns a cti o ns. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  

•  I r e g ul arl y us e a m o bil e as m y m et h o d of p a y m e nt f or p ur c h as es. 

  Str o n gl y Di s a gr e e ( 1)  

  Di s a gr e e ( 2)  

  N e utr al ( 3)  

  A gr e e ( 4)  

  Str o n gl y A gr e e ( 5)  
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Appendix 14. Survey Instrument 
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